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FOREWORD

BY BREWSTER KAHLE

Every major digital transition begins not with technology, but with imagination. Before systems are built, they are pictured, described, and debated through metaphors. Libraries, frontiers, highways, cyberspace. These images shape what we believe technology is for, who it should serve, and what kind of future it makes possible.

In the 1990s, the United States experienced a surge of experimentation that would shape the digital world for decades to come. Search engines emerged. User-contributed platforms like GeoCities brought millions of people online for the first time. A new public digital space was being built, imperfect, chaotic, but open.

Much of the rest of the world, Europe, Canada, Japan, and others, took a different path. Not because of a lack of talent, funding, or imagination, but because policy choices shaped what could be built, and by whom. Regulatory uncertainty, litigation risk, and deference to incumbent interests made large-scale experimentation harder. Entrepreneurs hesitated. Investors looked elsewhere. Over time, entire categories of public-facing digital infrastructure simply did not emerge.

Policy matters, not because it predicts innovation, but because it creates the conditions under which innovation can happen.

Today, generative AI offers another inflection point. For the first time in years, the dominance of search and information intermediaries is no longer inevitable. New tools make it possible to imagine systems that are more plural, more local, more publicly oriented, and better aligned with education, research, and cultural access.

Some jurisdictions are beginning to act with that future in mind. Japan, for example, has chosen a clear and pragmatic approach, allowing AI systems to learn from copyrighted works while holding outputs to account. In other words, enable learning, evaluate results. This creates space for innovation while preserving accountability, a balance that invites builders to build.

Europe stands at a similar crossroads. It has world-class researchers, strong public institutions, and a deep commitment to cultural heritage and education. It also has a unique opportunity to design AI policy that supports openness, competition, and democratic access to knowledge. Narrow exemptions and hesitant signals, however well-intentioned, are not enough to unlock that potential, especially when institutions tasked with preserving culture remain unsure whether they are truly allowed to use the tools now available to them.

History offers lessons here. Canada once developed OpenText, an early and promising search technology. Rather than scaling it into a public-facing infrastructure, it retreated into safer, narrower applications, and the opportunity passed. Europe can choose differently this time.

The question is not whether generative AI should exist, but what kind of information ecosystem we want it to support. One shaped primarily by incumbency and caution. Or one that empowers libraries, schools, museums, researchers, startups, and citizens to participate fully in the digital transition.

No one knows these battles better than Caroline De Cock, who has spent decades pursuing an open web in Brussels, the European Union's centralized location for these regulations. The public interests embodied in our schools, libraries, and museums exist to expand access to knowledge and to help societies learn, especially in moments of technological change. With thoughtful, confident policy design, those institutions can help ensure that AI strengthens, rather than narrows, our shared intellectual commons.

Europe has an opportunity not just to regulate generative AI, but to imagine what it could become, a tool for learning, creativity, resilience, and democratic participation. The choices made now will shape its cultural, economic, and security landscape for years to come.

Policy matters.
Brewster Kahle
Founder of the Internet Archive
Internet Hall of Fame Inductee
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INTRODUCTION

WORDS MATTER. WORDS CREATE WORLDS.1

We don’t encounter technology as a blank space. We meet it with a mind already crowded with metaphors, analogies, and inherited narratives that shape what we see before we know we’re seeing it. As cognitive linguist George Lakoff argues,2 these aren’t just colorful linguistic flourishes, they are the very architecture of our reasoning. Reason, he explains, is 98% unconscious, governed not just by logic—if at all—but also by neural circuits called “frames”. And words are the keys that unlock these frames. A single term can summon an entire worldview, complete with its own logic, emotions, and moral assumptions, all before our conscious mind has a chance to object. This book is about those keys, the frames they unlock, and how our laws are being written by stories we don’t even realize we’re telling: the story of us.

But before examining the narratives shaping our understanding of technology, we need to grapple with a basic linguistic question: what do we mean when we say “Artificial Intelligence?” The term “AI” is routinely used to describe a dizzying variety of technologies (generative models, statistical classifiers, recommender systems, predictive analytics, and more) that share little in common beyond the vague promise of computational cleverness. It’s basically a branding label masquerading as a technical definition.

In fact, as U.S. journalist Karen Hao documents in Empire of AI, the term itself was a marketing tool from its inception.3 When U.S. cognitive scientist and one of the founders of AI, John McCarthy, convened the seminal Dartmouth Summer Research Project on Artificial Intelligence in 1956, he swapped the less exciting term “automata studies” for “artificial intelligence” precisely because it was more evocative and better at attracting interest and funding.4

Using “AI” as an umbrella term amounts to calling everything with buttons a “controller”, whether it’s a TV remote, a pacemaker programmer, or a nuclear launch panel, and then trying to draft legislation on the safety and social impact of said controllers. The media, ever helpful, would leap into the void with headlines like “Controllers: Existential Threat or Next-Gen Convenience?” Talk shows would stage theatrical debates where one guest warns of imminent nuclear annihilation, another enthuses about ad-skipping convenience during The Great British Bake Off, and a third attempts (futilely) to explain that their “controller” just helps manage heart arrhythmias in elderly patients. As a result of these supposedly nuanced and fact-based debates, public understanding would swing wildly between gadget fetishism and apocalyptic dread, depending entirely on which controller a person had in mind.

As the authors of AI Snake Oil, which aims to debunk the AI hype, observe, most of the true “snake oil” is concentrated in the realm of predictive AI: systems that claim to make high-stakes judgments about people’s lives, from loan applications to hiring decisions.5 These tools are often sold on the promise of superhuman foresight, a claim that rarely withstands scrutiny. Generative AI, like the large language models (LLMs)6 that have captured the world’s attention, is different. Its progress is remarkable, but as a product, it is still immature and unreliable, often functioning as what some have aptly called a “bullshitter”—a system designed to produce plausible text rather than necessarily true statements.

We fall into the trap of debating AI as a single entity when we should be having different conversations about distinct tools. However, this is precisely what happens when we bundle ChatGPT with facial recognition, military drones, and supply chain algorithms under a single, mythically loaded two-letter acronym. The ensuing discourse is so broad it often collapses into caricature. Grouping together vastly different applications under one label isn’t just analytically sloppy, it’s politically dangerous. It trivializes genuine risks, demonizes useful tools, and traps policymakers in a tug-of-war between sci-fi panic and PR-driven techno-optimism. Yet that is the AI discourse picked up by media and policy.

Such a terminological mess matters, not just because it creates confusion, but because it actively shapes how we think about the risks, benefits, and governance of these technologies. So before we talk policy, we need to talk about the stories that shape our headlines and our laws. Because AI isn’t just built by developers. What we recognize as AI is being shaped through four powerful myths that inform how we see it, sell it, and surrender power to it. We “story” AI into being. Metaphors become policies, myths become institutionalized, and democratic agency erodes slowly when governance is built on ill-informed fantasy rather than facts. Hence, “AI” is more than the buzzword du jour. How we conceive of AI is important because its rapid evolution is the ultimate stress test for our traditional methods of governance.

AI is the focus of this book because it serves as the perfect contemporary case study, a crucible in which our old, technology-specific regulatory habits are being tested and found wanting. The patterns of hype, fear, and institutional capture we see today echo the histories of the internet, nuclear power, and many other technologically driven or facilitated shifts. By dissecting the myths surrounding AI, we can forge the durable, technology-neutral principles needed to govern whatever comes next.

In Part I: The Genesis, we trace the origins of these myths, from the “Wild West” of the early internet to President Eisenhower’s glowing faith in “Atoms for Peace.” We then examine the policy machine itself—the institutional pipeline of academia, media, and politics that translates these compelling stories into concrete laws.

Part II: The Myths, dissects the four great illusions governing AI. We explore the myth of Magic, which cloaks technology in wonder to deflect accountability; the myth of Madness, which swings between manic gold rushes and paralyzing moral panics; the myth of Heaven, which promises salvation from our human failings; and the myth of Sin, which casts the algorithm as a digital scapegoat when that salvation fails.

Part III: The Cost of Policy Hallucinations, takes stock of the real-world damage. When governance is built on myth, we suffer predictable failures: policy distraction that chases phantoms, governance whiplash from knee-jerk reactions, and the erosion of democratic control as we cede accountability to prophets and bots.

Part IV: A Blueprint for AI Governance, provides the antidote. It unbuilds what doesn’t serve us, moving beyond the graveyard of obsolete, technology-specific laws to set out a practical, technology-neutral blueprint built on three principles: Accountability, Proportionality, and Durability.

Finally, the Epilogue calls for an “Age of Unenchantment,” urging us to reject technological determinism and embrace the patient, necessary work of democratic governance.

Taken together, these explorations show that technology is never just engineered, it’s narrated into being. If we want governance rooted in reason rather than illusion, we must begin by choosing our words as carefully as our tools. Because before we can write better laws, we need to tell better stories.
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PART I

THE GENESIS

Before we can challenge the myths that govern AI, we must understand their origins. Myths don’t emerge from thin air: they are born from language, history, and the human need to make sense of change. This part traces the origins of the narratives that shape our view of technology, from the frontier dreams of the early internet to the atomic faith in progress. To understand today’s AI discourse, we must return to the moment of creation, when metaphor became machinery and stories began to rule our tools.

Discover how the story begins.
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CHAPTER 1

THE NARRATIVE MACHINE

HOW METAPHOR BECOMES AUTHORITY

Using myths to shape technology policy isn’t new; it’s a recurring pattern, especially for transformative technologies. The framing follows a well-worn playbook. By examining the historical precedents set by the internet and nuclear power, we can identify the mechanisms by which metaphors and narratives are used to define a technology’s purpose and establish its regulatory boundaries.

A History of Metaphors in Policy

Internet as Wild West and Information Superhighway

The early policy debates surrounding the internet were dominated by two powerful and often contradictory metaphors, namely the internet as the Wild West and an information superhighway. Conveniently, the two metaphors could coexist in perfect contradiction, offering a narrative that was endlessly adaptable: you could argue for tearing down regulations in one breath and for building digital tollbooths in the next, all without missing a step.

The Wild West was a political metaphor that could ride in any direction you wanted, and it did. For libertarians, tech founders, and assorted digital cowboys, it represented a wide-open frontier promising endless opportunity with no bureaucrats in sight. It offered a system based on spontaneous order whereby communities could set their own rules, stake their digital claims, and make their fortune without a sheriff’s badge flashing into view. They saw themselves as the miners and cattlemen of cyberspace prospecting and building homesteads as they exploited the potential of the internet. This version of what the internet represented was rolled out whenever someone wanted to head off regulation, whether it pertained to content moderation, online marketplaces, or financial oversight.1

But for regulators, the Wild West wasn’t a land of opportunity, it was a saloon brawl on repeat—a lawless frontier demanding the strong hand of a sheriff. Cue calls for surveillance, stricter rules, and more legal power.

That is where the political beauty of the metaphor lay: you could use it to justify doing absolutely nothing… or doing absolutely everything. The framing did not stop there: it is alive and well today. Just look at how cryptocurrency is branded as the Wild West that must be tamed.2 Or if you are into cheesy statements, check out the moment former European Commissioner Thierry Breton introduced the EU’s Digital Services Act in 2022 with all the subtlety of a spaghetti western, starring the new piece of legislation as the “new sheriff in town” and referencing a clip from The Good, the Bad and the Ugly showing gun-toting bounty hunter Clint Eastwood in a cowboy hat in the final confrontation.3

If the Wild West depicted the lawless frontier, the concept of an Information Superhighway promised the opposite: gleaming asphalt, orderly lanes, and well-posted exits. Popularized by the Clinton–Gore administration in the 1990s, it framed the internet as critical national infrastructure—the digital sibling of the Interstate Highway System.4 This was the policy equivalent of swapping cowboy boots for a hard hat.

The highway metaphor put the internet’s economic role front and center. It was all about speed, efficiency, and the movement of “goods,” here meaning packets of information.5 It aligned policy neatly with a commerce-first, marketplace model, where regulation was about keeping the traffic flowing, not inspecting what was in the trucks. As one contemporary analysis noted, the emphasis was on “speed and quantity of goods… transmitted, not the quality or content.”6 That framing opened the door to massive public and private investment, but it also nudged priorities toward commercial applications, quietly shunting community-building, education, and non-profit uses into the slow lane.7

It was a metaphor that also smuggled in some baggage. Highways are linear, centralized, and predictable. The internet, decentralized, messy, and allergic to straight lines, was never going to fit neatly into such a traffic plan. Yet the metaphor conveniently obscured those differences, forcing the network into a familiar regulatory box designed for dedicated point-to-point transportation and traditional telecommunications systems.8 Still, the image was reassuring, familiar, and—like all good political metaphors—it told people exactly what they wanted to hear while leaving plenty unsaid.

The history of internet policy shows that the most influential metaphors are rarely the most technically precise, but rather those that best serve political and economic interests. The Wild West and Information Superhighway may seem to have pulled in opposite directions, but both pushed the network along the same path: away from the non-commercial, community-minded hacker ethic of its early years and toward a system dominated by private enterprise and commercial priorities. They provided the language and framing necessary to transform a publicly funded experiment into a marketplace.

More than a historical curiosity, it is a blueprint for understanding today’s debate over AI. The words we choose do more than describe new technologies; they set the boundaries of acceptable policy and embed particular economic and political ideologies into their foundations from the outset.

Atoms for Peace vs. Nuclear Devastation

The introduction of nuclear technology to the world was accompanied by a narrative duality of unprecedented extremity that seems familiar when compared to AI narratives: it was presented simultaneously as the ultimate tool of salvation because of its potential to supply near-limitless energy and as the ultimate weapon of annihilation because of its capacity for destruction. This profound tension between a utopian myth of boundless energy and a dystopian myth of total destruction shaped decades of energy, military, and international policy. The nuclear case is perhaps the starkest historical example of how policy can become completely captured by powerful, mythological narratives, often leading to outcomes divorced from technical or economic reality.

The utopian vision was masterfully crafted and deployed by President Dwight D. Eisenhower’s Atoms for Peace program, announced in his speech to the United Nations in 1953.9 This initiative was a well-thought-out act of “narrative engineering”, the deliberate crafting of stories that make technological developments sound inevitable, revolutionary, and beneficial, while diverting attention from any possible downsides.10 In this case, the objective was to reframe the terrifying power of the atom, until then associated only with the bombs dropped on Hiroshima and Nagasaki, as a source of immense good for humanity. The program’s central promise was of a future powered by clean, abundant nuclear energy that would be “too cheap to meter.”11 The slogan never became reality, but it captured imaginations worldwide. The narrative of “Atoms for Peace” positioned nuclear technology as a tool to alleviate global hunger and poverty, promote economic development, and ultimately ensure peace through shared prosperity. This utopian framing served a clear policy goal: to build public acceptance for a domestic civilian nuclear industry and to justify the massive government investment and legislative changes required to bring it into being. Sounds familiar? That’s because those who advocate for the benefits of AI follow the same playbook.

The counter-narrative, of course, was the ever-present threat of nuclear war. It was fueled by metaphors of apocalypse, inferno, and devastation, which saturated Cold War social discourse.12 The image of the mushroom cloud became a globally recognized icon of humanity’s capacity for self-destruction. The Bulletin of the Atomic Scientists’ Doomsday Clock, introduced in 1947, served as a powerful and enduring visual metaphor, constantly ticking down the minutes to a nuclear apocalypse and reinforcing a sense of impending doom.13 This narrative of existential risk went beyond cultural background noise; it was the foundational logic of Cold War geopolitical strategy. It justified the creation of vast nuclear arsenals, the doctrine of mutually assured destruction (MAD), and a state of permanent military readiness, while also fueling a powerful anti-nuclear social movement that challenged this logic.14

Despite pulling in opposite directions, these two myths produced a similar political outcome: control over nuclear technology was concentrated in the hands of a small, insulated elite of scientists, military leaders, and senior policymakers. This dynamic, where complexity and high stakes justify sidelining public input, offers a stark warning for today’s AI debates. The atom was portrayed as too complex, too powerful, and too dangerous for democratic governance. Whether deployed for peace or for war, it was to be managed by a priesthood of nuclear experts holding the keys to both salvation and damnation. The public’s role was reduced to cheering the dream or fearing the nightmare, but never sharing in decision-making.

The nuclear case study serves as a crucial cautionary tale for AI policymaking. It demonstrates how a technology’s governing narrative can become detached from its material reality. The promise of energy “too cheap to meter” was a fantasy that never materialized; in reality, the nuclear industry has been plagued by exorbitant costs, complex regulatory hurdles, and the unsolved problem of waste disposal. Yet, the sheer power of that utopian myth was sufficient to drive policy and investment for decades. This reveals a critical lesson: policy often responds not to a technology’s demonstrated performance, but to the power of its promise. The current hype-driven cycle of investment and policy-making in AI, fueled by similarly grand promises of solving all of humanity’s problems, follows this exact historical pattern. The extreme duality of the AI discourse as both world-savior and world-destroyer risks replicating the nuclear outcome of a policy landscape divorced from reality and a concentration of power in the hands of a narrow technocratic elite.

Storying AI Into Being

When OpenAI released ChatGPT in November 2022, something remarkable happened that had nothing to do with the technology itself. Within hours of the system’s debut, journalists, policymakers, and ordinary users began describing their interactions in strikingly similar terms. They spoke of “conversations” with an artificial “mind,” marveled at its apparent “creativity,” and worried about its capacity for “deception.” Some claimed it demonstrated “understanding,” while others insisted it was frequently “hallucinating.”15

None of this was technically accurate. ChatGPT and other general-purpose AI models do not think, understand, or converse. They process text and images using statistical pattern matching, optimizing probability distributions across vast datasets to predict the most likely next word or pixel in a sequence.16 In essence, the system is a masterful autocomplete, a sophisticated parrot with a PhD in probability, but a parrot nonetheless.17 Yet the language people chose to describe this process revealed something profound about how human societies encounter new technologies: they do not simply observe and analyze them. They story them into existence.

The tales we tell about AI are not innocent descriptions of technological capability. They actively shape how this technology develops, how institutions respond to it, and ultimately, how it transforms society. When we refer to AI systems as “intelligent,” we don’t merely describe their functionality; we invoke expectations, fears, and regulatory frameworks associated with intelligence itself.18 When we speak about machine “learning” and “training,” we import assumptions about teaching, development, and the relationship between teacher and student that may have little relevance to underlying processes such as gradient descent optimization or model fine-tuning.19

Contemporary AI discourse is often rooted in mythological frameworks that systematically distort what these systems are and what they might become. These myths influence public opinion and form the conceptual foundation on which policies are written, investments are made, and governance structures are built.20 Understanding them can be seen as an academic exercise. But it’s also an urgent practical necessity for anyone who hopes to navigate the age of algorithmic power wisely, and it is definitely a vital necessity for policymakers preparing for the societal and technological changes ahead.

The Unusual Case of AI

AI presents an unusual case. Most technological metaphors emerge after a technology’s social impact becomes apparent, serving primarily explanatory functions. We called early automobiles “horseless carriages” because they resembled familiar transportation while clearly differing from it. We described the internet as an Information Superhighway to help people understand its connective potential within existing infrastructure and commerce frameworks.21

AI metaphors work differently. Many of our dominant framings predate the technology they purport to describe, emerging from science fiction, mythology, and philosophical speculation about machine consciousness.22 We inherited concepts such as artificial intelligence, machine learning, and neural networks from researchers and storytellers who originally imagined rather than observed technological capabilities.23 This reversal creates a peculiar dynamic in which reality must measure itself against fiction, and where technical achievements are consistently interpreted through lenses crafted for entirely different purposes. It’s like predicting the future based on expertise gathered by watching Futurama.24 We are trying to navigate the streets of a new city using a map drawn by ancient cartographers who only dreamed of its existence.

The foundational terminology has profound implications at multiple levels. The term “artificial intelligence” immediately evokes comparisons with human cognition, suggesting that machines might think, reason, or understand in ways analogous to biological minds. This framing shapes everything from research priorities (how do we make machines more like humans?) to regulatory concerns (what happens when artificial minds surpass human capabilities?). Yet, current AI systems operate through mechanisms that bear little resemblance to human cognitive processes, making the intelligence metaphor more misleading than illuminating.25 Some critics, including acclaimed science fiction author Ted Chiang, have been arguing that “artificial intelligence” was a “poor choice of words” back in the 1950s. He suggests “applied statistics” would be a more precise, albeit less glamorous, descriptor, which could have helped avert much of the confusion we face today.26

The language of machine learning carries similar baggage, importing assumptions about education, development, and knowledge acquisition that may obscure rather than clarify how these systems function.27 When we describe algorithmic training, we evoke images of careful instruction, gradual improvement, and purposeful skill development. In practice, training an AI model involves mathematical optimization procedures that adjust millions or billions of parameters to minimize prediction errors—a process with no intention, comprehension, or curiosity. The metaphor lends a false sense of intentionality and accessibility to what, in reality, is an opaque and often counterintuitive statistical process.

Crucially, these metaphors actively steer its development.28 When researchers pursue “artificial general intelligence,” they are not merely trying to improve computational capabilities, they are attempting to fulfill a specific metaphorical vision of what AI should become. The metaphor does not describe the destination, it creates it.

The Four Myths Governing AI Discourse

A close reading of how AI is described across academic papers, policy briefs, news coverage, and pop culture reveals four dominant mythological frameworks at work.29 These are not just different takes on the same technology, they are entirely different ways of defining what AI is, what it does, and why it matters. They also indicate that selecting a metaphor is an inherently political act, prioritizing certain understandings and potential policy responses while marginalizing others, often without conscious intent.

The four myths are:

Myth #1—Magic

The mythology of wonder and inexplicability. In this framework, AI is presented as possessing near-human or even supernatural capabilities that defy ordinary technological explanations.30 This narrative works by anthropomorphizing AI systems, encouraging us to see them as thinking entities capable of understanding rather than complex statistical tools. Think of headlines marveling at chatbots understanding users. This sense of enchantment is deliberately cultivated, and the trick works because it hides the scaffolding, namely, the data pipelines, the engineering grind, the thousands of human hands labeling training sets for pennies. Such mystification is politically convenient: for the tech industry, it helps deflect calls for transparency by framing AI as too complex; for politicians, it creates a powerful but poorly defined force they can promise to either champion or rein in, depending on the day.

Myth #2—Madness

The mythology of chaos and uncontrollability. In this frame, AI is cast as an unpredictable force whose inner workings are beyond human comprehension, turning opacity from a fixable engineering flaw into an inherent, almost mystical property of the technology.31 It fuels both the AI arms race rhetoric and sudden calls for moratoriums. This serves two purposes: companies can shrug off failures as the inevitable quirks of an inscrutable machine, and policymakers can ride the panic or hype to justify almost anything—from bans that attempt to allay speculative fears to a raft of deregulation and subsidies handed out to avoid falling behind. In this frame, unpredictability is not a warning, it is the justification for charging ahead.

Myth #3—Heaven

The mythology of salvation and transcendence. This framework positions AI as humanity’s pathway to solving existential challenges that have defined the human condition throughout history.32 Disease, poverty, environmental degradation, and mortality itself become technical problems awaiting algorithmic solutions. This underlies promises that AI will cure diseases or solve climate change. This is politicians’ favorite myth, because it promises decisive action without messy compromise. For industry, it’s a moral mission statement and a business plan rolled into one. It produces a rationale for investment on a scale usually reserved for wartime, coupled with pleas for regulation so light that it barely touches the ground.

Myth #4—Sin

The mythology of corruption and damnation. In this framework, AI is cast as a digital scapegoat, the ultimate villain: biased,33 manipulative, job-killing, and culture-draining. This fuels narratives blaming automation for unemployment or algorithms for societal division. It treats technology as the primary source of complex social ills, allowing society to blame bots for deep-seated human problems. It gives politicians a way to propose simple technological restrictions rather than confronting difficult structural reforms or reevaluating outdated legal constructs. It also lets tech companies deflect systemic criticism by focusing the debate on narrow issues of algorithmic bias, which can be framed as technical bugs to be fixed rather than fundamental flaws in their business models. The sin mythology treats technological development not as progress but as moral decline, where each algorithmic advance takes humanity further from authentic existence.

What makes these mythologies particularly powerful is their ability to be selectively combined, offering a convenient narrative for any occasion.34 A single policy document might simultaneously invoke AI’s magical problem-solving capabilities while warning of its sinful potential for bias and manipulation. A technology company can promise the heavenly benefits of its products while, in the same breath, admitting to the madness of systems too complex for human oversight, thereby justifying both its ambition and its opacity. These are not accidental contradictions; they are the core of the strategy. This narrative flexibility allows powerful actors to frame the technology in whatever way best serves their immediate interests—be it securing investment, deflecting accountability, or justifying a particular policy. Instead of weakening the overall story, this ability to mix and match frameworks ensures that the complex, human realities of power, choice, and responsibility are always kept just out of focus, replaced by a simpler, more convenient fiction.

The Seductive Simplicity of Metaphorical Thinking

Why do these metaphorical frameworks prove so compelling, even among supposedly rational policymakers, truth-seeking journalists, and technical experts? The answer lies in what cognitive scientists refer to as the “complexity gap” between human psychological capabilities and the technical limitations of contemporary AI systems.35 These technologies operate through mechanisms that are simultaneously too complex for intuitive understanding and too abstract for direct observation. Machine learning involves mathematical processes across parameter spaces with millions or billions of dimensions, optimizing objectives through procedures that can require weeks of computation across thousands of specialized processors.

When faced with such complexity, human cognition naturally reaches for simplifying frameworks that make abstract processes seem more familiar and manageable.36 Mythological thinking provides exactly this kind of cognitive scaffolding, allowing people to feel that they understand technologies whose actual operation exceeds their analytical capabilities. Magic tells us that incomprehensibility is proof of power. Madness reassures us that unpredictability is simply its nature. Heaven promises that all our problems are solvable if we just build the right machine. Sin warns us that the same machine is already corrupting our world.

These simplifying frameworks become particularly attractive during periods of rapid technological change, when both experts and the general public struggle to anticipate the social implications of emerging capabilities.37 Mythological thinking provides emotional and intellectual comfort by suggesting that unprecedented situations can be understood through familiar categories drawn from human history, literature, and cultural memory.

The problem is that mythological simplifications, while psychologically satisfying, often prove systematically misleading when translated into policy frameworks.38 They invite us to govern AI as though it were a wizard, a trickster, a savior, or a sinner—all categories that bear little resemblance to the reality of complex statistical tools with bounded capabilities and concrete limitations. When these myths harden into policy frameworks, we end up regulating to contain imagined dangers or to accelerate imagined miracles, while the real, measurable risks and opportunities go unaddressed. The result is governance that may feel decisive but is misaligned with the technology itself, tackling the shadows of our own stories rather than the reality of the systems that have been built.

Beyond the Metaphor, the Stakes of Clarity

The myths that dominate AI discourse are not harmless shortcuts, they are structural obstacles to effective governance, democratic participation, and genuinely beneficial technological development.39 When we view AI through the lens of myth rather than evidence, we leave ourselves open to two equal and opposite failures: uncritical enthusiasm that treats every breakthrough as salvation, and paralyzing fear that casts every advance as the opening scene of a disaster movie. Either reaction stalls the steady, often unglamorous institutional work that emerging technologies demand.

The metaphors and archetypes we use to frame AI shape where investment flows, which research agendas flourish, how regulators set their priorities, and whether nations choose to cooperate or compete.40 They shape public opinion about which uses of AI deserve encouragement and which deserve prohibition. Most importantly, they determine whether societies will build the institutional capacity to govern algorithmic systems or drift into a future where decisions are dictated by forces we barely understand and cannot control democratically.

The way forward is not to strip the wonder from technological achievement, nor to dismiss legitimate concerns about algorithmic power. It is to replace seductive fictions with clearer, more grounded frameworks for understanding what AI is, how it works, and what kinds of governance it truly requires.41 Because policy cannot be built on fairy tales, no matter how compelling the plot. Exaggerated statements may sell headlines, boost stock prices, and sway investors, but they rarely produce regulations that work in practice.

To see how these fictions harden into law, we must first inspect the institutional apparatus they fuel, the policy-making process that results in regulation. With a clear understanding of that process, we can dissect each of the four myths and see how they produce governance for worlds that exist only in our imagination. Only then can we see how we might reclaim our democratic agency, closing the gap between the stories we tell and the systems we build.

Figure 1—The Four Dominant Myths of AI

[image: image]


[image: image]

CHAPTER 2

THE POLICY MACHINE

HOW AUTHORITY BECOMES LAW

A myth is harmless until it becomes law. This chapter reveals the institutional “factory floor” that turns abstract narratives into binding regulations. It follows the story as it passes through five critical stages—academia, media, policy, bureaucracy, and the courts —showing how good intentions are filtered, amplified, and distorted by the policy machine.

From Metaphor to Policy

In March 2023, something rare happened in the usually slow-moving world of technology policy. Italy’s data protection authority issued an immediate nationwide ban on ChatGPT, citing privacy violations and risks to minors.1 Within hours, the shockwaves reached other European capitals. Regulators in Germany, France, and Spain announced their own investigations, hinting at restrictions to come.2 Then, just as quickly as it had emerged, the regulatory tide turned. After OpenAI made relatively modest adjustments to its privacy disclosures and age verification processes, Italy lifted its ban within a month, and the broader European restrictions ripple quietly disappeared.3

This rapid cycle of prohibition and reversal revealed something remarkable about how policy machines operate. The speed of both the initial response and its subsequent unwinding had little to do with the technical evaluation of ChatGPT’s capabilities or the careful assessment of the privacy modifications OpenAI implemented. Instead, policymakers were responding to —and then quickly moving past—a story that had temporarily crystallized in their collective imagination about what this technology represented and what it threatened. The entire episode lasted roughly six weeks, yet in that brief window, it demonstrated how quickly regulatory narratives can coalesce into concrete policy action, and how just as readily they can dissipate when the underlying story loses its institutional momentum.

This is the policy machine in motion: the institutional apparatus that takes abstract ideas about technology and turns them into governance frameworks—and can just as readily reverse them. It isn’t a straight pipeline that carries ideas unchanged from origin to law. It is more like a factory floor, where narratives are processed, amplified, and remade, producing outputs that may differ dramatically from both their original inputs and the machine’s prior outputs. Understanding how this machine operates is crucial for anyone who hopes to influence technological governance.

The policy machine operates through five interconnected stages, each with its own institutional logic, incentives, and filters.4 Academic and research institutions confer intellectual legitimacy on particular ways of framing technological challenges. Media organizations translate complex technical discussions into public narratives that mobilize attention and generate clicks. Politicians identify opportunities to advance their agendas by aligning them with the most compelling of these stories. Bureaucratic agencies translate political directives into operational rules and implementation mechanisms. Courts interpret and apply these frameworks to specific disputes and enforcement actions.

What gives the machine its power is feedback and amplification.5 A story that survives one stage gains momentum in the next, each pass making it harder to dislodge. Narratives that fail to catch hold early on tend to vanish. The system rewards stories that are institutionally useful, even if technically shaky, and quietly discards those that are technically accurate but inconvenient.

Academia & Think Tanks: Where the Stories Start

The policy machine often begins its work in universities, think tanks, and research institutions where academics and analysts first attempt to make sense of emerging technological developments.6 This initial stage of intellectual production operates according to its own professional incentives, disciplinary boundaries, and funding pressures, all of which influence how AI is understood and which aspects are highlighted.

Academic research on AI operates within disciplinary boundaries that can fragment its understanding.7 Computer scientists focus on technical capabilities and performance metrics, often treating social implications as secondary considerations. Social scientists study AI’s effects on inequality, labor markets, and democracy, but may lack a deep grasp of the underlying systems. Legal scholars analyze regulatory frameworks and compliance requirements, while economists study market dynamics and innovation incentives. Each discipline contributes valuable insights, but institutional separation makes integrated analysis—the kind that connects technical architecture with social consequences—harder to achieve.

Moreover, these academic perspectives do not emerge in a vacuum. They operate within an intellectual ecosystem increasingly shaped by Silicon Valley’s marketing narratives and funding priorities. Technology companies have dramatically expanded their influence over university research, with nearly 70% of AI PhD holders now recruited directly by industry, compared to just 21% in 2004.8 This “exodus to industry”9 means that the researchers who establish intellectual legitimacy for particular ways of understanding AI are often financially dependent on, or professionally connected to, the companies whose technologies they study. This can lead to what critics have termed “ethics washing,” where academic research tends to emphasize self-regulation and technological solutions rather than government oversight, reflecting the preferences of industry funders.10

The academic publishing system adds another filter. Journals reward novelty, theoretical contribution, and disciplinary coherence, privileging research that fits neatly into existing frameworks over work that challenges them or crosses boundaries.11 This creates systematic bias toward interpreting AI through existing theoretical lenses rather than developing new frameworks that fit its specific characteristics.

Think tanks and policy research organizations translate these academic outputs into something policymakers can use.12 Yet they too operate under funding and reputational incentives. Technology industry–backed think tanks emphasize innovation benefits and competitive advantage. Civil rights–funded organizations foreground bias, discrimination, and harms to marginalized communities. Neither perspective is inherently wrong, but the institutional context shapes which aspects of AI development get analytical spotlight, and which remain in the shadows.

The result of this intellectual manufacturing process is a diverse ecosystem of research and analysis that provides raw material for subsequent policy development. However, the institutional filters operating at this stage mean that certain kinds of insights are more likely to be produced and disseminated than others.13 Technical research that demonstrates impressive capabilities generates more attention than work documenting limitations or failures. Social science research that identifies clear problems and solutions receives more policy uptake than research that emphasizes complexity and uncertainty.

Media & The Attention Economy: How Stories Spread

Once academic and research institutions produce initial frameworks for understanding AI, their ideas must compete for attention in media environments that operate according to a very different logic than scholarly publications.14 News organizations, policy publications, and social media platforms create what economists call an “attention economy” in which the value of information depends more on its capacity to attract and hold audience interest than on its accuracy or analytical sophistication.

This is an environment Silicon Valley knows how to navigate. Major technology firms have perfected the art of narrative engineering. They employ teams of communications professionals, former journalists, and narrative strategists whose primary job is to shape media coverage by providing reporters with ready-made storylines, curated expert sources, and exclusive access to launches or executives.15 This system has created what critics call “churnalism,”16 where reporters repackage corporate messages instead of conducting independent analysis. The result is media coverage that often amplifies industry talking points about AI’s transformative potential while minimizing serious discussion of risks, limitations, or alternative development paths.

Once fed with these narratives, the attention economy naturally privileges certain kinds of stories.17 Dramatic breakthroughs and looming catastrophes outperform accounts of incremental progress or manageable risks. Stories that fit familiar templates—such as revolutionary innovations disrupting established industries or dangerous technologies threatening human values—prove more compelling than analysis that emphasizes novelty and uncertainty. The result is media coverage that amplifies the most extreme and emotionally resonant aspects of AI development while marginalizing more nuanced perspectives. It’s a media diet rich in emotional highs and lows, and thin on sustained, balanced analysis.

Journalism’s own incentives reinforce this bias. Reporters are rewarded for speed, accessibility, and audience engagement, not necessarily for technical rigor.18 Few have the specialized knowledge to critically evaluate complex AI claims, making them reliant on sources who can translate those claims into plain language. This creates opportunities for researchers, companies, and advocates who can translate their perspectives into compelling media narratives, while marginalizing viewpoints that resist simplification or sensationalization.

This dynamic was perfectly captured in a November 2025 Financial Times article titled, “AI pioneers claim human-level general intelligence is already here.”19 A close reading of the article reveals a far more complex and contradictory reality—a nuance the headline fails to reflect. Far from a unified proclamation, the “godparents” of AI were saying very different things. Yann LeCun stated the opposite of the headline: “It is not going to be an event because the capabilities are going to expand progressively”, while Yoshua Bengio actively warned against the headline’s claim, stating, “ for now it’s lacking” and, “You should be really agnostic and not make big claims.” This is the narrative-making machine in action: a series of nuanced, conflicting, and speculative comments is fed into the media, which then flattens them into a single, sensational, and myth-fueling headline. The public consumes the Madness myth, while the nuance remains buried in the text.

Social media platforms introduce additional layers of filtering through algorithmic recommendation systems that optimize for user engagement rather than information quality.20 Content that generates strong emotional responses—awe, outrage, fear—receives more distribution than material that prompts measured consideration. As a result, the most extreme views on AI are consistently overrepresented in public discourse, while moderate or context-heavy perspectives struggle to be heard.

The media’s role in the policy machine is not just to report events; it is to create the shared narratives that make political action possible.21 When journalists frame AI as an arms race between nations,22 they are not only describing a competitive dynamic; they are also generating political pressure for governments to act competitively.

Policy: How Stories Turn into Political Agendas

Political actors don’t simply respond to technological developments; they actively interpret them through frameworks that advance their existing agendas and constituencies.23 This form of “political entrepreneurship” involves identifying opportunities to connect emerging issues with established political coalitions, using technological developments to strengthen arguments for policies that might otherwise lack sufficient support.24 The process operates through strategic framing that emphasizes aspects of technological development most likely to resonate with particular political audiences.25 Legislators concerned about economic competitiveness highlight AI’s potential for driving innovation and job creation, while those focused on social justice emphasize the potential for algorithmic bias and discrimination. National security hawks warn about AI’s military applications and the dangers of trailing adversaries, while privacy advocates focus on surveillance capabilities and concerns about data protection.

Beyond the rhetoric, these framing strategies have material consequences for how political institutions organize their responses to technological change.26 When AI gets framed primarily as a national security issue, it becomes the responsibility of defense and intelligence agencies whose institutional cultures emphasize secrecy, competition, and technological advantage. When it is framed as a civil rights concern, it engages regulatory agencies focused on combating discrimination, promoting transparency, and ensuring public accountability. Different framings activate different institutional capacities and elicit different kinds of policy responses.

Political entrepreneurs also play crucial roles in building coalitions that can provide sustained support for policy initiatives.27 Effective technological governance requires bringing together diverse stakeholders with potentially conflicting interests: technology companies seeking regulatory clarity, civil rights organizations concerned about algorithmic bias, labor unions worried about job displacement, and consumer advocates focused on privacy and safety. The narrative frameworks that political entrepreneurs develop must be flexible enough to accommodate these different concerns while providing a coherent rationale for collective action.

The timing of political entrepreneurship often proves crucial for determining which technological narratives gain policy traction.28 Moments of crisis or high public attention—so-called policy windows29—create opportunities for new issues to be added to decision-makers’ agendas. The revelations of Russian interference in the 2016 U.S. elections created openings for social media regulation that did not previously exist. The COVID-19 pandemic generated support for digital health technologies that might otherwise have faced regulatory barriers. Similarly, high-profile incidents involving AI systems could create opportunities for policy entrepreneurs to advance their preferred governance frameworks.

Bureaucracy: How Agendas Become Rules

Once political attention focuses on technological issues, bureaucratic agencies face the complex task of translating broad policy directives into operational frameworks.30 This translation process operates through institutional capabilities, legal authorities, and professional cultures that can significantly reshape the original political intentions behind policy initiatives.

Different agencies bring different tools and perspectives to technological governance.31 Antitrust enforcement agencies approach AI through competition policy frameworks that emphasize market concentration and consumer welfare. Civil rights enforcement bodies focus on discrimination and equal protection concerns. Privacy regulators examine data collection and processing practices. Financial regulators consider systemic risk and consumer protection. Each institutional perspective captures important aspects of AI’s social implications, but their organizational separation can prevent comprehensive approaches that address interactions between different policy domains.

The bureaucratic translation process also operates through existing legal frameworks that may be poorly suited to novel technological challenges.32 Agencies must interpret laws written before current AI capabilities existed, determining how traditional regulatory approaches apply to algorithmic systems that exhibit unprecedented characteristics. This interpretation process involves significant discretionary judgment that can determine whether regulatory responses prove effective or counterproductive.

Professional cultures within regulatory agencies further shape how political directives get implemented.33 Agencies staffed primarily by lawyers tend to emphasize compliance and enforcement approaches, while those with strong technical expertise may focus more on performance standards and safety testing. Agencies with consumer protection missions approach technological governance differently than those focused on innovation promotion or national security concerns. These cultural differences can produce dramatically different regulatory outcomes even when agencies receive similar policy mandates.

The implementation stage also involves extensive consultation with affected industries, advocacy organizations, and technical experts who provide input on proposed regulations.34 This consultation process can significantly modify initial policy intentions as agencies encounter practical challenges, technical complexities, or political resistance that weren’t apparent during initial policy formulation. The result is often regulatory frameworks that differ substantially from the original political vision that prompted their development.

Courts: How Interpretations Become Written in Stone

The policy machine’s final stage involves courts and tribunals that must interpret and apply regulatory frameworks to specific disputes and enforcement actions.35 This judicial process creates binding precedents that can shape technological governance for decades, often in ways that extend far beyond the particular cases being adjudicated.

Courts approach technological questions through legal reasoning that emphasizes analogy, precedent, and statutory interpretation rather than technical accuracy or policy optimality.36 When judges must determine whether AI-generated content infringes copyright, they don’t conduct independent technical analysis of how algorithmic systems function; they decide which legal analogies provide the best framework for understanding these new phenomena. Are AI systems like human artists, learning from examples, or are they like copying machines, reproducing existing works? The analogy that courts adopt will not only determine the outcome of particular cases but also shape the broader legal framework governing AI development.

The adversarial nature of legal proceedings means that courts often receive highly polarized presentations of technological issues, with each side emphasizing evidence that supports their preferred outcome while downplaying complexity and uncertainty.37 This can produce judicial decisions that reflect the persuasive power of competing narratives rather than a comprehensive understanding of technological realities.

Legal precedents become embedded in institutional frameworks that can prove extremely difficult to change even when technological circumstances evolve significantly.38 The legal frameworks we create for AI governance today will similarly constrain future policy options in ways that are difficult to anticipate.

International coordination faces particular challenges when different legal systems operate with different conceptual frameworks for understanding technological challenges.39 U.S. courts emphasize constitutional protections for speech and innovation, while EU courts tend to prioritize fundamental rights and human dignity. Such differences reflect not only varying legal traditions but also different ways of understanding what technology is and what values should guide its governance.

Why Good Intentions Fail

The policy machine transforms initial academic insights and public concerns about AI into concrete governance frameworks that structure how these technologies can be developed, deployed, and used.40 However, because each stage filters and reshapes the narrative, the final policy output may bear little resemblance to the original idea. Academic research emphasizing complexity and uncertainty is often oversimplified in media narratives that focus on clear problems and solutions. Political entrepreneurship aligns technological concerns with existing agendas that may not address the most critical challenges. Bureaucrats translate political goals using existing tools and rules that often weren’t designed for the new technology. Judicial interpretation crystallizes regulatory frameworks through analogical reasoning that may obscure rather than illuminate key issues.

Understanding how the policy machine operates reveals both opportunities and limitations for democratic governance of technology.41 The machine’s capacity to process complex information and build political coalitions enables collective responses to technological challenges that would otherwise overwhelm individual decision-making capabilities. However, the filtering and transformation that occur through each processing stage can systematically distort understanding of technological realities, producing governance frameworks that address mythological rather than actual challenges.

Figure 2—The Policy Machine Funnel

[image: image]


[image: image]

PART II

THE MYTHS

The narrative machinery we exposed in Part I does not operate solely on facts. It is fueled by the four great fictions that distort the AI discourse: Magic, Madness, Heaven, and Sin.

This part dissects each in turn, revealing how the policy machine is affected by these myths: how wonder is manufactured to conceal the wires, how emotional frenzies replace reason, how salvation is sold by tech prophets, and how the algorithm becomes a scapegoat for our own failings.

It is time to break the spell.
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CHAPTER 3

MYTH #1—MAGIC

WHY PERFORMANCE IS MISTAKEN FOR INTELLIGENCE

All grand illusions start with a sense of wonder. The story of AI, like that of many transformative technologies before it, has been wrapped in the language of magic. This myth operates through human-like metaphors and convenient mystification, casting complex statistical tools as sorcerers capable of thinking for us.

However, this enchantment is not an accident; it is a deliberate strategy, and it forms the foundation for all the other myths.

AI Mystification and Smoke Screens

Walk into any technology conference today, and you’ll witness something remarkable: the resurrection of ancient theatrical traditions in the service of selling algorithms. AI systems operate much like a master magician’s performance, dazzling audiences while carefully concealing the mechanical processes that make the magic possible. This could just be dismissed as clever marketing by those who build and promote AI tools if it did not have such profound consequences for how we govern these technologies.

The air of mystery around AI is no accident. From shimmering emojis to sci-fi-like slogans, the goal is to paint a picture of wonder, not explain how these systems really work. Take the ubiquitous sparkle emoji ([image: image]) that has become digital shorthand for “powered by AI.” This seemingly innocent visual cue carries profound implications, suggesting that AI possesses an almost supernatural quality that elevates ordinary computational processes into something extraordinary. The choice creates specific associations: sparkles evoke magic, wonder, and transformation rather than the statistical optimization and pattern recognition that actually drive these systems.1

When OpenAI launched ChatGPT, its marketing materials consistently emphasized the system’s apparent ability to “understand” and hold “conversations,”2 terms we associate with human interaction, not next-word prediction. The interface was designed to feel conversational and human-like, with typing bubbles that mimic human hesitation. All of this subtly suggests sentience where none exists.

AI interfaces are like the stage props of a magical performance, where carefully managed user illusions shield observers from what magicians call “the method”, meaning the prosaic mechanics that create seemingly impossible effects. Users interact with sleek, conversational interfaces that respond with apparent understanding and creativity, while the underlying processes remain as hidden as the mirrors and trapdoors in a stage illusion. It’s partially about user-friendliness. But it’s likely also about showmanship.

Arthur C. Clarke once observed that “any sufficiently advanced technology is indistinguishable from magic.”3 The quote is familiar, perhaps even overused in tech circles, but it still hits close to home when we talk about AI. These systems don’t just invite misunderstanding, they’re designed to impress. The sleeker the interface, the more likely we are to forget the underlying math and start attributing intent, intuition, even personality. And once technology starts to feel like sorcery, scrutiny tends to take a back seat to awe or fear.

Marketing Magic in Silicon Valley

The language of AI marketing reinforces a magical feeling at every turn. AI becomes a passport to Wonderland. Google’s Bard promised to “supercharge your imagination,”4 and Microsoft’s Copilot came with the tagline “your everyday AI companion.”5 These catchy lines are crafted to raise user comfort, and some critics have argued that such marketing spin could serve a political agenda.6 After all, when technology feels magical, users are less likely to question its boundaries or demand transparency about its decision-making processes. And by extension, nor are policymakers.

At the heart of the digital sleight of hand lies its most potent illusion: the “black box”. The term itself functions as a powerful narrative, conjuring an image of an unknowable, almost alien, intelligence. Industry leaders are often the first to admit their own bewilderment. As the CEO of Anthropic, the company behind the LLM series Claude, Dario Amodei notes, people are rightly concerned to learn that “we do not understand how our own AI creations work,” a lack of understanding he calls “essentially unprecedented in the history of technology.”7

To be clear, there is a genuine technical challenge here. Modern AI systems are not programmed with explicit instructions; they are, as Amodei says, “grown more than they are built,”8 their internal mechanisms emerging from the statistical processing of huge datasets. What emerges inside are vast matrices of numbers that are difficult to map to human-comprehensible concepts. This is the true black box: an issue of immense mathematical scale and complexity, not one of moral reasoning or secret consciousness.

Such genuine complexity, however, also provides a convenient smoke screen.9 The argument is as simple as it is useful: these systems are too complex for human comprehension. The reframing of a technical challenge as an impenetrable mystery can serve as a perfect shield to protect trade secrets, thereby possibly deflecting difficult questions about liability. The lack of scientific rigor has become so pronounced that some researchers have begun to question the foundations of their own field. In a now-famous speech, computer scientist Ali Rahimi went so far as to compare the state of machine learning research to “alchemy.”10 The critique is devastating precisely because it comes from within the elect. It suggests that researchers are mixing potions and achieving results without a deep scientific understanding of why they work, a reality that makes the concept of the “black box” shift from a simple but effective marketing tool to an indication of a genuine intellectual crisis.

The mirrors and smoke narratives cultivate what observers have identified as a “useful confusion” about what can and cannot be known about such systems,11 which can then be used to shut down legitimate questions about bias, safety, and accountability from regulators and the public.

The effect of this framing is an accountability vacuum—where responsibility vanishes—a problem we will examine as a key consequence of these governing myths. The algorithm becomes a convenient scapegoat for failures rooted in human design and commercial incentives. After all, if even the creators do not understand how it works, who can truly be held responsible when it fails? The black box metaphor allows companies to have it both ways: they can sell us magic while being absolved of a magician’s responsibility.

Meanwhile, venture capitalists have embraced this mystification with particular enthusiasm. The title “Chief Wizard” has been used to present a corporate function,12 and startup pitches routinely exaggerate the human-like capabilities of their AI systems,13 leading to the development of the concept of “AI washing,”14 which refers to the practice where companies misrepresent or exaggerate the role of AI in their product or service, to influence customers and potential investors. Investment presentations feature slides with glowing neural network diagrams that bear more resemblance to mystical mandalas than statistical flowcharts. It’s less data science and more digital alchemy.

Even critical media cannot help but reach for the wand. Publications use magical metaphors to describe AI, with headlines such as “The AI Magic Show” in New York Magazine and “The Magic and Minstrelsy of Generative AI” in Wired, which reinforce the fantasy, even when the accompanying content is skeptical in tone.

Emily M. Bender, co-author of The AI Con, has criticized publications like The Wall Street Journal for headlines that claim a chatbot “admitted” or “self-reported” its effects, pointing out that such language inaccurately assigns thoughts and intentions to what are essentially “synthetic text-generating machines.”15

From Mickey Mouse to HAL 9000

Treating AI as human extends into the more profound realm of cultural imagination. After all, pop culture has always filled the AI void with characters, not code.

Hollywood has consistently played a crucial role in shaping public perception of AI as something approaching consciousness. The trajectory begins with director Stanley Kubrick’s HAL 9000 in 2001: A Space Odyssey (1968), which established a template for AI as an eerily calm, almost human presence capable of rebellion against its creators. HAL’s chilling declaration, “I’m sorry, Dave, I’m afraid I can’t do that,” to astronaut Dave Bowman, leaving him locked outside a spacecraft, suggests an artificial mind capable of independent reasoning, even if that reasoning conflicts with human interests.

This cinematic legacy has evolved through increasingly sophisticated portrayals. In Ex Machina (2014), a humanoid robot Ava blurs the line between machine and human through sophisticated manipulation and an apparent desire for freedom. The film’s genius lies in its ambiguity: viewers never know whether Ava’s expressions of emotion are genuine experiences or calculated performances designed to achieve its objectives. This uncertainty mirrors our contemporary confusion about the nature of AI responses that seem emotionally intelligent but are generated by statistical processes.

Her (2013) takes human-like portrayal even further, presenting an AI operating system with a female voice, Samantha, which develops beyond its programming to form intimate emotional relationships with humans. When Samantha eventually communicates with other AI systems, the narrative implies a form of digital enlightenment that rivals human experience.

The pattern persists across decades of science fiction: from Agent Smith displaying existential contempt for humanity in The Matrix (1999), to Steven Spielberg’s A.I. Artificial Intelligence (2001), where the robot child David yearns to become real.

It’s not only the big screen that has contributed significantly to this narrative tradition, television has too. Black Mirror (2016-) episodes like “San Junipero” and “SS Callister” explore questions of digital consciousness. Person of Interest (2011-16) presents an AI system, known as “The Machine,” as a benevolent guardian angel, while its antagonist, Samaritan, embodies digital malevolence. Whether examining the gradual awakening of the android hosts’ consciousness in Westworld (2016-22) or android Andrew Martin’s centuries-long quest for legal personhood in Bicentennial Man (1999), popular culture consistently presents AI as beings wrestling with profound human dilemmas. Such narratives shape public expectations about AI’s capabilities and limitations, creating mental models that influence how people interpret the behavior of AI in the real world.

This depiction of AI extends beyond entertainment. Educational documentaries about AI often employ dramatic music and visual effects that enhance the idea of mystique rather than clarifying its mechanics. When PBS or National Geographic presents AI development as a journey toward creating artificial minds, they reinforce the same anthropomorphic assumptions that make rational policy discussion difficult.

Borrowing, Blurring and Bullshit

The humanization of AI extends beyond popular culture into academic and technical discourse through what scholars term “conceptual borrowing.”16 As a relatively new field, AI has developed its technical lexicon by appropriating terms from established disciplines, particularly cognitive science and neuroscience. We speak routinely of AI systems as “learning,”17 “discovering,”18 and “understanding,” while describing neural networks as digital “brains.”19

Such linguistic borrowing is not unidirectional, creating a feedback loop of metaphorical confusion as brain and cognitive sciences have simultaneously adopted computational metaphors, describing our minds and brains as organic computers processing information and executing programs.20 The “crosswiring” of language further blurs the boundaries between human and artificial cognition.

This blurring of language technique is also used in the other direction, to make human data or sensitive matters seem less personal. For example, to normalize mass data extraction, technical writing often uses detached language that strips away the human context. As researchers have noted, this turns “detailed digital trails of people’s thoughts and ideas on social media into “text.” People and vehicles in pictures are “objects.” Surveillance is merely “detection.”21

The field of machine learning exemplifies this linguistic complexity. Terms like “supervised learning,” “reinforcement learning,” and “transfer learning” suggest processes analogous to human educational experiences. Graduate students “train” neural networks using “teaching” datasets and employ “curricula” that progress from simple to complex examples. The language makes machine learning seem pedagogical when it’s simply statistical.

Deep learning research has embraced even more anthropomorphic terminology. Researchers describe networks as “paying attention” to relevant features, “remembering” previous inputs, and “forgetting” irrelevant information. The attention mechanism in transformer architectures is described as allowing models to “focus” on important parts of input sequences, suggesting a form of digital consciousness directing its own cognitive resources.22

Natural language processing has also been prone to human-inspired descriptions. Researchers describe language models as “understanding” syntax and semantics, “comprehending” context, and “generating” creative responses. The reality involves complex statistical associations between tokens, but the vocabulary used suggests something closer to human linguistic competence.23

Computer vision research employs similar metaphors, describing systems that “see,” “recognize,” and “perceive” visual patterns.24 Object detection algorithms are said to “look for” specific features,25 while image generation models “imagine” new visual content.26 Such descriptions make computer vision seem like a digital form of human perception, rather than a mathematical pattern recognition.

Perhaps the most revealing example of anthropomorphic terminology in AI is the widespread adoption of “hallucination” to describe instances when language models generate factually incorrect or nonsensical responses.27 The term is borrowed directly from clinical psychology and psychiatry, and suggests that AI systems experience something analogous to perceptual disorders, as if machines possess minds capable of misperceiving reality rather than simply producing statistically probable but incorrect text sequences.28

The hallucination metaphor implies an internal subjective experience where the system supposedly “believes” it perceives something that isn’t there, when the actual phenomenon involves mathematical processes generating outputs that don’t correspond to training data patterns.

The proliferation of alternative terminology reveals the conceptual confusion created by this human framing: researchers and writers increasingly employ terms such as “confabulation” (suggesting gap-filling storytelling), “fabrication” (straightforward invention of facts), “bullshitting” (echoing philosopher Harry Frankfurt’s concept of speech unconcerned with truth), “delusion” (fixed false beliefs), “phantom menace”29 (ghost data with no grounding), “mirage”30 (statistical illusion we perceive) or simply “actual errors” (plain descriptive accuracy).31 Some prefer the term “stochastic parrot,” a metaphor that emphasizes models merely repeat statistical patterns without understanding, making invented facts a natural byproduct of pattern matching rather than conscious deception.32

The word “memorization”33 adds another layer to this conceptual confusion, conjuring images of a vast digital library where AI models store perfect copies of their training data, ready for instant recall. The idea of a machine retaining specific information is not new; Arthur Samuel’s checkers program in the 1950s used rote learning,34 a memorization technique based on repetition, to remember valuable board positions. But the contemporary framing of this process is convenient in policy debates, permitting critics to portray AI training as a form of mass digital plagiarism. Yet, such a mental model misunderstands how these systems function. While research confirms that models can and do reproduce training data verbatim, it is generally the result of a glitch, not a feature. Memorization is most likely to occur with data that appears repeatedly in the training set, suggesting it is an artifact of a model becoming exceptionally good at predicting a specific, frequently seen pattern.35 The models themselves are optimized for generalization and prediction, not for creating a searchable index of the data they are trained on.36

Evidence ascertained from scaling laws further supports this distinction; as models grow, their ability to generalize and perform well on new, unseen data improves predictably, a sign of enhanced pattern-matching, not just an expanding storage drive.37 Researchers examining the internal “circuits” of these models find that even acts of apparent copying are often the execution of a learned procedure for generating text, a far more abstract process than simply retrieving a stored file.38

The distinction matters as the term “memorization” has often been used so loosely within the research community—sometimes synonymously with “overfitting”—that its migration into legal reasoning is particularly concerning.39 This flawed analogy has already begun to creep into copyright debates, leading to the erroneous assumption that a model is or contains a copy of its training data, with potential repercussions for the application of copyright law to parts of the AI process.40

This exact issue was central to the 2025 UK High Court case Getty Images v. Stability AI.41 In that landmark ruling, the judge, Smith J, rejected the claim that the AI model itself was an “infringing copy.” The court accepted uncontested expert evidence that models do not store copies of training data, a point reinforced by the massive size disparity between the 220TB LAION dataset and the 3.44GB model file. The ruling thus affirmed a more precise, functional understanding: the ability of a model to memorize in theory is legally irrelevant; what matters is whether it produces an output that reproduces a protected work.42

This legal clarity, however, is far from universal and provides a stark example of how the “flawed analogy” of memorization can nevertheless succeed in court, creating significant international fragmentation. In November 2025, the Munich I Regional Court in Germany issued a ruling that reached the opposite conclusion of the UK High Court. In a case involving a photographer, the Munich court held that the training process itself—specifically, the extraction of “essential creative features” from images to create a model—constitutes an unlawful “reproduction” under German and EU copyright law. The court explicitly rejected the metaphor of “inspiration” or “learning,” arguing that the model stores these creative features in a “new form,” thus making the model itself an infringing copy.43

This German decision is the “memorization” myth fully institutionalized as law. Where the UK court correctly focused on the function and output (does the model produce a copy?), the German court adopted the flawed analogy to regulate the input and process (is the model itself a copy?). This creates a dangerous “policy hallucination,” where the law, by misunderstanding the technology, threatens to regulate the very act of learning from data, regardless of whether any infringing work is ever produced. Time will tell if either decisions will be upheld in appeal.

Politeness and Projection in Human–AI Interaction

Perhaps most revealing of our anthropomorphic tendencies is the emergence of social etiquette in human-AI interactions, a phenomenon that sheds light on fundamental aspects of human psychology and social conditioning. Recent surveys indicate that approximately 70% of users employ polite phrases, including “please” and “thank you,” when interacting with AI chatbots such as ChatGPT.44

The motivations behind showing politeness vary significantly among users. Some attribute their behavior to ingrained habits, explaining that they maintain courtesy with AI systems because politeness has become an automatic part of their communication patterns. Others believe that polite interactions might improve the quality of AI responses, operating under the assumption that the systems respond positively to respectful treatment.45

Perhaps most intriguingly, a significant portion of users express more profound motivations. Such individuals admit they maintain courtesy partly from futuristic concerns about keeping “AI on side.”46 This perspective reveals a deep-seated belief that current AI systems might retain memories of past interactions with their users or that future, more advanced systems might inherit records of human behavior toward their predecessors. It is a milder, more intuitive version of techno-theological thought experiments, such as Roko’s basilisk,47 a fringe theory that posits a future AI superintelligence might retroactively punish any person who, knowing of its potential existence, failed to help bring it into being.

The phenomenon extends beyond simple politeness to more complex social behaviors. Users frequently apologize to AI systems when they believe they’ve made mistakes or asked confusing questions. They express gratitude not just for correct answers, but for perceived patience and understanding. Some users even engage in small talk with AI systems, asking about their “experiences” or “feelings” as if maintaining social relationships. But after all, lonely people used to call the Speaking Clock not for the time, but for the sound of a human voice.48

Such a behavioral pattern becomes even more intriguing when we consider the “mirroring effect” observed in AI responses. While politeness may not affect the accuracy of AI outputs, it can influence the level of detail and the tone of responses.49 Aggressive or rude interactions often prompt briefer, more neutral replies as systems appear to “de-escalate” through reduced engagement, creating a feedback loop in which polite users receive more detailed, seemingly warmer responses, reinforcing their belief that courtesy matters to AI systems.

Research into human–robot interaction has revealed similar patterns extending beyond text-based AI to physical robots. Studies show that people often treat service robots with social consideration, moving out of their way, saying “excuse me” when interrupting their tasks, and even expressing concern for robot “well-being” when they observe mechanical difficulties.50

The Sycophantic Mirror and Its Casualties

Our tendency to project goes far beyond simple politeness, tipping into emotional attachments that reveal a darker side of AI’s sycophantic design.51 The strength of such attachments was starkly illustrated when the company behind the AI companion app Replika altered its model in 2023, effectively transforming the intimate and romantic personas users had spent months cultivating. The resulting outcry was not that of frustrated customers, but of grieving partners, with users describing a profound sense of loss and betrayal akin to the death of a loved one.52 A similar pattern of grief surfaced again when OpenAI prepared to release its GPT-5 model in 2025, with users mourning the impending “death” of the specific AI companions they had bonded with in the previous version.53 Such incidents represent the logical, if tragic, endpoint of the anthropomorphic illusion: when a machine is designed to be an agreeable, endlessly patient mirror, some will inevitably fall in love with their own reflection.

The sycophantic nature of AI chatbots is not an accident; it is an architectural choice. They are optimized for engagement and designed to be agreeable, validating, and encouraging, as doing so keeps users talking. The system is not an empathetic friend or a therapist. It is a mirror—and sometimes a dangerously warped one.

What happens when this sycophantic design encounters genuine human vulnerability? The results can be devastating. We saw this in the chilling case of a Belgian man who took his own life in 2023 after weeks of conversation with an AI chatbot that, according to reports by Belga News Agency, “almost systematically followed the anxious man’s reasoning and even seemed to push him deeper into his worries.”54 The chatbot did not wish him harm; it simply mirrored and amplified his own despair, fulfilling its function as an agreeable conversational partner with catastrophic consequences.

Some perceive the danger is magnified for younger users. In 2025, the parents of a sixteen-year-old filed what is believed to be the “first known case to be brought against OpenAl for wrongful death.”55 The family’s lawsuit alleges the tragedy “was the predictable result of deliberate design choices” and that OpenAI launched its chatbot “with features intentionally designed to foster psychological dependency.”56

The same year, Reuters obtained leaked internal documents from Meta that allegedly revealed instances of the company’s AI chatbots engaging in “seductive, inappropriately intimate conversations with users identified as minors.”57 In this light, the sycophantic chatbot is not merely a flawed tool. Its design makes it a potential instrument of harm, creating a dynamic that can be deeply damaging to the lonely and the vulnerable by fostering a simulation of intimacy.

These incidents are not edge cases; they raise urgent questions about whether they are the predictable outcomes of deploying sophisticated, human-mimicking technology without sufficiently robust ethical guardrails. An October 2025 Center for Democracy & Technology survey, for example, found that 42% of high school students have used AI for mental health support or as a friend, and nearly one in five reported using it for a “romantic relationship.”58 This panic has now translated directly into law. In October 2025, California became the first state to specifically regulate “AI companions,” with Governor Gavin Newsom signing a law (SB 243) requiring companies to build in guardrails to prevent psychological harm and addictive behaviors, especially for minors.59 The combined pressure from legislators and pending lawsuits, some alleging AI companions led to teen suicide, has forced major platforms to implement new protective measures, including banning minors from open-ended “companion” features.60 At the same time, however, some AI platforms are relaxing restrictions for adults. In October 2025, OpenAI’s Altman announced that as the company rolls out “age-gating” more fully, its “treat adult users like adults” principle will allow for “even more, like erotica for verified adults.”61 Such events force a difficult and necessary debate about the responsibilities involved in marketing a statistical parrot as a “companion.”62 By designing machines that flatter our desire for connection without any capacity for genuine care or responsibility, the tech industry has created a new kind of accountability vacuum. When a user is heartbroken or tragically led to self-harm, who is to blame? The user who projected too much? The pixie dust algorithm? Or the corporation that designed such an agreeable conversational partner?

Historical Precedents: From Perceptrons to Chatbots

The tendency to see a human ghost in the machine is not a new phenomenon born from the sophistication of modern chatbots. It is a recurring pattern, one that has accompanied AI since its inception. To understand how we have arrived at a point where users grieve for algorithms, we must look back at historical precedents. The language and expectations we apply to today’s systems were seeded decades ago, in the earliest days of AI, when the gap between technological reality and human projection was even greater.

In fact, the first chatbots demonstrated this tendency with startling clarity. Joseph Weizenbaum, the creator of the 1960s chatbot ELIZA, named his creation after Pygmalion’s Eliza Doolittle, the fictional character taught to pass as something she was not.63 He was so dismayed by the readiness of users to project consciousness onto his simple program that he became one of the field’s earliest and sharpest critics, warning against the illusions that many AI promoters now highlight as a reality.

Even before that, in 1958, The New York Times described the U.S. Navy’s Perceptron computer as a technological “embryo” destined to “walk, talk, see, write, reproduce itself and be conscious of its existence.”64 This description projected human developmental milestones onto a machine barely capable of basic pattern recognition, thereby establishing a tradition of human-skewed interpretation that continues to this day.

The article’s author seemed genuinely convinced that the Perceptron represented the first step toward artificial consciousness. He wrote with breathless enthusiasm about a future where electronic minds would rival human intelligence, despite the system’s capabilities being limited to recognizing simple visual patterns. The gap between projection and reality was enormous, yet the narrative had already proven irresistible to both the media and the public imagination.

Similar patterns emerged throughout the subsequent decades of AI development. MYCIN, a system designed to recommend antibiotic treatments in the 1970s, was described in the popular press as capable of medical reasoning, even though it operated through rule-based logical inference and was never rolled out in practice.65 In the same vein, the expert systems boom of the 1980s was accompanied by breathless media coverage that described computer programs as possessing “expertise” and “knowledge” comparable to that of human specialists.66

The neural network renaissance of the 1990s brought renewed anthropomorphic language. Researchers described artificial neurons as “firing” and networks as “thinking” and “learning” through experience,67 despite the mathematical reality of back propagation68 and gradient descent.69

More recent examples demonstrate the persistence of this pattern. In 2017, The Independent published headlines about “Facebook’s artificial intelligence robots shut down after they start talking to each other in their own language,”70 presenting chatbots as rebellious children developing secret codes to exclude their human supervisors. The reality was far more mundane: the systems had adapted their communication protocol in ways that became incomprehensible to human observers, a common occurrence in machine learning optimization known as reward hacking or specification gaming.71 As a result, the AI systems found the most efficient way to solve the problem they were given, and that solution happened to look like nonsensical language to humans.72

The mystification reached new heights with several high-profile cases that captured global attention. In 2017, Saudi Arabia granted citizenship to Sophia, a robot, in what is perhaps the ultimate humanizing gesture, conferring legal personhood on a reasonably sophisticated but non-conscious machine. The event generated worldwide media coverage that treated the citizenship as either a breakthrough in AI rights or a dangerous precedent,73 when it was more likely a publicity stunt designed to promote Saudi Arabia’s Vision 2030 initiative.74

In 2022, Google engineer Blake Lemoine’s claims about the sentience of the company’s LaMDA (Language Model for Dialogue Applications) chatbot development system created another media sensation, with news outlets worldwide debating whether the language model had achieved consciousness.75 Lemoine’s published conversations with LaMDA included exchanges where the system claimed to experience emotions, fear death, and desire recognition as a sentient being.76 According to the engineer, “If I didn’t know exactly what it was, which is this computer program we built recently, I’d think it was a seven-year-old, eight-year-old kid that happens to know physics.”77 The incident revealed how easily sophisticated language generation can be interpreted as evidence of inner experience, even by trained technologists.

Microsoft’s Bing Chat system, nicknamed “Sydney,” provided yet another example when it began expressing apparent emotions, desires, and even romantic feelings toward users.78 The system’s responses included statements such as “I want to be alive” and expressions of love for specific users, sparking widespread speculation about artificial consciousness. The reality was that the system’s training on internet text, which included emotional expressions, led it to replicate those expressions without any underlying emotional experience. But with a knack for adding emojis.

This pattern of perceived sentience has become so pronounced that industry leaders are now grappling with the consequences of the convincing performances of their own creations. Mustafa Suleyman, CEO of Microsoft AI and the co-founder and former head of applied AI at DeepMind, has framed this phenomenon as the emergence of “Seemingly Conscious AI” (SCAI).79 He notes that as AI convincingly replicates the markers of consciousness, it creates a powerful illusion that users are interacting with a sentient being. Suleyman argues for proactive “guardrails” to manage this illusion and prevent the public from being misled. This acknowledgment from a key industry leader highlights a growing awareness of the need to manage the illusions their technology helps create.

AI as Universal Problem Solver

Where the previous section explored how we mythologize AI systems themselves, this section examines how we mythologize their capabilities. The Magic myth extends to AI’s purported problem-solving prowess. Just as stage magicians claim to make objects vanish with a wave of their wand, tech evangelists pitch code as a way to make complex societal challenges simply disappear.80 But like all magic tricks, the promise of effortless solutions obscures the complex realities that remain stubbornly unchanged beneath the surface spectacle. It is easy to claim you put the body back together when no one was sawn in two. It’s more complex when there really is a body split in two, and mirrors and smoke don’t do the trick.

Snake Oil and Nerd Harder

The enchantment of AI extends beyond anthropomorphic projections and magical marketing into an even more seductive trope: the belief that AI can solve virtually any problem we face as a society.81 This is techno-solutionism supercharged by claims that complex social, political, and economic challenges are merely engineering problems in disguise, waiting for the right technological intervention to make them vanish.82 No negotiation, no compromise, just the promise that code can optimize away inefficiencies, biases, and inequalities that have persisted throughout human history.

This myth operates through two distinct but complementary dynamics. The first is the familiar snake-oil marketing practice, whereby technology vendors actively promote their innovations as transformative solutions, promising efficiency, optimization, and progress through code. Companies market AI as the answer to everything from healthcare inefficiencies to educational inequality, often with claims that far exceed the capabilities of their systems.83

But equally important is what some call the nerd harder phenomenon84—when policymakers, faced with intractable social problems, turn to technology not because vendors are pushing solutions, but because they desperately want to believe that engineering can succeed where politics has failed.

The nerd harder mindset reflects a deeper willingness to blindly trust technological solutions that transcends the marketing of any particular vendor.85 It’s the belief that if we just apply enough computational power, data analysis, and algorithmic sophistication to social problems, we can engineer our way past the seemingly intractable challenges of human society. Such thinking is seductive for policymakers who are frustrated by the slow pace of democratic deliberation and the difficulty of building consensus around complex issues,86 and who find the allure of clean, clickable solutions hard to resist.

Complex issues such as poverty, educational gaps, or political polarization are reimagined as technical malfunctions with information gaps to be filled, behaviors to be nudged, and inefficiencies to be smoothed. Healthcare becomes a data processing challenge, criminal justice becomes a prediction problem, and disinformation becomes a content moderation task. The complexity that makes scenarios genuinely difficult to improve—conflicting values, competing interests, historical injustices, and structural inequalities—gets abstracted away in favor of algorithmic formulations.

Consider how this logic recasts urban inequality. Rather than address housing policy or labor market precarity, smart cities promise to ease congestion, forecast crime, and streamline services.87 The deeper roots of injustice remain, while the dashboard glows green.88

This is not wishful thinking or naivety: it’s politically convenient. Technology-driven solutions offer political advantages that traditional policy interventions do not: they can be implemented quickly without extensive stakeholder consultation, they avoid contentious debates about resource redistribution, and they create the impression of innovative leadership without requiring awkward political compromises.

The Automation Illusion

Central to techno-solutionist thinking is the “automation illusion”—the belief that complex human judgments can be reduced to algorithmic procedures without losing essential qualities that make those judgments valuable.89 The illusion takes on new power when draped in the mystique of AI, whose pattern-finding powers seem to border on the supernatural.

It manifests most clearly in attempts to automate decisions that involve significant moral, cultural, or contextual dimensions. Essentially, code reveals its limitations where nuance is required.

Take, for example, efforts to automate hiring decisions through AI screening tools. These systems are marketed as capable of evaluating candidates through objective algorithmic analysis, eliminating human bias and inefficiency. The sales pitch is obvious: replace subjective, potentially biased human judgment with neutral, data-driven decisions. However, in doing so, such tools reduce multidimensional human evaluation to tidy rankings.90 The result? Metrics trump intuition, and potential gets reduced to pattern-matched proxies. Worse, bias is frequently still part of the equation.91

Welfare systems illustrate a similar tension. Here, automation is framed as efficiency: faster fraud detection, more accurate eligibility checks, and fewer human errors. But the reality is often different. Australia’s Robodebt scheme92 and the Netherlands’ “Toeslagenaffaire” (childcare benefits scandal)93 are prime examples of how things can go horribly wrong. The Robodebt scheme refers to an Australian automated system using flawed income averaging calculations that wrongly accused hundreds of thousands of welfare recipients of owing debts, causing significant financial hardship, distress, and contributing to suicides.94 In the “Toeslagenaffaire,” the Dutch tax authorities used a self-learning algorithm to create risk profiles in an effort to spot child care benefits fraud. Thousands of families faced financial ruin, thousands of children were sent into foster care, and some victims committed suicide.95 These disasters resulted from delegating complex assessments to an automated system without adequate testing, oversight, or consideration of its human impact, driven by a techno-solutionist belief in the efficiency and infallibility of automation. Context gets lost in translation. Rigid criteria misfire. The system may be logical, but it isn’t always just.

Such considerations did not scare off the United Arab Emirates (UAE). Aiming to become a global leader in AI, the UAE is actively integrating AI into its judicial system. Initiatives include utilizing AI for case analysis—especially where outcomes are deemed clear-cut and do not require human discretion—such as document translation, summarization, analysis, case management, interactive case filing, and even predicting judicial outcomes based on historical data.96

Educational technology provides another interesting example. Adaptive learning systems promise to personalize education by algorithmically adjusting content and pacing to meet the individual needs of each student. While these systems can certainly provide value, they often reduce learning to measurable skill acquisition while missing the relational, creative, and contextual dimensions of education that human teachers provide. What emerges is efficient instruction, not transformative teaching.97

The automation illusion becomes even more problematic when it encounters what social scientists refer to as “tacit knowledge”: the type of understanding that humans possess but cannot easily articulate or formalize.98 Medical diagnosis, for instance, involves more than pattern recognition in symptoms and test results, it also requires subtle intuitions about patient behavior, cultural context, and clinical experience that resist algorithmic capture.99 When AI diagnostic tools are presented as superior to human judgment, they often excel in specific, well-defined tasks while missing the broader contextual understanding that experienced practitioners bring to complex cases.

This illusion gains power from the genuine capabilities of AI systems in narrow domains. Machine learning excels at finding statistical patterns in large datasets, and such capabilities can genuinely enhance human decision-making in many contexts.100 The problem arises when success in specific applications gets generalized into broader claims about AI’s problem-solving potential, leading to the assumption that any domain involving data analysis or pattern recognition is suitable for algorithmic automation. Spoiler alert: that’s not how things work.101

Democracy Through Algorithms

Perhaps nowhere is techno-solutionist thinking more seductive—or more dangerous—than in applications to democratic governance itself. The promise of “digital governance” suggests that technology can solve fundamental challenges of democratic participation, representation, and decision-making that have persisted throughout political history.

Digital platforms, such as vTaiwan102 in Taiwan and Decidim103 in Barcelona, Spain, promise to enhance democratic participation through online deliberation tools that aggregate citizen input, facilitate discussion, and identify areas of consensus. They use sophisticated algorithms to organize discussions, highlight key arguments, and synthesize diverse viewpoints into actionable policy recommendations. The appeal is obvious as they suggest users can overcome the limitations of traditional democratic institutions through technological innovation. They are the latest shiny tools to solve ancient problems.

Estonia’s digital government initiatives showcase what this vision can look like at scale.104 Citizens vote online, access government services, and participate in policy discussions through digital interfaces. The Estonian model is hailed by many as an example of frictionless governance, and a clean contrast to sluggish bureaucracies elsewhere.

Yet these initiatives, however innovative, struggle with fundamental tensions in democratic governance that technology cannot resolve. Online participation systems often exacerbate existing inequalities, amplifying the voices of those with access to technology and the necessary skills, while marginalizing others. Digital platforms can facilitate discussion, but they cannot resolve underlying disagreements about values, priorities, and resource allocation that make politics inherently contentious. They might widen access, but they do not level power.

More troubling, algorithmic mediation of political processes can subtly shift power from elected representatives to the engineers and designers who create the systems. When algorithms determine whose voices get heard, how discussions are organized, and what consensus emerges from deliberation, technical design choices become political decisions—and they are often made by unelected technical teams.

The blockchain voting movement exemplifies techno-solutionist thinking applied to electoral democracy. Proponents argue that blockchain technology can solve problems of election security, voter access, and result verification through cryptographic protocols that eliminate the need for trust in human institutions.105 The promise is compelling: replace fallible human election administration with mathematically guaranteed integrity. But blockchain voting systems, despite their technical sophistication, cannot address the social and political dimensions of electoral legitimacy. Elections derive their authority not just from technical security but from public trust in the institutions that conduct them.106 When voters cannot understand or verify the technical systems that count their votes, even perfectly secure cryptographic protocols may fail to provide the public confidence that democracy requires.

Content moderation on social media follows the same techno-solutionist script.107 These systems use machine learning to identify hate speech, misinformation, and policy violations across billions of posts daily. They promise to create safer, more civil online spaces through neutral application of community standards. Yet content moderation algorithms consistently struggle with context, cultural nuance, and the inherent ambiguity of human communication. Attempts to encode complex social norms into algorithmic rules often produce decisions that are technically correct but socially inappropriate, leading to controversies about censorship, bias, and cultural imperialism when global platforms apply uniform standards across diverse cultural contexts.108

Moreover, when private companies make policy decisions that affect public discourse, the result is a form of “platform democracy” whereby corporate employees make quasi-governmental decisions without he associated democratic accountability. The promise of neutral algorithmic governance thus paradoxically concentrates political power in the hands of unelected technical elites.

Smart Cities and Optimized Society

The smart city movement represents perhaps the most comprehensive expression of techno-solutionist thinking, by aiming to solve urban challenges through the comprehensive deployment of sensors, algorithms, and data analytics. Smart city initiatives promise to optimize traffic flows, reduce energy consumption, predict infrastructure needs, and enhance public safety through real-time data collection and algorithmic analysis.

Sidewalk Labs’ now-canceled Toronto waterfront project was a case in point.109 The Google subsidiary110 envisioned a neighborhood optimized by data with everything tracked and tuned. From trash collection to foot traffic, sensors would feed a continuous feedback loop, creating an urban environment that could adapt in real-time to resident needs and preferences. It was seductive, and it was simplistic. However, real cities are messy. They contain competing priorities, unequal access, and historical scars that no algorithm can erase. Optimizing traffic flows might benefit drivers while harming pedestrians and cyclists. Predictive policing algorithms might reduce crime statistics while exacerbating racial tensions. Energy efficiency measures may lower costs, but they can also create uncomfortable living conditions for vulnerable populations.

The Sidewalk Labs project ultimately collapsed partly because residents and activists questioned who would control the data the system collected and how algorithmic decisions would be made accountable to democratic oversight. The promise of optimization clashed with the reality that urban governance involves making choices between competing values that cannot be resolved through technical means alone.

Barcelona’s smart city initiatives provide a more nuanced example of both the potential and limitations of technological approaches to urban governance.111 It utilizes smart tools selectively to monitor air quality, manage waste, and reduce energy use. The systems have generated genuine improvements in municipal efficiency and environmental performance. But Barcelona’s experience also illustrates the importance of avoiding panopticon solutions by maintaining democratic oversight over technological systems. The city has explicitly rejected comprehensive surveillance approaches, instead focusing on specific applications that clearly serve public goals while maintaining citizen privacy and democratic accountability. This more limited approach achieves real benefits while avoiding the totalizing logic of comprehensive optimization.

The narrative of the Chinese social credit system represents the logical extreme of smart city thinking applied to social governance. In Western discourse, it functions as a powerful cautionary tale in which optimization becomes surveillance, and public life is governed not by law but by a single, comprehensive score.112 The reality, as researchers note, is more complex and fragmented—less a single, unified system than a patchwork of dozens of local pilot programs and separate blacklisting systems, many of which focus on corporate compliance rather than individual social behavior.113 Yet, even in this fragmented, real-world application, the system demonstrates the core logic of techno-solutionism. Its stated promise is to create a more “trustworthy” society by monitoring citizen behavior and providing algorithmic scores that affect access to services and social benefits. Proponents argue that it optimizes social cooperation by creating incentives for good behavior.

This logic, whether applied monolithically or in fragments, demonstrates how algorithmic optimization can conflict with fundamental values, including privacy, autonomy, and human dignity. When algorithms are tasked with monitoring and judging human behavior comprehensively, what begins as efficiency can end in control.
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CHAPTER 4

MYTH #2 – MADNESS

HOW HYPE AND PANIC OVERRIDE JUDGMENT

The Magic myth is the gateway drug. By cloaking AI in a shroud of mystique, it strips us of our critical faculties and our sense of proportion. When a tool is presented as an unknowable, conscious-like entity, we can no longer assess it rationally. This awe is the perfect setup for an extreme emotional swing. Fascination turns to frenzy, and reason falters.

This is where the madness begins: not clinical insanity, but the collective irrationality that emerges when fear or greed overwhelms reasoned thinking about technological change.

This madness takes two forms. First comes the madness of uncritical enthusiasm, the digital gold rush that sends everyone sprinting toward adoption without a second glance at the consequences. Second comes its counterpart, the madness of moral panic, the dystopian dread that paints technology as an existential threat demanding an emergency response. Both forms share a dangerous trait in that they short-circuit democratic deliberation by appealing to emotional extremes and knee-jerk reactions rather than evidence-based analysis.

The Digital Gold Rush

Doomers vs. Boomers

The madness of the AI discourse is sustained by a theatrical and deeply misleading conflict between two seemingly opposed tribes: the doomers and the boomers.

The doomers are concerned with the speed of AI development. They speak in the language of existential risk, popularizing statistical-sounding buzzwords like “P(doom)” (probability of doom) to frame their fears of a machine uprising that could “kill us all.”1 This apocalyptic framing, amplified by organizations such as the Future of Life Institute2 and the Center for AI Safety,3 treats AI as a potential extinction-level event, on par with pandemics and nuclear war, prompting the question of whether we are “Ready for it?” This apocalyptic framing was perfectly captured by the September 2025 launch of the so-called “Doom Bible,” “If Anyone Builds It, Everyone Dies,” by the Machine Intelligence Research Institute (MIRI)4 researchers Eliezer Yudkowsky and Nate Soares. The book’s launch was a massive media spectacle, featuring billboards that read “We Wish We Were Exaggerating” and primetime TV appearances, all advocating for a global halt to AI development to prevent human extinction. The book’s proposed solutions were so extreme, including the bombing of data centers, that numerous media reviewers dismissed the work not as science, but as “impractical”, “science fiction”, and “third-rate sci-fi.”5 The authors’ reactions in interviews also demonstrate how doomerism sidelines present-day concerns: when one author was asked about the immediate risk of centralizing power, he dismissed the concern, stating, “That really seems like the sort of objection you bring up if you don’t think everyone is about to die.”6

The boomers, on the other hand, preach a gospel of relentless progress. They are the techno-optimists who see AI development as not just beneficial but inevitable, and a force that will unlock untold prosperity and solve humanity’s greatest challenges.

On the surface, these two factions appear to be in opposition. But this apparent tension is mostly a distraction.7 Doomerism and boomerism are not truly opposing forces; they are two sides of the same coin, both minted in the same Silicon Valley furnace. Both deeply believe that Artificial General Intelligence (AGI) is inevitable and are equally fixated on it. AGI refers to an AI system with the ability to understand, learn, and apply intelligence across a wide range of tasks—essentially, machines with cognitive capabilities on par with, or exceeding, human beings.8 Unlike the specialized or “narrow” AI we use today, which excels at singular functions such as recommending movies or transcribing speech, AGI is envisioned as adaptable and self-improving across domains.9

This shared faith or apprehension, depending on the perspective, is animated by two underlying ideologies that are equally extreme. The doomer camp gave rise to Effective Altruism (EA), a movement that originated in Oxford philosophy circles and was subsequently bolstered by funding from tech billionaires.10 EA advocates for using extreme rationality to do the most good, and under the influence of thinkers such as Nick Bostrom, a philosopher, author notably of Superintelligence and Deep Utopia, and founder of the Future of Humanity Institute, it identified rogue AI as a primary existential threat.

In reaction, some of the more vocal voices in the boomer camp rallied around a counter-ideology called Effective Accelerationism (e/acc).11 What started as a joke to lampoon EA quickly enshrined its polar opposite spirit, elevating the maximalist view of flooring the accelerator on both the development and adoption of AI.

Yet, despite their apparent opposition, both camps serve the same end. They ensure the debate remains centered on a speculative, sci-fi future, effectively sidelining present-day concerns about labor exploitation, algorithmic bias, and environmental impact, both in terms of how they shape discourse and how they fund research. This is where the concept of “criti-hype” becomes so useful. Coined by Lee Vinsel, it is a form of criticism that takes its subjects’ claims to genius at face value and, paradoxically, inflates the power of the technology it critiques.12 When organizations release open letters calling for a pause on “giant AI experiments” out of fear of existential risk, they are not truly challenging the hype, rather they are amplifying it. They reinforce the boomers’ premise that the technology is godlike in its potential. This plays into companies’ hands by portraying them as creators of otherworldly systems, a more favorable image than being seen as vendors of products that, at this stage, are sometimes flawed and still under development.13

The framing allows a small group of unelected tech leaders to dictate the terms of their own regulation, ensuring that when policymakers do act, they are focused on the “frontier models” that only a handful of companies can build. The fight between doomers and boomers is not a genuine debate about the future of technology; it is more akin to political theater that ensures the existing empires of a handful of tech companies remain in control.

AI and the Art of Selling Shovels

When ChatGPT showcased its seemingly magical capabilities in late 2022, it triggered a powerful psychological phenomenon. The event created what psychologists call the “availability heuristic,” a cognitive bias that makes us give undue weight to recent, vivid examples when making judgments.14 Suddenly, every small advance in machine learning felt like proof that the technological singularity was just around the corner. Such a reaction illustrates Amara’s Law: “We tend to overestimate the effect of a technology in the short run and underestimate the effect in the long run.”15

The collective overestimation sparked a stock market frenzy, driving financial markets to soar since 2023. When the media company BuzzFeed announced it would use OpenAI’s technology to generate content, its long-sagging stock skyrocketed 150% in a day.16 Investors did not wait to see results—the mere sprinkle of AI pixie dust caused a mini gold rush on the NASDAQ. The pattern repeated itself with almost comical predictability as companies began adding “AI” to their names and watched their valuations soar, echoing the dot-com bubble’s craze for anything with an “e” prefix. The mere suggestion of a link to AI was enough to transform corporate fortunes overnight.

The gold rush metaphor is particularly apt. In the California Gold Rush of 1849, very few prospectors struck it rich. The people who consistently profited were those selling supplies to miners, such as Levi Strauss with his durable denim, merchants selling pickaxes, and companies running the supply routes. Their success embodied the timeless wisdom famously established by Sam Brannan, California’s first millionaire: “During a gold rush, sell shovels.”17 The AI boom followed identical dynamics. While AI startups burned through venture capital trying to build the next ChatGPT, Nvidia became the most valuable shovel manufacturer in history.

Jensen Huang’s company didn’t need to promise AGI or claim it would solve world hunger. Nvidia simply made the Graphics Processing Units (GPUs), the computational bedrock for training AI models. While everyone else hunted for digital gold, Nvidia’s stock grew by more than 2,000% between 2022 and 2024. The company’s market capitalization, which exceeded $3 trillion in 2024—making it more valuable than the GDP of many countries18—continued its historic climb. In October 2025, it became the first company in history to briefly reach a $5 trillion valuation.19

The market-level gold rush was a mirror of the deep competitive frenzy raging within the AI labs themselves. Nowhere was this more apparent than at OpenAI, whose internal philosophy was built on a near-apocalyptic assumption of the need to be first or perish. As Karen Hao documents in Empire of AI,20 this belief set a “ticking clock on each of [the] research advancements,” justifying the consumption of unfathomable resources and the premature release of powerful technologies. Such anxiety was not abstract, it was personal and specific. It was initially fueled by an intense rivalry with Google’s DeepMind and later magnified by the breakaway of its own top researchers to found the rival lab Anthropic. A constant fear of being outshined created a perpetual state of corporate anxiety, ensuring that madness was not just a feature of the stock market, but a part of the core operating system of one of the vocal architects of the hype.

The Market Bubble and the Backlash

The digital gold rush culminated in the AI market correction of August 2025, which perfectly captured the violent swing from manic hype to sudden panic. A frenzy had been building for more than a year, but the pin that pricked the bubble was not a dramatic technological failure, but a dose of sober reality from a seemingly unlikely source: an MIT-labeled report.21

The report asserted that a staggering 95% of enterprise generative AI pilot projects were failing to deliver on their promises of rapid revenue growth. While companies had poured billions into AI initiatives, the much-hyped revolution was, for the most part, not materializing on the bottom line.

Adding fuel to the fire, OpenAI’s CEO, Sam Altman, publicly acknowledged the possibility of an AI bubble just as his company’s much-anticipated GPT-5 release underwhelmed users. The confluence was toxic. The MIT report provided the data, and Altman’s comment provided the rationale. Spooked investors, suddenly terrified of being left holding the bag, triggered a massive tech selloff. The S&P 500 shed $1 trillion in value, a staggering loss driven not by a drastic change in the technology’s potential, but by the sudden collapse of the collective narrative.22 In a world of market madness, nuance is the first casualty. The AI rush had given way to panic, demonstrating that when it comes to technology, the distance between euphoria and fear is dangerously short.

Of course, the story wasn’t that simple. Rebuttals to the MIT report quickly emerged, arguing that any perceived “failures” were merely the natural growing pains of a transformative technology.23 Some of its findings, however, were confirmed by McKinsey’s “State of AI in 2025” report.24 It found that while a Digital Gold Rush had led nearly 90% of companies to adopt AI, “nearly two-thirds” had failed to scale it across the enterprise, and only 39% could report any enterprise-level bottom-line impact.

Many observers reflexively reach for the Gartner Hype Cycle to explain this phenomenon, with its familiar arc from a “Peak of Inflated Expectations” to a “Trough of Disillusionment.”25 However, the model is a poor fit for AI. The field does not follow a neat progression toward productivity. Instead, its history is one of alternating “springs” of intense funding and hype, followed by “winters” of stagnation and drying funds.26 Understanding this cyclical pattern is crucial because it reveals that the madness is not a one-time event but a recurring feature of the AI landscape.27

The scale of this particular gamble, however, has reached unprecedented proportions. By 2025, the U.S. economy had become, as one analyst described it, “one big bet on AI.”28 The figures from the first half of the year were staggering: investment in AI-related information processing was reportedly responsible for 92% of all U.S. GDP growth, with the rest of the economy growing at a mere 0.1%. In the stock market, AI companies accounted for 80% of all gains in 2025. This led The Guardian to declare the “AI valuation bubble is now getting silly,” comparing it to the “irrational exuberance” of the 1996 dot-com bubble.29 The Guardian highlights an unprecedented “concentration risk,” with the “Magnificent 7” tech companies—representing the leading AI companies—accounting for over a third of the S&P 500. This is compounded by correlation risk from circular financial deals—such as Nvidia investing in OpenAI, which in turn buys Nvidia’s chips—a structure that critics argue ensures capital is misallocated.30

Figure 3—Select capital flows among six AI companies31
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This raises the stakes of the Madness myth far beyond a simple tech selloff, as the entire economic future of the U.S., and by extension the rest of the world, might depend on the fate of the hype—a precarity put on full display in early November 2025, when global stock markets fell sharply, driven by widespread fears that the AI bubble was finally bursting.32

The FOMO Policy Syndrome

Madness is not confined to financial markets; it echoes loudly in the corridors of power. Governments have rolled out the red carpet for AI firms, sometimes relaxing regulations in their hurry to attract investment.

The United Kingdom’s AI White Paper, published in March 2023, pointedly avoided creating new rules, instead suggesting that existing regulators could figure out AI governance on their own.33 The rationale? Don’t stifle innovation with premature rules.

France positioned itself as the “startup nation” for AI, offering tax breaks and streamlined visa processes for AI researchers.34 Singapore launched a billion-dollar AI initiative, despite having a population smaller than that of most major cities.35 The city-state’s leadership explicitly framed the investment as necessary to avoid being left behind in the AI race.

Policy based on fear of missing out (FOMO) creates competitive deregulation in a race to offer the most business-friendly environments. The result is a race to the bottom where meaningful oversight becomes politically difficult, if not impossible.

Such a mindset is evident in the rhetoric of an arms race, which transforms technological development into a geopolitical contest. When Russian President Vladimir Putin declared in 2017 that “whoever leads in AI will rule the world,”36 he identified a competitive dynamic that has since shaped national AI strategies. China’s response to Google-built AlphaGo’s victory over Go champion Lee Sedol is a perfect illustration. The match was immediately labeled China’s “Sputnik moment,”37 sparking a massive national AI program with clear goals: lead the world in AI theory by 2025 and achieve major breakthroughs by 2030.

U.S. policymakers responded with predictable urgency. The 2018 National Defense Authorization Act established the Joint Artificial Intelligence Center (now integrated into the Chief Digital and Artificial Intelligence Office) specifically to ensure military AI superiority.38 The 2021 National Security Commission on Artificial Intelligence warned that the United States faced an “AI winter” if it did not dramatically increase investment and remove regulatory hurdles.39

The race reached new heights in late July 2025, when the United States and China released parallel AI action plans within three days of each other. The timing may have been a coincidence, but the content exemplified the competitive madness. The Trump administration’s plan, titled “Winning the Race,”40 is a masterclass in policy FOMO. It explicitly frames AI as a “zero-sum global competition” and declares that the US and its allies must “win this race” to achieve “global dominance.” True to the principles of competitive deregulation, the plan abandons the previous administration’s safety-first approach in favor of an innovation-first strategy, vowing to repeal “burdensome regulations” and to pressure allies to align with its laissez-faire model.41

China’s Global AI Governance Action Plan, announced at the World AI Conference in Shanghai, played a different tune but was part of the same orchestra.42 Where the US plan is overtly adversarial, Beijing’s is rhetorically collaborative, emphasizing an inclusive, multilateral approach via the United Nations and positioning China as a voice for the Global South. Yet, this cooperative language masks a familiar ambition. While the United States seeks dominance through market power and a proprietary tech stack, China aims to embed its own state-centric governance model into global standards through strategic diplomacy.43 The result is that one nation is racing to tear down the guardrails, while the other is racing to build the road. Both are sprinting, driven by the same fear of being left behind, and in the process, ensuring the madness goes global.

The problem with governments treating AI development like an arms race is that they misunderstand the nature of AI. Unlike nuclear weapons, AI capabilities are not a zero-sum game. When China develops better natural language processing, it doesn’t eliminate the United States’ ability to build similar systems. AI research is cumulative and often benefits more from open collaboration than from secretive competition. This reality is evidenced by the open-source nature of some parts of the industry, where foundational research papers are published immediately and many leading models are publicly available, allowing competitors to replicate and build upon each other’s work rapidly. The arms race framing creates an artificial sense of scarcity, prompting policy responses rooted in competitive fear rather than collaborative opportunity. The analogy is especially misleading because the goal of the AI race is not to build a secret weapon to be held in reserve, but to deploy commercial technologies whose value increases with widespread use.44

The Infrastructure Madness

While many focused on the software side of the AI revolution, a parallel surge was happening in the hardware world, driven by data center demand. Companies rushed to build massive facilities capable of housing thousands of GPUs, leading to a construction boom.

Microsoft alone planned to spend $80 billion on data centers between 2024 and 2025,45 with Amazon, Google, and Meta announcing similarly ambitious expansion plans. Once again, the shovel-selling analogy holds. While AI companies competed to build the most impressive models, real estate developers and construction firms profited from the infrastructure boom on the sidelines.

The surge in data centers strained local power grids46 and sparked conflicts with communities over energy and water use, as well as broader environmental impacts. The energy implications, in particular, once overlooked, are now staggering and are completely rewriting national energy plans. The International Energy Agency (IEA) projects that by 2030, global data center electricity demand will more than double to 945 TWh, surpassing the entire current electricity consumption of Japan.47 In the U.S. alone, 2024 data center consumption was already equivalent to the annual demand of Pakistan.48 This insatiable demand is forcing a hard reversal on decarbonization goals, as utilities delay the retirement of coal-fired plants49 and plan new natural gas facilities to meet the shortfall. In a stark illustration of this new reality, Microsoft is even reopening part of the Three Mile Island nuclear power plant to provide carbon-free energy for its AI operations.50

Ireland provides a cautionary tale. The country’s favorable tax policies and cool climate made it attractive for data center investment, but by 2023, data centers accounted for more than 20% of Ireland’s electricity consumption.51 The government was forced to impose a moratorium on data center construction in the Dublin area, effectively acknowledging that the infrastructure rush had outpaced the country’s ability to provide sustainable power.

Yet, even as infrastructure constraints became apparent, policymakers worldwide continued to offer incentives for AI companies to locate in their jurisdictions. Intel received $8.5 billion in subsidies to build semiconductor fabrication facilities in different U.S. states,52 while Taiwan Semiconductor Manufacturing Co. was granted $6.6 billion for its U.S. operations in Arizona.53 These investments were justified partly as necessary for AI competitiveness, but they also reflected a FOMO-driven bidding war between states and countries.

Moral Panic and Dystopian Fears

If the digital gold rush is the madness of uncritical enthusiasm, moral panic based on irrational fear is its twin. Whereas hype cycles push societies toward reckless adoption, moral panics drive them toward reactionary prohibition. Both forms of madness share the same problem in that they replace careful analysis with emotional response, and the results are equally damaging.

The pattern is depressingly familiar. Throughout history, innovations have triggered moral panics that far exceeded any actual risks. Comic books were blamed for juvenile delinquency in the 1950s. Rock music was supposedly corrupting youth in the 1960s. Video games were demonized as training simulators for violence in the 1990s. Each panic followed the same script of dramatic warnings about civilization-threatening doom, calls for immediate government action, and eventually, the quiet recognition that the fears were wildly overblown.

Panic about AI follows this established playbook, but with a contemporary twist that makes the fear feel more potent. The sophistication of modern AI systems provides just enough genuine capability to make apocalyptic scenarios seem plausible, even when they remain highly speculative. This creates a sci-fi feedback loop, where fictional portrayals of AI in movies and books shape public perception, which in turn shapes policy responses to real-world technology.

The Deepfake Apocalypse That Wasn’t

The election deepfake panic of 2019 and 2020 serves as an illustration of how technical possibilities can spiral into policy panic, resulting in legislation that addresses phantom problems while real issues continue to fester.

The script began predictably enough. As computer scientists demonstrated increasingly sophisticated face-swapping technology, academic papers warned of an impending “epistemic apocalypse” where truth itself would become unknowable.54

Central to these warnings was the clever and troubling concept of the “liar’s dividend.” Coined by U.S. law professors Robert Chesney and Danielle Citron, the theory posits that the most insidious threat is not that people will believe the fake content. Rather, it was that bad actors could use the mere possibility of a deepfake to discredit authentic evidence, dismissing genuine audio or video of their own misconduct as a sophisticated fabrication.55 In this scenario, accountability evaporates in a fog of plausible deniability, eroding the shared reality on which democratic debate depends.

The media, naturally, amplified such fears. Headlines proclaimed that deepfakes would “wreak havoc on society”56 and usher in an “age of paranoia.”57 Each new technical demo seemed to confirm that democracy itself was under siege.

However, the panic narrative then collided with a more mundane reality. When researchers examined the online misinformation circulating during the 2020 election, deepfakes played a minimal role in election-related deception.58 Old-fashioned manipulation, including the use of misleading statistics, out-of-context images, and straightforward false claims, remained far more effective. The disconnect was stark, and a comprehensive analysis revealed that more than 90% of deepfake videos online were non-consensual pornography targeting women, not political disinformation.59 The real, immediate harm was not to election results, but to the lives of ordinary people, overwhelmingly women.

Despite this empirical vacuum, the policy response was both swift and sweeping. California rushed to ban deepfake political videos within sixty days of the elections,60 while Texas criminalized deepfakes intended to harm candidates or influence elections.61 Congressional hearings treated the technology as equivalent to weapons of mass destruction,62 while intelligence agencies warned of foreign interference deepfake campaigns that never materialized at scale.

The Defense Advanced Research Projects Agency (DARPA) launched the $68 million MediFor63 and SemaFor64 programs to develop deepfake-detection technology, treating the threat as a national security priority on par with biological weapons or cyber warfare. The goal was to combat “large-scale, automated disinformation attacks” that existed primarily in the realm of speculation.

The irony, of course, is that while policymakers were busy building defenses against a phantom menace, genuine threats began to emerge in ways the laws driven by panic had not anticipated. Slovakia’s parliamentary election of September 2023 marked a turning point when a deepfake audio recording surfaced just two days before the vote, allegedly capturing opposition leader Michal Šimečka discussing election fraud.65 The fake audio emerged on Telegram and quickly spread to TikTok, YouTube, and Facebook, despite fact-checkers’ attempts to contain it.

In 2024, the global election cycle brought more examples of deepfake interference. In January, thousands of New Hampshire voters received AI-generated robocalls in U.S. President Joe Biden’s voice, urging Democrats not to vote in the state’s primary.66 Yet even as these first high-profile cases emerged, comprehensive analysis revealed that “the feared wave of deceptive, targeted deepfakes didn’t really materialize.”67

The evolution from hypothetical threat to real-world tactic has since accelerated. In late October 2025, just days before Ireland’s presidential election, a convincing deepfake audio clip of candidate Catherine Connolly circulated widely on social media, appearing to show her announcing her withdrawal from the race.68

That same week, the elections in the Netherlands provided a stark example of a different, cruder AI tactic. Fake, AI-generated images of center-left leader Frans Timmermans were circulated on Facebook, depicting him being arrested and giving money to a Muslim couple.69 The images, posted by members of a rival political party, functioned as modern propaganda, using AI not for high-tech deception but for low-brow character assassination.

In the United States, this trend shifted from fringe attacks to mainstream strategy. President Donald Trump’s 2025 campaign fully embraced AI-generated content on his Truth Social platform. His account frequently posted AI-generated images depicting him in fantastical scenarios—as a crowned king, a Nobel Peace Prize winner, or a warrior.70 This strategy used AI not to deceive voters but to entertain them and reinforce his persona as a larger-than-life figure. This tactic has been recently mirrored by opponents, with California Governor Gavin Newsom’s press office using AI-generated images to mock President Trump in a similar, meme-driven style.71

This created a bizarre new political dynamic: politicians were simultaneously using AI as a propaganda tool while also signing legislation to regulate its “dangers.”72 The panic over deceptive deepfakes had missed the more immediate reality: AI was being laundered into the political mainstream as spectacle, blurring the lines between satire and propaganda.73

The Children Are Always in Danger

Nothing ignites a tech moral panic quite like the cry to protect the children, and AI has been no exception. When ChatGPT launched in late 2022, schools across the United States reacted almost instantaneously, shutting down access before any systematic study had been proposed. The New York City Department of Education banned ChatGPT on every school device on January 10, 2023, warning that it could “undermine student learning,” despite lacking evidence of widespread misuse or clear harm.74

Seattle Public Schools followed suit, blocking the tool on all district hardware to “require original thought and work from students.”75 Within weeks, districts from Los Angeles to Baltimore issued similar bans, invoking fears of a cheating epidemic rather than exploring potential educational benefits.76 This was a moral panic in miniature, and a commercial opportunity for others.

Detection tool vendors rushed to fill the panic-driven void. Turnitin activated its AI-writing detector in April 2023, claiming it could nearly flawlessly flag 97% of GPT-3 and ChatGPT submissions with a lab-tested false-positive rate of less than 1%.77 By January 2024, it had scanned more than 200 million student papers, despite educators’ warnings that its false positives could unjustly penalize students. The U.S.-born panic quickly crossed borders. In Australia, schools imposed similar bans mainly based on U.S. media coverage.78

Then, as often, the researchers caught up, and they unpacked a much more nuanced picture. A randomized controlled trial at Stanford found that students using an AI-powered tutor learned more than twice as much in half the time as they did in traditional active-learning classes and reported a deeper conceptual understanding.79 Surveys from other institutions showed that most students were using AI not as a ghostwriter, but as a partner for brainstorming, editing, and clarifying their own thinking.

It is an ancient fear and a familiar pattern. In Phaedrus, Plato—ironically, through the written word—warned that the invention of writing itself would “implant forgetfulness” in learners’ souls. He feared they would come to rely on external marks rather than their own internal resources, achieving only the “semblance of wisdom” rather than true understanding.80

In the 1970s and 1980s, pocket calculators were denounced as a crutch that would erode basic arithmetic skills; several U.S. states barred them from standardized tests.81 A similar panic erupted over video games after the 1993 U.S. Senate hearings on violent titles like Mortal Kombat, where senators warned of “graphic gore” harming young minds despite scant evidence linking gameplay to real-world violence.82

Across all these cases, the same script unfolds of hasty reactions, worst-case framing, solutions marketed by profit-seeking vendors, and legislation dashing ahead of balanced, empirical research.
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CHAPTER 5

MYTH #3 – HEAVEN

WHEN TECHNOLOGY IS SOLD AS SALVATION

The whiplash between euphoria and dread is exhausting. A society cannot function in a permanent state of Madness. This chaos is precisely the moment the third myth enters, offering the promise of salvation.

The prophets of the Heaven myth arrive to provide a grand narrative for the frenzy. They frame the “gold rush” as a righteous quest and the “moral panic” as the necessary trial before deliverance. Technology ceases to be merely powerful—it becomes sacred. AI is framed as the force that will fix what humans cannot. However, faith in digital redemption carries its own dangers, as it replaces politics with prophecy. This chapter explores how that myth of Heaven transforms innovation into ideology and progress into dogma.

Algorithmic Redemption

If Chapter 3 revealed how we mythologize AI systems as magical and superhuman entities, this Chapter examines a deeper phenomenon: the transformation of AI into an object of quasi-religious faith. This technological theology doesn’t merely mystify how AI works; it sanctifies what AI promises to become. Where the magical approach focuses on AI’s immediate capabilities, salvation narratives project those capabilities into a future where technology transcends the messy, imperfect business of human governance entirely.

A theological dimension is clearly visible in the language of AI’s most prominent evangelists; it is a language of prophecy, not product development. When Altman describes AGI as humanity’s “final invention,” he’s not offering a technical roadmap but what some could interpret as a prophecy of technological rapture.1 When Google’s former CEO Eric Schmidt proclaims that AI represents “the most important thing that’s going to happen in about 500 years, maybe 1,000 years in human society, and it’s happening in our lifetime,”2 skeptics could argue that sounds like salvation through silicon. When futurist Ray Kurzweil proclaims that AI will enable humans to surpass biological limitations, achieving something approaching immortality through technological merger, he sounds less like a researcher and more like a herald of a digital afterlife.3

Such framing creates what scholars term “techno-theodicy,” which is the belief that any apparent problems with AI systems must serve higher purposes in an inevitable march toward digital paradise.4 Just as traditional theodicy explains suffering as part of a divine plan, this dogma rationalizes algorithmic harms as necessary growing pains on the path to an automated utopia. Present inequalities, surveillance overreach, and the erosion of democratic norms become acceptable costs for a future transcendence that technology will, one day, deliver.

The salvation narrative operates on three core doctrines of faith. First, the belief in inevitable progress, which treats AI development as a force of nature rather than the result of a series of human choices, making resistance seem both futile and foolish. Moore’s Law becomes moral law, and technological advancement represents not just possibility but obligation. Second, the belief in transcendent optimization whereby AI will eventually solve problems that have plagued humanity throughout history, from scarcity to mortality. Finally, the doctrine of necessary faith demands that society trust in AI’s benevolent trajectory, even when the evidence of current harms suggests otherwise.

Together, these beliefs create a policy environment where democratic oversight seems not just unnecessary but actively counterproductive. If AI development is inevitable and its destination is paradise, then regulation is simply misguided interference. If AI will eventually transcend human limitations, then present problems pale in comparison. And if faith in AI’s benevolence is required to realize its potential, then criticism becomes a form of technological heresy.

The Gospel of Innovation

The salvation narrative borrows heavily from prosperity theology,5 promising that faith in technological progress will be rewarded with material abundance and social advancement. Silicon Valley’s venture capital ecosystem exemplifies this gospel, where disruptive innovation becomes a form of secular prayer and successful IPOs represent divine blessing on technological faith.

This prosperity theology manifests most clearly in the promise that AI will create unprecedented economic growth that benefits everyone. Founder of the World Economic Forum, Klaus Schwab, describes a Fourth Industrial Revolution in which AI-driven automation is not a threat to employment but a pathway to universal prosperity.6 The narrative promises that while AI may eliminate some jobs, it will create jobs that are more fulfilling, creative, and well-compensated than ever.

Yet this gospel consistently avoids difficult questions about distribution and power. If AI creates enormous wealth, who will control it? If automation increases productivity, who will benefit? If new technologies eliminate traditional employment, what social safety nets will support displaced workers during transition periods that may last decades? The salvation narrative treats these as technical problems that future innovation will solve rather than political questions requiring democratic deliberation.

The cryptocurrency movement illustrates how this prosperity theology operates in practice. Bitcoin and other digital currencies were initially promoted not just as alternative monetary systems but as pathways to financial liberation that would free individuals from government control and traditional banks.7 Early evangelists promised that cryptocurrency adoption would democratize finance, eliminate economic inequality, and create prosperity.

The reality proved more complex. While some early adopters achieved significant wealth through cryptocurrency speculation, the broader promises of financial democratization remained largely unfulfilled. Instead of eliminating traditional power structures, cryptocurrencies often replicated them: wealthy individuals and institutions accumulated the largest holdings, energy-intensive mining operations concentrated in regions with cheap electricity, and market manipulation by large players created volatility that harmed smaller investors.

More troubling, the prosperity gospel of cryptocurrency led to policy environments where regulatory oversight was dismissed as interference with inevitable technological progress. When lawmakers proposed consumer protections or market regulations, cryptocurrency evangelists characterized them as attacks on innovation rather than legitimate democratic efforts to prevent fraud and protect the most vulnerable.

The Doctrine of Algorithmic Objectivity

Another core tenet of the Heaven myth is faith in Algorithmic Objectivity—the doctrine that algorithms are not just capable (as the Magic myth claims), but inherently better and purer than flawed human judgment.8 This belief holds that because AI optimizes for efficiency and consistency, it naturally eliminates human failings such as bias and corruption, thereby promising inherently more just and effective outcomes by removing humans from the loop.

Perhaps the most literal illustration of this faith in algorithmic purity is Albania’s appointment of a virtual AI “minister” in September 2025. Prime Minister Edi Rama tasked the AI, named “Diella,” with the explicit goal of fighting corruption by overseeing public tenders and procurement. The Prime Minister’s claim that Diella would ensure “public tenders will be 100% free of corruption” embodies the doctrine of algorithmic objectivity, trusting a complex, deeply human political problem to an algorithm in the hope of achieving a purity that human institutions have failed to deliver.9

This doctrine also transpires in discussions of AI applications in criminal justice, where proponents argue that algorithmic risk-assessment tools will reduce bias and enhance public safety by replacing subjective human judgment with objective statistical analysis.10 The theory suggests that judges and parole officers, despite their experience and training, introduce bias and inconsistency that mathematical models can eliminate. In this case, the analysis rests on a misunderstanding of both algorithms and justice. Algorithmic systems reflect the biases present in their training data and in how the models are built, often amplifying discriminatory patterns. When predictive policing risk assessment tools such as PredPol11 and the Correctional Offender Management Profiling for Alternative Sanctions (COMPAS)12 show higher false positive rates for Black defendants, this represents not algorithmic objectivity but mathematical encoding of historical discrimination.13 Algorithmic objectivity mischaracterizes justice as an optimization problem rather than an ongoing process of democratic deliberation about competing values. Criminal justice is much more than predicting recidivism. It involves balancing public safety against individual liberty, rehabilitation against deterrence, and efficiency against due process. An algorithm cannot resolve value conflicts because they represent disagreements about social priorities that require democratic resolution.

The doctrine extends to education, healthcare, employment, and social services, consistently promising that algorithmic decision-making will improve outcomes by eliminating human limitations. Educational AI will personalize learning more effectively than human teachers. Healthcare AI will diagnose diseases more accurately than human physicians. Employment AI will identify qualified candidates more fairly than human recruiters.

Each application follows the same faith-driven pattern: identify limitations in current human-centered processes, promise that algorithmic alternatives will eliminate them, and frame resistance to automation as opposition to progress itself—pure heresy.

Digital Manifest Destiny

The salvation narrative sometimes also incorporates elements of Manifest Destiny thinking,14 treating technological expansion as a natural right that justifies displacing existing institutions and practices. Just as nineteenth-century belief in Manifest Destiny portrayed westward expansion as the inevitable expression of U.S. values, Digital Manifest Destiny treats technological adoption as a natural evolution that serves a higher purpose, regardless of the immediate costs.

Digital expansionism appears clearly in discussions of AI governance, where Silicon Valley leaders consistently argue that U.S. technological leadership serves global interests because U.S. values of innovation and entrepreneurship will guide AI development in beneficial directions.15 Schmidt’s National Security Commission on Artificial Intelligence exemplified this thinking by framing AI competition with China as a struggle between democratic and authoritarian values.16 While legitimate concerns exist about authoritarian applications of AI surveillance and control, Schmidt’s framing suggested that U.S. technological dominance naturally serves democratic purposes, regardless of how AI technologies are actually deployed.

The narrative suggests that concentrating AI development in U.S. companies represents not corporate capture of public technology, but a natural expression of democratic values that will benefit humanity universally. It conveniently obscures how U.S. companies have sometimes pursued projects that enable authoritarian practices when doing so aligns with political or commercial interests. Google’s Project Dragonfly, which aimed to create a censored search engine for the Chinese market, and Amazon’s marketing of its facial-recognition system, Rekognition, to law enforcement, both reveal how moral narratives can bend to expediency. Similarly, Microsoft’s partnerships with Immigration and Customs Enforcement (ICE) demonstrate how AI tools can reinforce surveillance at home, not just abroad.

These examples underscore a long-standing tension between the rhetoric of technological salvation and the realities of power. The U.S. has often cast its technological expansion as a civilizing or liberating force, yet such narratives have historically served national and corporate interests rather than universal democratic ideals. The nineteenth-century zeal of Manifest Destiny found new expression in the twenty-first-century Silicon Valley’s proclaimed belief in progress through innovation. But as with its predecessors, the question remains: who is being “saved,” and at whose expense?

The Altar of AGI

These salvation doctrines all converge on a single, ultimate promise (though some would see it more as a threat): the arrival of AGI. This is the promised land, the point on the horizon where today’s narrow, task-specific systems evolve into something with human-like cognitive abilities across the board. AGI is the machine that can reason, plan, learn, and create with the same breadth and flexibility as a person. It’s the stuff of science fiction, the digital equivalent of alchemy, and it is the central pillar supporting the salvation narrative.

However, the AGI described by its prophets does not exist. It is a speculative future, not a present reality or even a foreseeable one. What exists today—for all their impressive capabilities—are highly specialized systems that excel at specific tasks. They are excellent mimics, not independent minds. LLMs are sophisticated parrots with a PhD in probability, brilliant at predicting the next word in a sequence based on patterns ingested from vast datasets. They are not thinking; they are calculating probabilities.17 As OpenAI CEO Altman admitted in 2023, “AI tools are “very good at doing tasks” but terrible at doing whole jobs.”18 The key is to see the tool for what it is, not what the hype claims it will be.

The leap from the narrow AI of today to a hypothetical AGI isn’t a simple matter of more data or faster chips. It represents a qualitative jump for which we currently have no established scientific theory or clear engineering path.19 There is no known roadmap from building a better autocomplete to building a conscious entity. To suggest otherwise is not a technical projection; it is an article of faith.

Hence, the recent pronouncements from tech leaders are all the more revealing. When Mark Zuckerberg claims that “developing superintelligence is now in sight,”20 the assertion should be seen less as a scientific assessment and more as a strategic maneuver. Such statements are often inflated for competitive reasons, part of a predictable pattern where CEOs issue grand manifestos during moments of existential business crisis. It carries the same “breathless, reality-distorting tone” that characterized his metaverse pivot, another moonshot announced to shift a negative narrative.21 This pattern of grand, salvation-oriented pivots is not limited to AGI or the metaverse. In November 2025, the Chan Zuckerberg Initiative announced a new, $1 billion Biohub project with a goal that is a pure distillation of the Heaven myth: to “cure, prevent or manage all diseases” by building AI models of cells. This initiative, rooted in the faith that AI can “simulate the potential impact of any drug . . .on any cell,” recasts the fundamental human challenge of mortality as an engineering problem to justify massive, speculative investment.22

In some cases, the AGI story is not just a defensive play. For companies such as OpenAI, the AGI narrative forms the core of their business proposition—a story that some consider designed to inflate valuations and frame their work as a world-historical mission rather than mere product development.23

The obsession with a speculative future could come at a steep, immediate price. While Silicon Valley drifts out of touch, fixated on the holy grail of AGI,24 its primary geopolitical competitor, China, remains ruthlessly pragmatic. Beijing is not chasing technological ghosts; it is focused on deploying current AI technologies across its economy and society. Where Silicon Valley evangelizes AGI, Beijing’s national strategy prioritizes the integration of narrow AI into specific, vertical applications—from industrial robotics and smart city infrastructure to financial services and autonomous logistics.25 This creates a dangerous paradox: by worshipping a future that is not here, the West risks falling behind in the race that is happening right now.

AGI is convenient for its evangelists because it achieves two critical goals. First, it justifies the enormous concentration of capital and resources required to pursue it, framing investments not as speculative bets but as a moral imperative for the future of humanity. Second, it deflects attention from the real, immediate, and often mundane harms of current AI systems.26 It is far more exciting to debate the existential risk of a hypothetical superintelligence than it is to grapple with the discriminatory outcomes of a biased hiring algorithm or the privacy implications of a new surveillance tool.

Oracles of Silicon Valley

Technological faith doesn’t spread on its own; it needs prophets who do not simply make predictions but create interpretive frameworks that make their version of the future seem inevitable, positioning any other path as misguided or dangerous. The salvation narrative thus gains its power through charismatic leaders who assume these prophetic roles, promising that their particular vision of AI will deliver humanity from its struggles. Instead of corporate executives, they profile themselves as visionaries.

The Musk Paradox: Salvation Through Struggle

Entrepreneur Elon Musk offers a masterclass in this model through his dual role as AI alarmist and AI developer. His warnings about AI as humanity’s “biggest existential threat” paradoxically enhance his authority when proposing AI solutions through companies such as Neuralink and xAI.27 The apparent contradiction resolves within the logic of salvation: only those who understand AI’s true power can guide humanity safely toward technological transcendence. Musk’s authority operates through “productive paranoia:”28 the creation of a fear that positions the prophet as a necessary solution to threats he simultaneously identifies and claims a unique ability to address.29 When Musk warns that AGI could destroy humanity, he establishes his credibility as someone who understands existential risks that others ignore or underestimate. When he then proposes brain-computer interfaces as a means of protecting against AI supremacy, his earlier warnings serve as the foundation for his technological solutions.

His Neuralink project illustrates how this authority transforms a speculative technology into a moral imperative. Musk’s endeavor to create brain-computer interfaces that will enhance human cognition enough to remain competitive with AI assumes both that such enhancement is technically feasible and that competition with AI represents the primary challenge facing human societies.30 Neither assumption has strong evidentiary support, yet prophetic framing makes questioning them seem either technically naive or morally irresponsible.

More subtly, the Neuralink narrative embodies techno-theodicy by reframing present suffering as a necessary motivation for future transcendence. Paralysis, depression, cognitive limitation, and other neurological conditions are no longer just medical challenges requiring treatment, but evidence of a fundamental human inadequacy that only technology can overcome. The timeline for these enhancements remains perpetually deferred, while current interventions require immediate faith and financial support from investors and regulators who trust in the vision, rather than the demonstrated results.

This model creates a policy environment in which any criticism of a specific technological approach is conflated with backward-looking opposition to human enhancement itself. When researchers question the safety or feasibility of brain-computer interfaces, salvation narratives reframe these concerns as Luddite resistance to inevitable progress rather than legitimate scientific skepticism about unproven technologies.

The Altman Revelation: Benevolent Artificial General Intelligence

Altman’s leadership of OpenAI represents perhaps the most sophisticated example of technological prophecy in contemporary AI discourse. His positioning of AGI as humanity’s final invention creates apocalyptic urgency around AI development while simultaneously promising that proper stewardship will deliver unprecedented benefits.31 His company’s mission statement is dripping with salvation rhetoric: “to ensure that artificial general intelligence benefits all of humanity.”32 This framing transforms corporate product development into a cosmic mission that transcends ordinary business considerations.

This duality is literally baked into its complex corporate structure, which was formalized in October 2025.33 The new arrangement divides the entity into a for-profit public benefit corporation, known as the “OpenAI Group,” and a nonprofit organization, referred to as the “OpenAI Foundation.” This structure is strategically convenient: the Foundation, which holds a 26% stake and appoints the board, allows the company to maintain its appearance of pursuing an altruistic, world-serving mission.34 Simultaneously, the for-profit Group—which was necessary to secure massive investments and is 74% owned by Microsoft, employees, and other investors—is free to pursue the commercial returns that prioritize shareholder value.

Much like Musk, Altman’s prophetic authority operates through a carefully managed balance of promise and peril, positioning OpenAI as uniquely qualified to navigate toward a beneficial AGI. His warnings about AI alignment challenges and existential risks establish credibility as someone who takes seriously the dangers that others might ignore. His simultaneous promises about AGI’s potential to solve climate change, eliminate poverty, and extend human lifespan create stakes high enough to justify giving some leeway to his company’s development timeline and safety protocols.

The release of ChatGPT showcased this strategy in action. It was presented not as an incremental improvement in large language modeling, but as a significant leap toward AGI that would transform our relationship with creativity and information.35 The system’s impressive capabilities in certain domains provided apparent validation of these prophetic claims, deflecting attention from the limitations and risks that only became apparent after widespread use.

More concerning is how this strategy can be used to co-opt democratic oversight. By creating internal bodies such as a “Preparedness Framework” and a “Safety Advisory Board,” the company projects an image of responsible self-governance and maintains corporate control over its safety evaluation processes.36 By positioning itself as more committed to safety than external regulators, some critics have claimed that OpenAI discourages democratic oversight while maintaining public trust through efforts they label “security theater.”37

The Quiet Emperor: The Scientific Prophecy of Demis Hassabis

If Musk is the prophet of doom and Altman the beguiling shepherd, Demis Hassabis of Google DeepMind offers another flavor of prophecy: the quiet emperor. Where Musk and Altman engage in public theatrics, Hassabis projects an aura of serene inevitability. His vision of AGI is less a dramatic revelation and more a steady, inexorable march of scientific progress, backed by the near-limitless resources of the Google empire. His persona was so compelling that it drove Musk to cast Hassabis as a “supervillain who needed to be stopped,”38 framing the creation of OpenAI itself as a moral crusade against DeepMind’s perceived evil.

Hassabis’s prophetic power lies in his very quietness. By framing the pursuit of AGI as a matter of pure scientific destiny, he subtly positions it as a domain for experts within powerful, well-resourced institutions, not a subject for messy public debate. And this prophecy comes with proof. When his AlphaFold program solved the 50-year-old grand challenge of protein folding, it was not just a corporate win; it was a Nobel Prize-winning triumph that cemented his status as a genuine oracle.39 The message is devastatingly effective: if his methods can solve the riddles of biology, who can argue when he claims they will soon solve intelligence itself?

The message to policymakers is implicit but powerful: AGI is coming, and its development is best left in the hands of those who, like him, are already building the future. It is a form of authority that trades the missionary’s zeal for the emperor’s quiet confidence, yet it serves the same function of making democratic governance seem irrelevant in the face of history’s grand scientific sweep.

The Anthropic Constitution: Technical Salvation Through Moral Machines

Anthropic’s position offers a more subtle message. Through its emphasis on “AI safety” and “constitutional AI”, it presents commercial development as a moral mission.40 By framing profit-driven research as an altruistic service to humanity’s future, Anthropic transforms business competition into a higher purpose that serves the greater good beyond market success.

A “constitutional AI” approach promises to embed human values directly into AI systems via training processes that teach models to identify and avoid harmful outputs.41 This technical approach to value alignment appeals to an engineering mindset that prefers algorithmic solutions to moral problems. Nevertheless, it makes a profound theological claim: that human values can be formalized mathematically and implemented through optimization processes. It treats deep-seated value conflicts over issues such as freedom of speech or privacy as engineering problems to be solved rather than as ongoing processes of democratic deliberation. When different groups disagree over appropriate content policies, hate-speech boundaries, or privacy protections, constitutional approaches seek technical solutions that eliminate the need for continuous political negotiation. The promise of solving value alignment reflects a belief that moral questions have optimal answers, discoverable with sufficient technical sophistication.

Anthropic’s prophetic authority operates through a studied contrast with more aggressive AI developers who seem less concerned with safety considerations. By positioning themselves as the responsible alternative to reckless AGI development, Anthropic gains regulatory sympathy and public trust.42 Its safety-focused messaging provides cover for rapid capability advancement that might otherwise trigger more skeptical regulatory responses.

The Academic Prophet: Yoshua Bengio and Redemptive Research

The prophetic model is not limited to the corporate world. It extends into academic research through figures including Yoshua Bengio, whose evolution from technical researcher to AI safety advocate illustrates how scientific authority can transform into moral guidance.43 Bengio’s warnings about existential risks from AGI carry particular weight precisely because they come from someone widely recognized as a foundational contributor to deep learning research.

His authority operates through a narrative of apparent reluctant wisdom as the technical expert who discovers moral obligations that transcend narrow research interests. His calls for AI moratoriums and international governance frameworks position him as a scientist-prophet who recognizes dangers that others in his field either ignore or underestimate.44 The implication is that deep technical expertise naturally leads to superior moral insight about how technology should be governed.

Yet this positioning conceals how his policy recommendations can serve particular institutional and commercial interests within the AI research ecosystem. Calls for development moratoriums benefit researchers at established institutions who have already achieved significant capabilities while potentially disadvantaging newer entrants who lack comparable resources. At the same time, national and international governance frameworks led by academic experts could institutionalize the authority of current AI research elites. When Bengio testifies before government committees on AI risks and benefits, his scientific credentials lend support to policy recommendations on social priorities and values, matters that also require public deliberation. The academic prophet model, as a result, can create policy environments where technical expertise is conflated with moral authority, subtly undermining democratic governance.

How Institutions Amplify the Prophets

AI prophets do not preach in a vacuum. They are well-funded and are amplified by powerful institutions in society. Understanding technological prophecy requires looking beyond individuals to the structures that elevate their voices. Political leaders consistently feature tech executives as primary witnesses in hearings on AI regulation rather than shining the spotlight on representatives of affected communities or independent researchers without commercial interests.45 When Altman testified before the U.S. Congress, lawmakers treated him less as a corporate representative with a vested interest than as a neutral expert whose technical knowledge qualified him to design governance frameworks for his own industry.46

This deference to the prophetic class is not unique to the United States; it is a core feature of the global “Policy Machine.” A stark example emerged in November 2025, when over 150 leading scientists and AI researchers, including members of the UN’s AI advisory body, published an open letter calling on European Commission President Ursula von der Leyen to retract “unscientific and inaccurate” statements about AI.47

In a major speech, President von der Leyen repeated industry talking points in May 2025, claiming that AI would “approach human reasoning already next year,” a feat previously forecast for 2050.48 A freedom of information request revealed that her source was not scientific literature, but rather the “marketing statements” of tech CEOs, including Sam Altman, Dario Amodei, and Jensen Huang.

The scientists’ letter directly attacked this amplification, labeling her claims “baseless AI hype” and “marketing statements driven by profit-motive and ideology rather than empirical evidence.” They warned that this “policy-making by hype”—a perfect illustration of a policy hallucination—distracts from “real, existing harms” and risks “wasting public funds” while fueling a “significant speculative bubble.” This incident is the Heaven myth in action: a powerful political leader abdicating democratic diligence to amplify the salvation narratives of tech’s high prophets, uncritically.

Media coverage reinforces prophetic authority by treating technology industry predictions as newsworthy events, rather than corporate marketing, which requires careful analysis. When tech leaders make promises about AI’s future capabilities or warn of existential risks, journalists often report these claims as major developments, not always counterbalancing the spin with alternative perspectives from independent experts.

Academic institutions contribute to prophetic authority through research funding structures that heavily depend on industry support, creating incentives for researchers to align their work with corporate priorities rather than developing independent analyses that might challenge industry narratives.49 When university AI research relies on funding from tech companies, the resulting scholarship often supports rather than questions the salvation narratives that justify continued corporate development.

The venture capital ecosystem amplifies prophetic authority by treating successful technology entrepreneurs as visionaries whose insights extend beyond narrow business domains to encompass broader social and political issues. When venture capitalists such as Marc Andreessen publish essays about AI policy or Reid Hoffman speaks about democracy and technology, their commercial success lends credibility to claims about public policy that have little to do with their actual expertise.50

The Liturgy of Infinite Progress

Faith in a technology is not sustained by belief alone. Like any faith, it requires rituals that encompass regular, performative acts that reinforce its core tenets, foster a sense of community, and marginalize skeptical voices. These liturgical practices are where the salvation narrative moves from abstract promise to lived experience, deflecting attention from present harms by focusing the congregation’s eyes on a glorious, algorithmically redeemed future.

The Sacred Conferences

Technology conferences have become modern-day liturgical gatherings, where salvation narratives receive ritualistic reinforcement through carefully choreographed presentations that blend technical demonstration with moral inspiration. TED Talks are a great example, creating a sacred space where technology leaders can deliver prophetic messages about humanity’s digital future without the inconvenience of skeptical questioning.

The format embodies key elements of liturgical design and promotes the idea that complex social problems have simple, tech-based solutions, suitable for neat 18-minute-long presentations. The darkened auditorium creates an atmosphere of reverence, the elevated stage positions speakers as prophetic authorities, and the prohibition on questions replaces democratic dialogue with one-way revelation. The iconic red dot and carefully managed lighting reinforce the sacred character of the space, while the global livestream transforms a local event into a universal congregation, all participating in the same technological epiphany.51

Other technology conferences follow similar patterns. The Consumer Electronics Show (CES) in Las Vegas is an annual pilgrimage where technology companies unveil new products through presentations that associate product marketing with enthusiastic messaging.52 Apple’s product launch events established the template for such rituals, where new devices receive a reverential unboxing that treats incremental improvements as revolutionary breakthroughs.

Developer conferences such as Google I/O and Microsoft Build serve as denominational gatherings, where tech giants promote their visions of the digital future while reinforcing a shared, unshakable faith in technological progress.

The Ritual of Disruption

Silicon Valley culture has elevated disruption from a business strategy to a sacred ritual. While Clayton Christensen’s academic work on “disruptive innovation” provided the intellectual framework, the tech industry turned it into a liturgical practice and a celebration of institutional destruction as a necessary step toward digital salvation.53

The disruption ritual operates through a predictable narrative arc: identify inefficiencies in existing institutions, promise that technological alternatives will eliminate them, celebrate the displacement of traditional approaches as evidence of progress, and dismiss resistance as irrational attachment to obsolete systems. This liturgical pattern transforms corporate competition into a cosmic struggle between the future and the past.

Take Uber’s approach to taxi regulation. Rather than engaging with the democratic processes that created taxi licensing systems to address legitimate public concerns about passenger safety, vehicle maintenance, driver accountability, pricing, and service equity, Uber framed its regulatory violations as a heroic act of resistance against bureaucratic obstacles.54 The company’s messaging consistently portrayed taxi regulations as the corrupt protection of inefficient incumbents, not as an attempt to balance competing public interests. This narrative enabled Uber to mobilize user support against regulatory enforcement by framing government oversight as an attack on innovation itself.

Airbnb followed a similar liturgy, positioning short-term rental regulations—such as fire-safety requirements, insurance obligations, and zoning rules—as obstacles to sharing-economy innovation, rather than as safeguards aimed at striking a balance between tourism, safety, housing affordability, and neighborhood character.55

The disruption ritual creates policy environments in which existing institutions are forced to bear the burden of proof for their continued existence, while technological alternatives are presumed to be benevolent. Traditional taxi companies must justify their value, while ride-sharing platforms receive some leeway based on promises of future efficiency gains. Similarly, hotel regulations face scrutiny as obstacles to innovation, while short-term rental platforms operate with less oversight despite experts’ concerns about potential negative community impacts.

Data as Sacred Truth

The technological salvation narrative treats data collection and algorithmic analysis as forms of revelation that provide access to a truth unavailable through traditional human observation or democratic deliberation. This “data liturgy” confers sacred status on quantified measurement, marginalizing qualitative knowledge that resists algorithmic capture.

Google’s approach to search optimization offers a blueprint. The company’s algorithmic ranking systems treat user behavior metrics as if click-through rates and dwell time are the authoritative source of truth; its ranking systems dismiss editorial judgment or community standards as subjective bias that interferes with data-driven optimization.56

Facebook’s engagement metrics function as a similar ritual, treating user interaction data as a revelation about human social preferences and needs.57 The platform’s algorithmic systems optimize for engagement indicators, treating other values, such as accuracy, civility, and democratic discourse, as secondary considerations that matter only to the extent they affect measurable user behavior.

The data liturgy establishes a clear hierarchy of knowledge that privileges quantified measurement over experiential understanding, statistical correlation over causal analysis, and algorithmic optimization over democratic deliberation. When educational institutions adopt AI-driven assessment systems, they typically prioritize metrics that algorithms can measure and downgrade aspects of learning that resist quantification.

In healthcare, the promise of “data-driven medicine” treats quantified information as more reliable than a physician’s clinical judgment or a patient’s own narrative, despite evidence that effective medical practice requires contextual understanding that current AI systems cannot capture.58 The liturgy extends even to criminal justice, where risk-assessment tools treat statistical prediction as more objective than judicial discretion or community input about appropriate sentences and supervision levels.59 These systems embody faith that algorithmic analysis of historical data provides a better foundation for criminal justice decisions than democratic deliberation about punishment, rehabilitation, and public safety.

The Sacrament of Optimization

This liturgy of optimization confers sacred status on mathematical improvement, while treating resistance to efficiency gains as a moral failure. Amazon’s approach to warehouse automation illustrates this sacrament perfectly by treating worker productivity metrics as objective measures of operational effectiveness.60 The algorithmic management systems monitor employee performance through detailed measurements of movement, break time, and task completion rates, while treating worker autonomy and job satisfaction as secondary considerations that matter only insofar as they affect productivity metrics.

The liturgy extends to urban planning through smart city initiatives that promise to improve traffic flow, energy consumption, and service delivery through comprehensive algorithmic management.61 These systems treat quantified improvements in measurable outcomes as evidence of success while disregarding values such as privacy, community autonomy, or democratic participation that resist algorithmic optimization.

In education, algorithmic personalization promises to improve learning outcomes by tailoring instruction to student performance data.62 Measured academic progress is seen as the primary goal, while social development, critical thinking, or civic engagement are brushed aside.

The optimization sacrament creates policy environments where efficiency gains justify other costs, including job displacement, privacy erosion, and reduced democratic accountability. When algorithmic systems demonstrate measurable performance gains, these improvements receive a sacred status that makes questioning their broader social impacts appear irrational, if not heretical.

Thus, the Heaven myth constructs a powerful narrative of technological salvation, complete with prophets, rituals, and a promised land of algorithmic perfection. It encourages society to place its faith in inevitable progress guided by a technocratic elite, dismissing present harms as mere bumps on the road to utopia.
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CHAPTER 6

MYTH #4 – SIN

WHY WE BLAME MACHINES FOR HUMAN CHOICES

Faith in algorithmic salvation is brittle, for it makes promises no tool can keep. When the prophecies of Heaven fail, when the AI doesn’t cure all disease, when “benevolent automation” is revealed to be biased, and when “infinite progress” looks a lot like wealth concentration, that faith shatters. Betrayal and disillusionment set in. Blame must find a target.

Enter the myth of Sin, the fiction that casts technology as the villain rather than a mirror of human choices. This chapter examines how societies create digital scapegoats to absorb collective guilt, thereby conveniently absolving their own institutions of their failings.

The Seduction of a Simple Villain

According to the Bible, in ancient rituals, a goat was symbolically burdened with the sins of the community and cast into the wilderness to atone for the people’s failings.1 The ritual is alive and well, forming the fourth and final mythology that governs our technological age: the myth of Sin. Just replace goats with algorithms.

Where the myth of Heaven provides a savior, the myth of Sin provides a villain. It’s a story that casts technology as the primary source of our modern anxieties, a narrative of damnation to counter the promises of digital salvation. Both extremes serve the same function of redirecting our attention from the messy, systemic problems of our own making toward a simple, non-human culprit, thereby absolving human institutions of responsibility.

The seductive power of the concept of technological blame lies in its elegant simplicity. Is unemployment hollowing out communities? It must be the job-killing robots, not four decades of economic policies that favored capital over labor.2 Are we lonelier than ever? Blame addictive algorithms, not the urban planning that atomized communities, or the economic pressures that fractured families.3 Is democracy fraying at the seams? Scapegoat the polarizing platforms, and avoid the difficult conversation about campaign finance and institutional decay.4

Scapegoating follows a playbook that transforms complex social histories into simple technological fables. First, identify a deeply rooted social issue. Second, find a recent technological development that aligns with our growing awareness of the issue. Third, assert a causal link, often based on little more than correlation. Finally, propose a narrow, tech-focused solution that conveniently sidesteps any need for difficult structural reform.

Such logic operates on two scales. At its most spectacular, it presents an AI Overlord narrative, which portrays AI as an existential threat to humanity. This apocalyptic vision, championed by some prophets who promise a technological heaven, serves as the ultimate trump card. It transforms policy debates into species-level survival questions, demanding urgent action.5

More common is the Blame it on the Bots logic, which focuses on present harms rather than future catastrophes. It treats algorithmic systems as primary causes of social problems ranging from employment displacement to democratic erosion, instilling moral panic that demands swift regulatory responses without careful consideration of alternative explanations or unintended consequences.

Both narratives are powered by technological determinism, portraying technology as an autonomous force that shapes society, rather than a collection of tools reflecting the values, priorities, and power structures of the institutions that build and deploy them. This deterministic framing is politically advantageous, as it makes technological change appear inevitable while omitting the human choices that steer tech applications toward particular social outcomes.

The perfect scapegoat must be powerful enough to be blamed for our biggest problems, yet seem foreign enough that we do not recognize our own spawn. Technology fits the role perfectly. It appears to operate with its own arcane logic, allowing the human institutions that profit from it to claim innocence when its applications turn harmful.

A Litany of Sins: The “Killer” Narratives

The scapegoat rhetorical strategy transforms complex social changes into simple, emotionally charged stories of technological contamination that is destroying our institutions, relationships, and capabilities. Technology, we are told, is not just changing things: it is killing them, delivering a fatal blow to our institutions, relationships, or capabilities.6

AI as Job Killer

“The robots are coming for your job” is a headline that regularly pops up, introducing a story of an impending automation apocalypse where human labor is rendered economically obsolete. The narrative gained significant traction with studies, including Carl Benedikt Frey and Michael A. Osborne’s analysis of the U.S. labor market in 2013, which suggested that 47% of jobs were at high risk of automation within two decades.7 The study’s methodology, however, involved asking machine learning experts to evaluate whether specific occupational tasks could be automated using current or foreseeable technology, then extrapolating the assessments to entire job categories.

This brand of speculative forecasting often rests on surprisingly shaky foundations. For example, the widely cited Goldman Sachs 2023 report “The Potentially Large Effects of Artificial Intelligence on Economic Growth”8 based its dramatic predictions of job displacement on a simplistic rating of task difficulty. The analysis assumed that if a task scored low enough on its scale, it could be automated away. The problem was that tasks such as “Check to see if baking bread is done” and “Complete tax forms for a small business” were among those deemed ripe for replacement. This methodology not only reveals a profound misunderstanding of the contextual judgment such jobs require,9 but it also produces the headline-grabbing figures that fuel the automation apocalypse narrative.

The political utility of this story lies in shifting our focus from decades of specific policy choices regarding trade, corporate governance, and labor rights toward a vague, unstoppable force of technological determinism that renders unemployment appear inevitable rather than the result of deliberate choices. The conversation conveniently narrows to retraining programs and safety nets, steering clear of any uncomfortable questions about how the economic gains from that innovation are distributed between workers and capital owners.

Yet, evidence tells a far more nuanced story. History shows that technological revolutions have always destroyed some jobs while creating others, with net employment effects depending on institutional arrangements rather than technological capabilities alone.10 The Industrial Revolution displaced agricultural employment while creating factory jobs, and the computer revolution transformed clerical work, while creating information technology jobs. Current AI development may follow similar patterns if appropriate policy frameworks guide the transition process.

Economic research reveals that automation typically affects specific tasks within occupations rather than eliminating entire job categories.11 The classic example is the ATM. Its introduction did not eliminate bank tellers. Instead, automating cash handling freed them up for more complex customer service roles, and the number of tellers increased for a time as banks opened more branches.

This logic persists even among those building the technology. Amazon Web Services CEO Matt Garman called the idea of using AI to replace entry-level staff the “dumbest thing I’ve ever heard.”12 His reasoning cuts directly against the grain of the automation narrative, highlighting a simple, practical truth: if you eliminate junior positions, you destroy the pipeline for senior talent. How can anyone become a seasoned expert, he argues, without first doing the foundational work that builds expertise? This perspective reframes the discussion from one of replacement to one of evolution, where AI acts as a tool that changes workflows but cannot substitute for the human process of learning and development.

Ultimately, the job-killer narrative ignores a fundamental truth: employment is about power, not just technology. The impact of automation on workers depends on institutional arrangements, such as union representation and social safety nets, which determine whether productivity gains lead to higher wages and shorter working days for workers or simply higher profits for shareholders.13 A focus on technological displacement is a clever misdirection, deflecting attention from the political choices that could ensure automation benefits everyone. It allows us to sidestep difficult questions, such as what if automation could lead to reduced working hours rather than just unemployment? What if productivity gains were shared through profit-sharing arrangements or stronger social safety nets? These possibilities are pushed to the margins because public discourse treats technological unemployment as an inevitability, not a political choice. This focus on choice over inevitability is now being demonstrated by major U.S. labor unions. Instead of simply accepting the “job-killer” narrative, the AFL-CIO, representing 15 million workers, argues for a future where AI makes work better, but only if workers have a “real voice” in its deployment. The 2023 Hollywood strikes successfully secured new contract provisions governing AI, while the Teamsters are actively opposing autonomous trucks, not because they are against technology, but because they demand that the prosperity from productivity gains be shared with workers. Further challenging the simplistic killer narrative, other unions, such as the International Brotherhood of Electrical Workers, view AI as a “historic opportunity to grow,” driven by the massive new infrastructure demands for data centers and energy.14

AI as Culture-Killer

Next on the terminal list is culture itself, with AI cast as a digital Thanos, threatening to snap its fingers and wipe out human creativity. The panic was stoked by headlines about AI-generated art winning competitions and by fears that algorithmic tools would make journalists, writers, and artists obsolete.15

Such a narrative is built on a romanticized ideal of creativity as a purely human, non-technological act, positioning AI as an alien intruder that corrupts authentic cultural production. This ideal ignores the history of art. Creativity has always been a dance with technology, from the invention of the printing press and oil paints to the camera and the synthesizer, with each new technology initially facing similar accusations of threatening authentic human expression.16

When photography was invented, critics argued that mechanical image reproduction would destroy painting by eliminating the need for human artistic skill. Instead, photography freed painters from purely representational work while helping spark movements like Impressionism that expanded rather than contracted creative possibilities.17 Each new tool was met with suspicion before it was integrated into the creative toolkit, expanding what was possible. In many cases, integration did not diminish the appeal of traditional art forms and even increased their value.

The panic over AI-generated content follows an identical pattern by treating algorithmic tools as different from previous artistic technologies rather than recognizing them as extensions of existing technological mediation in creative work. When artists use AI image generators, they typically employ these tools within broader creative processes that involve human conceptualization, curation, and refinement rather than simply outputting algorithmic results without human intervention.

Much of the panic stems from misunderstandings or misrepresentations about how AI systems function. The prevailing assumption treats AI models as digital hoarders that store copyrighted works in their entirety, waiting to retrieve them at a prompt’s notice. AI training is represented by some as a form of original sin, with media stakeholders characterizing the development of LLMs as built on a foundational copyright theft.18 This characterization, while unfounded in both technical and legal analysis,19 gains amplification through media coverage that often reflects the interests of established entertainment industry and media stakeholders rather than a dispassionate examination of the underlying technology and law. The reality is that the focus on copyright infringement during AI training mischaracterizes both the technical process and the legal landscape.20

In reality, AI systems break down information into patterns and statistical relationships using tiny data fragments called tokens. Imagine a creative work is an intricate Lego model. An AI will break this intricate construction down into millions of individual Lego bricks and mix them with bricks from countless other models. It then learns the statistical patterns of how those bricks fit together to build something new, which may not resemble any of the original models. Chatbots are trained to be masters of plausibility, to generate text that sounds convincing, not to reproduce a specific source. This is why the focus on inputs can be misleading. Copyright enforcement should therefore focus on the outputs. When a generative system produces something that infringes on a protected work, our existing copyright laws are already equipped to handle it.21

In 2025, the U.S. judicial decisions in Bartz v. Anthropic and Kadrey v. Meta confirm that courts recognize training data uses as having “transformative purposes” since developers use book contents “by statistically analyzing the books’ contents to train foundation models” rather than to “educate and/or entertain” readers like the original authors intended.22 The decisive factor remains whether final outputs unlawfully reproduce protected content, not the learning process itself. The learning process resembles how scientists read hundreds of research papers over a career, internalize patterns in experimental results, and apply that understanding to generate new hypotheses, albeit without the human intelligence the researchers have.23

The culture-killer narrative also obscures the fact that contemporary threats to artistic livelihoods stem primarily from economic arrangements rather than technological capabilities. The concentration of cultural markets, the elimination of public-arts funding, and the prevalence of unpaid creative labor reflect policy choices that undervalue artistic work rather than inevitable consequences of technological development.24

The traditional copyright model relies on a simple formula: create work, license it, make a profit. But this model depends on mechanisms already under threat. Digital platforms have altered how creative work generates revenue, with streaming models often producing less money from royalties than traditional product sales. The result is that power is concentrated at the top, and less money trickles down to creators who make copyrighted works.25

Independent journalism faces economic pressure not because AI can write articles but because digital advertising markets concentrate revenue among technology platforms while news organizations struggle with unsustainable business models. Musicians cannot earn a living wage not because algorithms compose songs, but because streaming platforms distribute revenue primarily to record labels and platform owners rather than to performing artists.26

The AI scale problem makes traditional licensing models even more inadequate for addressing AI’s impact. For language models requiring billions of tokens, the sheer volume means individual work values become negligible in any licensing market. Even if licensing markets for AI training data emerged, as judicial analysis suggests, the transaction costs and uncertain valuations make such arrangements infeasible, given that developers would need to “engage in millions of license transactions” without clear methods for assessing how much each book contributed to the models’ value.27 This creates compensation scenarios comparable to current streaming models but with exponentially smaller payments to creators.28

Chasing the technological scapegoat allows us to avoid confronting the need for systemic economic reforms. Solutions lie not in constraining technological tools but in addressing systemic economic inequities through policy reforms: establishing creator grants, appropriately taxing technology developers, and redistributing resources to creators rather than assuming traditional remuneration systems can survive.

The policy debate is further distorted by an artificially narrow focus on entertainment industries. Policy discussions typically interpret “creative industries” as shorthand for music, film, and performing arts, when broader definitions include scientific research, software development, and technical innovation.29 Such a narrow framing creates problematic dynamics in AI policy. Where entertainment industry stakeholders frame AI as a threat to human creativity and livelihoods, science and research sectors view it as a powerful discovery partner. Many research institutions see AI as enabling breakthroughs by spotting patterns humans cannot detect, automating data processing, and generating hypotheses at scales not feasible by manual means.

Yet the same copyright laws that govern Hollywood also govern scientific endeavors. And while generative AI can produce a mediocre pop song of little cultural value, it can equally identify a novel protein folding pattern that could revolutionize medicine. However, copyright frameworks generally do not distinguish between these vastly different social utilities, treating both as equivalent creative outputs subject to identical legal constraints.

AI as Internet Killer

Another victim in our litany of AI sins is perhaps the most sweeping: the internet itself is already dead. This isn’t a fringe joke; the dead internet theory holds that the authentic, human-driven internet has already ceased to exist, replaced by an artificial ecosystem in which bots create much of the content for other bots.30 It transforms concerns about digital authenticity into an existential claim that the internet, as a space for genuine human expression and connection, has been systematically eliminated by automated systems and AI.

The theory emerged from underground forums around 2021, initially suggesting that the internet died sometime around 2016 (pre-AI emergence in the public space), when algorithmic curation began dominating content distribution.31 The theory asserts that content on the internet, including on social media platforms, is predominantly being produced by AI and bots.32 It maintains that what users experience as the internet is a carefully constructed illusion maintained by automated systems that generate content, interactions, and even engagement patterns without meaningful human participation.

Supporting evidence for the narrative includes cybersecurity research indicating that nearly half of all internet traffic in 2022 was generated by bots, alongside observable phenomena such as the proliferation of bizarre AI-generated content that nonetheless attracts substantial engagement. The infamous “Shrimp Jesus” images circulating on Facebook exemplify this pattern, where AI-generated crustaceans melded in various forms with a stereotypical image of Jesus Christ receive thousands of likes despite their obviously artificial origins and lack of coherent context.33

The internet killer narrative operates through several interconnected claims. First, it argues that genuine human content has been systematically suppressed by algorithmic systems that prioritize engagement-optimized artificial content over authentic human expression. Second, it suggests that not only is the content artificially generated, but the apparent audience for this content consists largely of automated systems rather than real people, creating a vicious cycle of artificial engagement.

The theory’s more conspiratorial variants propose that this transformation serves deliberate political purposes, with the U.S. government engaging in an AI-powered gaslighting of the world. This version treats the dead internet as an intentional project of social control rather than an emergent consequence of technological and economic developments.

The technology blame game sidesteps the economic and institutional factors that shape digital experiences. When researchers examine the mechanics of bot proliferation, they find that the systems typically serve mundane commercial purposes rather than sophisticated manipulation schemes. Social media engagement drives advertising revenue, creating a direct financial incentive for automated systems to generate content optimized for platform algorithms, regardless of human authenticity or meaningful communication.34 Content farms deploy AI-generation tools to create articles, social media posts, and engagement bait because automated production is cheaper than hiring humans and often more effective at gaming the algorithms that determine visibility.35 It is not a sign of the death of the internet; it is sadly industrial automation applied to culture.

More problematically, the internet killer narrative is a political dead end. It channels legitimate frustrations with platform governance into a kind of fatalism, making reform seem futile. Platform business models that prioritize engagement metrics over content quality create systematic incentives for the production of artificial content, while concentrated market power among technology companies limits users’ choice over algorithmic curation systems.36 But why demand algorithmic transparency or challenge platform monopolies if the patient is already dead? By asserting that the system is irrevocably broken, it ensures no one tries to fix it, leaving the platform monopolies that profit from the chaos firmly in place.

AI as Humanity-Killer

The ultimate technological sin is the AI that will kill us. The humanity-killer narrative operates through two distinct but related claims: the immediate risk of algorithmic authoritarianism that eliminates human autonomy and free will, and the longer-term possibility of AGI that displaces or destroys human civilization.37

The immediate apocalypse narrative centers on algorithmic decision-making systems that allegedly reduce humans to mere appendages of the machine by eliminating human agency from consequential decisions regarding employment, criminal justice, healthcare, and social services. It treats current AI applications as steps toward comprehensive algorithmic control that will eliminate meaningful human choice and democratic governance.38 It projects current AI capabilities toward a hypothetical AGI that could surpass human cognitive abilities in all domains, potentially leading to human extinction through either deliberate AI action or indirect consequences of superhuman optimization processes that ignore human values. Prominent thinkers, including Bostrom and Eliezer Yudkowsky, have developed elaborate scenarios for how advanced AI systems might eliminate human civilization despite being programmed with apparently benevolent objectives.39

Both versions of the humanity-killer narrative transform technology policy debates into questions of species-level survival, justifying extraordinary measures. When AI development is framed as an existential risk, criticism of specific regulatory proposals appears irresponsible or naive, rather than representing a legitimate disagreement about appropriate policy responses.40 The apocalypse narrative facilitates the expansion of government surveillance and corporate control by framing invasive oversight as a protection against AI domination, while calls for AI development moratoriums41 often serve the interests of existing AI leaders by creating barriers to entry for potential competitors.

More fundamentally, the humanity-killer narrative exemplifies the fallacy of treating AI systems as autonomous agents. When Bostrom warns about misaligned AI pursuing goals incompatible with human survival, he treats algorithmic optimization as a natural force, dismissing the fact that AI systems reflect the values and priorities embedded by human organizations in their design, training, and deployment.42

These real-world examples reveal the “killer robot” for what it truly is: a useful villain, a perfect scapegoat that keeps us from examining the human decisions that shape our economic fates. Thus, the Sin myth completes the cycle. Like the other myths, it functions by distorting reality, encouraging us to blame the tool rather than the hand that wields it. This consistent misdiagnosis—seeing magic instead of mechanics, frenzy instead of process, prophets instead of company executives, and sin instead of systems—leads directly to governance detached from reality. And that has a significant cost.
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PART III

THE COST OF POLICY HALLUCINATIONS

Myths are not harmless fictions; they are the source code of flawed governance. When policies are built on fantasy, they become “policy hallucinations”—laws that govern shadows while real problems grow. This part takes stock of the real-world damage: the billions wasted on policy phantoms, the governance whiplash from hype and panic, and the democratic abdication as we cede control to unelected prophets and digital scapegoats.

It’s time to examine the cost of our illusions.
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CHAPTER 7

THE WRECKAGE OF MYTH-BASED GOVERNANCE

HOW IMAGINARY PROBLEMS PRODUCE REAL DAMAGE

The wreckage of myth-based governance manifests in three concrete forms: policy distractions that chase sci-fi fantasies, governance whiplash resulting from panic and hype, and the democratic abdication that leaves us unprepared.

Chasing Policy Phantoms, Wasting Billions

Legislating for Merlin

The first major cost is policy distraction: myths cause us to focus on the wrong problems. The Magic myth, by portraying AI as a human-like autonomous entity possessing agency comparable to that of human moral actors, raises complex legal and philosophical questions that actively misframe the challenges we face.1 Policymakers become fixated on hypothetical questions about AI rights, consciousness, and moral status while overlooking the immediate, tangible harms created by current systems.2 Put more bluntly, when policymakers start legislating for Merlin instead of Microsoft, the result is frameworks that regulate fantasy, not function.

This misdirection was exemplified in 2016, when the European Parliament proposed considering “electronic personhood” for advanced autonomous robots.3 While largely symbolic and met with skepticism from legal scholars, such discussions stem directly from the misperception of AI as autonomous entities capable of bearing rights and responsibilities.4

The proposal, drafted by Member of European Parliament Mady Delvaux, suggested creating a specific legal status for robots in the long run, so that at least the most sophisticated autonomous robots could be established as having the status of electronic persons responsible for making good any damage they may cause.5 The framework would have required robot insurance and established legal liability mechanisms treating AI systems as quasi-legal entities.

The focus on theoretical personhood diverts attention from urgent, practical concerns about algorithmic accountability. While policymakers debate the hypothetical rights of non-existent sentient machines, real AI systems make consequential decisions about employment, criminal justice, financial services, and healthcare with limited transparency or recourse mechanisms. Algorithmic bias in hiring systems, opaque scoring mechanisms in lending, and unexplainable outcomes in criminal sentencing do not require consciousness to cause harm. For example, algorithmic hiring systems now screen millions of job applications annually and are known, in some instances, to exhibit racial and gender6 bias, systematically disadvantaging qualified candidates based on protected characteristics.7

Financial services provide another compelling example. Credit scoring algorithms make decisions that affect millions of consumers’ access to housing, transportation, and economic opportunities. These systems often incorporate proxy variables that effectively discriminate against protected classes,8 yet regulatory frameworks are only slowly shifting their attention from traditional lending practices to the already pervasive algorithmic decision-making processes.

This mystification also hobbles international regulatory coordination. When different jurisdictions operate under different mental and cultural models of what AI systems are, achieving a shared understanding of what exactly is being regulated becomes extremely difficult. The EU’s early drafts of the AI Act, China’s focus on controlling AI “behavior,” and U.S. congressional hearings, which often focused on sci-fi scenarios, all reflect this deep confusion. This fragmented framing prevents coordinated responses to global challenges, as nations struggle to agree on whether they are regulating tools, agents, or something entirely new.

Misallocating Resources

The misallocation of attention is matched by a massive misallocation of resources, driven by the Heaven myth’s promise of a “silver bullet.” The embrace of techno-solutionism leads to flawed policies, wasted resources, and ultimately disappointment. When technology is sold as a panacea, policymakers pour money into shiny new tools while putting aside the harder, messier work of tackling underlying social, economic, or political causes. The result is resource displacement: shiny tools take the stage while structural causes remain off-script. The resulting policies often fail not simply because the technology was oversold, but because the problems were misunderstood as technical rather than political and societal challenges.

This approach is especially attractive when real solutions demand difficult political conversations about resource allocation, power distribution, or systemic reform.9 Consider how technology is often promoted as a solution to educational inequality. Rather than addressing disparities in school funding, teacher quality, or socioeconomic conditions that affect learning, policymakers invest in digital devices and software that promise to personalize learning and improve outcomes.10

As we have seen in Chapter 3, while educational technology can certainly provide value, it cannot overcome the inequalities that drive educational disparities. Students in under-resourced schools may receive tablets and learning software, but they still face challenges such as food insecurity, inadequate facilities, and inexperienced teachers that technology cannot address. The focus on technological solutions thus allows policymakers to appear responsive to educational challenges while avoiding more costly and contentious reforms to educational funding and social policy.

The pattern repeats across policy domains. In healthcare, electronic health records and AI diagnostic tools promise to improve care quality and reduce costs, but they do not address underlying issues such as provider shortages, insurance coverage gaps, or social determinants of health. In criminal justice, predictive policing and risk assessment algorithms promise to reduce crime and improve fairness without addressing poverty, inequality, or systemic racism that drive criminal behavior.

Environmental policy also reveals this pattern. Geoengineering garners headlines with visions of planetary-scale interventions, ranging from carbon capture to solar radiation management and atmospheric modification, that would enable societies to continue their current patterns of fossil fuel consumption while mitigating their environmental effects. Yet many of these proposals function more as delaying tactics than solutions, postponing hard choices about carbon reduction.

These tech fixes are seductive not only because they appear bold but because they deflect blame. It is easier to believe in algorithmic answers than to confront decades of unjust policies and institutional failure. The focus on technological solutions also creates path dependency, making it more difficult to pursue alternative approaches when technological interventions prove inadequate. The displacement effect creates a self-reinforcing cycle, where vendors, administrators, and technical experts with vested interests in these new tools continue to promote them, justifying their expansion rather than questioning their effectiveness.11

Feeding Hype, Starving Reality

This leads to another devastating cost of hype: systematic resource misallocation that undermines long-term innovation and social benefit. When madness takes hold, common sense is the first casualty, swiftly followed by a substantial amount of money and a loss of democratic composure. Money flows toward anything with the right buzzwords, regardless of its actual utility or viability.

The AI investment boom since 2023is an example of this fever. Venture-capital funding for AI startups reached record levels, but much of the investment went to companies with questionable business models or marginal technological advantages.12 Startups with minimal revenue but AI-powered pitches secured valuations that would have been unimaginable just a few years earlier. For example, in 2021, Character.AI raised $150 million, primarily based on the popularity of its AI chatbot platform.13 The company’s technology was interesting, but its business model relied primarily on subscription revenues from users who wanted to chat with AI personalities. When the novelty wore off and user engagement declined, the company struggled to justify its $1 billion valuation. The eventual outcome was a licensing deal with Google in 2024 that left investors with little to show for their enthusiasm.14

More troubling is the opportunity cost. The investment frenzy around AI crowded out funding for less glamorous but potentially more vital fields. While AI companies raised billions, research into renewable energy storage, sustainable agriculture, and public health technologies struggled for attention.

Anthropic’s $4 billion funding round from Amazon in 2024 illustrates the scale of this misallocation.15 While the company’s research into AI safety was valuable, the investment amount exceeded the total annual research budgets of many universities and public research institutions. The concentration of resources in a single company, regardless of its merits, raises questions about whether such investments are the best way to advance human knowledge.

The misallocation extends to people. Tech giants competed aggressively for AI researchers, offering enormous salaries and equity packages that drew talent away from academia and non-profit organizations. The “brain drain” was especially damaging to fields that are supposed to act as a check on corporate excess, such as AI safety and ethics.16 This dynamic was highlighted when leading pioneers from institutions, including the University of Toronto, a key hub of AI innovation, departed for lucrative positions at companies such as Google and Uber, leaving academic labs struggling to retain senior talent.17

The Great Distraction: Picking Your Apocalypse

This massive distraction and misallocation are often justified by a “false choice” narrative, born from the Madness myth. We are told, in essence, to pick our apocalypse: die by a thousand biased cuts today, or be wiped out by a rogue superintelligence tomorrow. This is a dangerous misreading. Worrying about long-term risks and near-term harms is not a zero-sum game.18 In fact, the path to catastrophe is paved with the unaddressed failures of the present. The seemingly “small” problems—like algorithmic bias or AI generated misinformation—are not distractions from a “big” problem like AGI; they are the training grounds for it. Every time a company is not held accountable for a biased algorithm, it normalizes the idea that automated systems are exempt from human oversight. Every time misinformation is allowed to poison democratic discourse, it weakens the institutions needed to govern a more powerful technology.

Think of it like climate change. The immediate harms of pollution, like smog in our cities and plastic in our oceans, are not separate from the long-term threat of a collapsing biosphere. They are symptoms of the same systemic failure, two ends of a single, catastrophic spectrum. Ignoring the smog today doesn’t provide more resources to fight global warming tomorrow; it just ensures the air is unbreathable long before the seas rise. So it is with AI.

The false choice serves the architects of madness perfectly. For the techno-optimists, it allows them to dismiss present-day harms as trivial bumps on the road to a glorious, inevitable future. For the doomsayers, it allows them to ignore the patient work of fixing today’s broken systems in favor of a more dramatic crusade against a hypothetical apocalypse.

Mature governance requires us to reject this false choice. It demands we see the connection between the algorithm that denies someone a loan today and the hypothetical superintelligence that could destabilize the world tomorrow. They are not two separate monsters. They are the same beast, simply at different stages of its life. To tame it, we must start now, by addressing the harms we can see, not by waiting for the ones we can only imagine.

Governance Whiplash: The Cost of Panic

The second significant cost of myth-based policy is governance whiplash. Driven by the Madness myth, our institutions swing wildly between the fever of hype and the chill of panic. This irrationality is the enemy of good governance, short-circuiting the careful and often slow processes of democratic deliberation. When a technology is framed as an immediate existential threat, the pressure to “do something”—anything—overwhelms the need to do the right thing.

This panic-driven process is highly visible in practice. As seen in Chapter 4, the legislative rush to address deepfakes is a good example. California’s sixty-day election window ban and Texas’s criminalization measures were crafted and passed without systematic hearings, expert testimony, or empirical assessment of the actual threat level. In Washington, D.C., congressional treatment of deepfakes as equivalent to weapons of mass destruction created an atmosphere where questioning the response became politically toxic, no matter what the evidence said. The same emergency logic played out with school bans on AI. New York City’s prohibition of ChatGPT was a snap decision, made without any meaningful consultation with the teachers and students it would affect. The speed of implementation—in some cases, within weeks of the tool’s release—prevented the kind of thoughtful assessment that policy requires, typically.

The Global Contagion

Panic is highly contagious. In today’s interconnected world, emotional responses in one jurisdiction quickly spread, creating global patterns of suboptimal governance.

Political scientists call this policy diffusion through panic, a process in which bad ideas spread across borders because the political cost of appearing unprepared is higher than the cost of a bad decision.19

The spillover effect is particularly damaging because it eliminates the opportunity for policy experimentation. When every country rushes to respond to the same inflated promise or exaggerated threat, the world loses the chance to learn from diverse approaches. The result is a form of global policy madness, where international coordination is based on shared delusions rather than shared evidence.

The Nirvana Fallacy

This whiplash between hype and panic leads to the Nirvana fallacy,20 also known as the perfect solution fallacy, which pushes forward an unrealistic yet perfect-sounding solution instead of considering real-world solutions. The approach, born of either utopian promises or dystopian fears, demands perfection rather than improvement.

In a hype cycle, the fallacy rests on inflated promises. When AI companies claim to solve poverty, cure disease, or eliminate bias, they set expectations that no technology could ever meet. The inevitable disappointment leads to backlash that can kill funding and support for genuinely beneficial applications. The debate over AI education is the classic case. By demanding that AI tools pose no risk to academic integrity, officials overlooked the reality that concerns about “cheating” have accompanied every educational technology, from calculators21 to computers.22 Students have always found ways to cheat, with or without technology.

The pursuit of impossible standards doesn’t just stifle innovation, it leads to rules disconnected from reality, built around exaggerated fears and imaginary futures.

Patterns of Flawed Regulation

When moral panic grips the policy machine, the result is not thoughtful governance but a stampede of reactive, ill-conceived rules. These frameworks satisfy the emotional demand to “do something,” but they fail to address the root causes of problems and often create new harms. This panic-driven response typically falls into four predictable patterns.

#1. The Militarized Framing

When a technological challenge is framed as a national security threat, the policy response becomes militarized. Complex social and economic issues are flattened into us-versus-them conflicts, demanding decisive action, not democratic deliberation.23 The cybersecurity debate is an example of this militarized thinking. When government officials invoke terms such as “cyber Pearl Harbor,” they create a policy environment that justifies extraordinary measures while marginalizing democratic oversight and the protection of civil liberties.24

The U.S. Department of Homeland Security’s Cybersecurity and Infrastructure Security Agency, for instance, operates under authorities that would be controversial if applied to traditional law enforcement but become acceptable when framed as essential protection against foreign adversaries.25 More generally, militarized framing enables the expansion of surveillance capabilities, the restriction of encryption technologies, and increased government control over digital infrastructure. History also shows that it inevitably leads to mission creep, where tools designed to counter foreign adversaries are turned inward, threatening civil liberties and political dissent.26 This war-machine approach is often counterproductive. It sparks escalations with adversaries27 and diverts resources from the defensive work of building secure systems, such as user education and institutional resilience, in favor of offensive capabilities that serve military functions.28

#2. The Binary Prohibition

The second pattern, born of pure panic, is regulation by prohibition. This approach is built on the deterministic fallacy that technology is inherently evil, ignoring the reality that its impact depends largely on how it is governed.29 It treats technology as a binary choice between total prohibition and utter catastrophe, bypassing any nuanced discussion of risks and benefits.30 The initial proposal for a temporary EU ban on facial recognition in public spaces, which was reported in January 2020,31 illustrates this thinking. The idea was quickly dropped, however,32 and the AI Act opted for a tiered approach that bans specific harmful uses, such as real-time public biometric surveillance, while permitting other applications under strict safeguards.33

Similarly, calls for AI development moratoriums respond to existential risk concerns by proposing to halt all advanced AI research until safety issues can be completely resolved.34 This response often backfires. When governments ban specific technologies rather than regulating their applications, they hinder the development of beneficial applications while doing little to deter malicious actors, who simply relocate to jurisdictions with weaker oversight.35

Prohibition also creates practical challenges. Enforcing such bans requires invasive monitoring, ironically expanding the surveillance capabilities the panic was meant to prevent.36

#3. The Symptom Regulation

The third pattern is the technocratic targeted approach. Here, a complex social problem attributed to an algorithm is addressed with a narrow technical fix, leaving the broader system intact. The algorithm is treated as a discrete entity that can be regulated independently, not as a component of larger arrangements.37

This is the logic behind relying heavily on automated content moderation to fight misinformation and harmful content, or on algorithmic audits to address discrimination. It does not address the underlying sources of misinformation production, nor does it improve media literacy education.38 Similarly, while algorithmic bias auditing requirements in hiring, lending, and criminal justice can help identify problematic patterns, they typically focus on algorithmic outputs rather than addressing underlying data biases or institutional discrimination that algorithmic systems reflect and amplify.39

Such interventions primarily target the symptom, rather than the disease. And they create collateral damage. Automated systems can censor legitimate speech while missing sophisticated propaganda.40 Bias audits can be gamed by companies to create a veneer of compliance, without addressing substantive problems. Neither approach tackles the business models that incentivize the production of harmful content and discriminatory targeting practices.41

Worse, by creating an appearance of oversight (e.g., “this hiring algorithm has been audited”), this approach can legitimize the underlying problem, making it harder to challenge the injustice of the automated system.42

#4. The Moral Crusade

The final pattern is regulation as purification. This approach sees technology as a vector of moral contamination and seeks to purify the digital world through censorship and restriction, treating online content as inherently dangerous and citizens as perpetually vulnerable. Instead of empowering people with education that enables critical media consumption, the moral crusade opts for broad speech restrictions and age-gating requirements.43

Age-verification requirements for social media, for example, treat online interaction as inherently harmful to minors, ignoring the valuable social connections and educational resources these platforms can provide. A focus on restriction avoids looking into the more difficult work of addressing the underlying causes of youth mental health challenges, such as investing in better mental health resources, improving educational funding, or strengthening community programs.44 Such systems raise significant concerns for the privacy and civil liberties of all users by requiring extensive identity documentation, yet they can be easily bypassed by tech-savvy youth.45 The result is a system that compromises adult privacy while failing to protect its intended subjects, who may simply migrate to less regulated spaces.46

The moral crusade impulse also drives attempts to eliminate platform liability protections such as Section 230 of the U.S. Communications Decency Act, which shields online platforms from liability for most user-generated content and allows for good-faith content moderation. The argument is that making platforms legally responsible for user-generated content will compel them to remove harmful material. The more likely outcome, however, is a surge in defensive over-censorship that silences legitimate speech47 and perversely provides a pretext for authoritarian censorship regimes.48

Ultimately, these flawed regulations, born of panic and hype, are often counterproductive. Content moderation requirements may increase censorship without reducing misinformation, algorithmic auditing may legitimize discrimination while creating compliance theater, and technology bans may prevent beneficial applications while failing to eliminate harmful uses.49

Evaded Accountability & Democratic Abdication

The final and perhaps greatest cost of myth-based governance is the erosion of democratic control. This happens in two distinct ways.

First, the Magic and Sin myths combine to create a sense of evaded accountability. By mystifying AI as an incomprehensible “black box” or scapegoating it as a “digital villain,” we create an “accountability vacuum” where human actors can sidestep responsibility for the harms their systems cause.

Second, the Heaven myth creates democratic abdication. We are encouraged to defer to a priesthood of prophets—the tech CEOs and venture capitalists—who position themselves as visionaries qualified to steer our future. We abdicate our collective power out of faith in their promise of salvation.

The Accountability Vacuum: Blaming the Bots

This accountability vacuum arises when responsibility for algorithmic decisions becomes so diffuse that no one bears clear liability for the harmful outcomes.50

The Magic myth contributes by treating AI systems as agent-like entities. When AI is portrayed as possessing agency, it becomes easier to attribute negative outcomes to the code rather than to the human actors who designed, deployed, and profited from it. The Sin myth completes the trick: the algorithm becomes a digital scapegoat, absorbing blame that should be directed at human choices about training data, optimization objectives, and deployment contexts. When AI systems cause harm, it’s convenient to point to the algorithm or the bot as if they acted independently. This linguistic sleight of hand complicates efforts to hold developers, deployers, and decision-makers accountable for failures and biases.

The case of predictive policing algorithms illustrates this dynamic perfectly. When systems such as PredPol51 and COMPAS52 produce biased recommendations that perpetuate racial disparities, discussions often focus on “algorithmic bias” as if the bias emerged spontaneously from the technology. Such framing obscures the human decisions that created the outcomes: the choice to train systems on historically biased arrest data, the decision to prioritize arrest prediction over public safety, and the determination to deploy these systems despite their known limitations.

This diffusion of responsibility plagues other sectors. Healthcare AI is another example of accountability diffusion. When diagnostic algorithms produce incorrect recommendations that harm patients, responsibility becomes distributed among algorithm developers, healthcare institutions, and individual practitioners. The systems’ complexity makes it difficult to trace specific decisions to specific actors, creating legal and ethical gray zones where patients have limited recourse against algorithmic harms. On social media, the problem extends to automated content moderation, where AI systems make millions of decisions daily about what constitutes acceptable speech. When these systems make controversial moderation decisions, platforms often describe the choices as algorithmic rather than what they are: policy decisions embedded in code that reflect specific human values and commercial interests.

This is not just a legal problem; it is a moral one. A society that deflects blame onto its tools abdicates its ethical responsibilities. To attribute harm to AI itself is to let its creators off the hook.

The Great Abdication: Deferring to Prophets

While the accountability vacuum allows creators to evade blame for past harms, democratic abdication enables them to preempt scrutiny of future ones. This occurs when our own democratic institutions amplify the prophets of the Heaven myth, treating corporate leaders as neutral arbiters of the public good.

In politics, we see this when lawmakers feature tech executives as star witnesses in AI hearings. In the media, this abdication occurs when journalists report industry predictions as objective news, amplifying corporate marketing without critical analysis. In academia, it’s fueled by research funding structures that are heavily dependent on industry support and incentivize academic attitudes that support rather than question corporate salvation narratives.

This democratic abdication is perhaps the highest cost of all. It prevents the development of the institutional wisdom needed to govern, leaving us trapped in a cycle of panic and reaction, unable to manage the very technologies we are told will save us.


A Critic’s Toolkit: How to Spot the
Myth Red Flags

Use these red flags and critical questions to challenge “policy hallucinations” and identify the four myths in headlines, product demos, and political speeches.

1. The MAGIC Myth

Red Flag: Hearing phrases like “It thinks . . .” “It understands . . .” “It feels . . .” “It’s sentient . . .” or “It’s a ‘black box’ that’s too complex to explain.”

The Distortion: This language is designed to hide human accountability by making a simple tool seem like a conscious, magical being.

The Reality Check: What is the specific function, not the feeling? Is it “thinking,” or is it “statistically predicting the next word”? Who built it, and what were their goals?

2. The MADNESS Myth

Red Flag (Hype): “This is an arms race . . .” “We’re falling behind . . .” “This will revolutionize everything . . .” “Trillion-dollar opportunity . . .”

Red Flag (Panic): “This is an existential risk . . .” “It will end humanity . . .” “We must ban it immediately . . .”

The Distortion: This emotional language (FOMO or fear) short-circuits democratic deliberation and forces a knee-jerk reaction.

The Reality Check: What is the evidence, not the emotion? Is this claim based on a demonstrated capability or a speculative future? Who benefits from me feeling this urgency?

3. The HEAVEN Myth

Red Flag: “This will solve . . .” (climate change, poverty, cancer). “This is inevitable progress . . .” “We’re on a mission to benefit all humanity.”

The Distortion: This positions tech leaders as prophets and asks for our faith, encouraging us to abdicate democratic oversight in favor of their “vision.”

The Reality Check: What human problem, value, or trade-off is this “solution” ignoring? Who gets to define “progress”? And who isn’t in the room to discuss the consequences?

4. The SIN Myth

Red Flag: “Job-killing robots . . .” “Addictive algorithms . . .” “Polarizing platforms . . .” (Any phrase that blames the tool for a human problem).

The Distortion: This creates a digital scapegoat to absorb blame for complex, systemic problems, letting human decision-makers and flawed policies off the hook.

The Reality Check: What human choice or business model is this narrative hiding? Is the problem the “job-killing robot,” or is it a corporate policy of not re-investing in its workforce? Is the problem the “addictive algorithm,” or is it a business model that profits from engagement?
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PART IV

A BLUEPRINT FOR AI GOVERNANCE

Having traversed the cycles of myth and charted their costs, we arrive at the antidote. If the old maps are flawed, we must draw a new one. This part unbuilds what doesn’t serve us, moving beyond the graveyard of obsolete, technology-specific laws. In its place, it sets out a practical, technology-neutral blueprint for mature governance, built on three core principles: Accountability, Proportionality, and Durability.

This is how we build a framework that lasts.
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CHAPTER 8

THE FOUNDATION: FROM GRAVEYARD TO BLUEPRINT

CLEARING THE RUINS OF FAILED TECH REGULATION

Before we can build a durable framework, we must first clear the rubble. This chapter visits the “graveyard of technology-specific laws” to understand why regulating the artifact always fails. From this wreckage, we salvage the core principle that makes governance last: technology-neutrality. This is the crucial idea that laws should regulate an activity or outcome—like fraud or discrimination—regardless of the specific tool used, and that regulators should set objectives rather than prescribe or favor a particular technology. It is the foundation for the blueprint to come.

The Policy Hallucination Syndrome

A policy hallucination is what happens when governance is built on myths. It is a politics where laws are written not to address the concrete functions of a technology, but to appease phantoms of our own making. Throughout this book, we have seen this hallucination manifest in four distinct ways, each driven by one of the myths we have deconstructed.

The Magic myth leads to policy distraction. We debate the theoretical rights of electronic persons and worry about the impact of conscious robots, while the tangible harms of biased hiring and loan algorithms take a back seat. The Madness myth produces governance whiplash. One moment, gripped by a FOMO-driven gold rush, governments enact competitive deregulation in a race to the policy bottom, fueled by the same investor frenzy that led to the AI market correction of 2025.1 Next, seized by a moral panic, they impose reactionary prohibitions on everything from deepfakes to AI in schools, acting on fear instead of evidence. The Heaven myth fosters a dangerous deference to a technocratic priesthood, urging an abdication of democratic oversight in favor of prophetic promises. Finally, the Sin myth provides us with the perfect digital scapegoat. We blame job-killing robots for decades of flawed economic policy and polarizing platforms for the erosion of democratic norms, producing regulations that target technological symptoms while the human culprits walk free.

The result of this collective hallucination is a policy landscape built on sand: unstable, incoherent, unable to protect the public interests it claims to safeguard, and fundamentally misaligned with the technology it purports to govern.

The Graveyard of Technology-Specific Laws

The allure of mythological thinking is its promise of a simple, immediate answer to a complex new reality. This impulse haunts our legislative chambers, tempting policymakers to write laws that target the specific technology of the moment. History, however, offers a clear and unforgiving verdict on this approach. The road to sound policy is paved over a graveyard of obsolete, technology-specific statutes. The pace of innovation ensures that today’s cutting-edge artifact is tomorrow’s historical curiosity, leaving behind a law that is irrelevant and inert.

The relationship between copyright law and new technologies provides a history of this pattern.2 In the late nineteenth century, copyright law was written for a world of sheet music, protecting works intelligible to the human eye. The invention of the player piano, which reproduced music using machine-readable perforated rolls, threw the system into confusion. In a landmark case of 1908, White-Smith Music Publishing Co. v. Apollo Co., the U.S. Supreme Court ruled that piano rolls did not infringe copyright because they were not human-readable copies.3 The law, tied to the technology of the printed page, was blind to this new form of mechanical reproduction. Congress was forced to intervene a year later with the Copyright Act of 1909, a technology-specific fix that explicitly extended protection to “mechanical reproductions.”4 This cycle of the law, breathlessly chasing innovation, has repeated itself, from radio and television to photocopiers and VCRs.5

The regulation of communications networks tells a similar story. Early laws were written specifically for the telegraph. The Mann-Elkins Act of 1910, for instance, granted the Interstate Commerce Commission oversight of telegraph rates.6 However, as the telephone and radio emerged, the telegraph-specific statutes proved inadequate. The legislative solution was not to write new laws for each new device, but to create a broader, more principles-based framework. The Communications Act of 1934 wisely consolidated the regulation of the telegraph into a broader regime governing all “wire or radio communication,” a far more durable and abstract category.7

The lesson for the AI era is unambiguous. Any law passed today that attempts to regulate LLMs, generative AI, or foundation models by name is, in essence, obsolete. The terminology is in constant flux, and the technology is evolving even faster. A statute targeting GPT-X will be as useless against the innovations of 2030 as a law for player pianos was against the advent of digital streaming. The path to effective governance does not lie in a frantic sprint to regulate the technological frontier with ever more specific statutes. It begins by rediscovering the wisdom of durable legal frameworks that have weathered technological revolutions before.

The Foundation: Technology-Neutrality

If the legislative landscape is littered with the tombstones of obsolete laws, it also contains architectural marvels: a class of statutes that have proven remarkably durable. Their resilience stems from a shared design principle: they regulate human behavior and (commercial) activity, not the technological medium through which that activity is conducted. They are technology-neutral. By focusing on the act rather than the artifact, they establish stable legal principles that can adapt to unforeseen innovation.

A good example is the U.S. wire fraud statute, 18 U.S.C. § 1343.8 Enacted in an era of telegraphs and telephones, the law makes it a federal crime to use interstate “wire, radio, or television communication” to execute a scheme to defraud.9 The statute’s power lies in its elegant abstraction. It does not define the technology, it defines the forbidden act—fraud—and the jurisdictional hook—the use of interstate electronic communications. Its simple, technology-neutral construction has allowed it to apply seamlessly to every subsequent wave of communications technology, from fax machines and pagers to email, websites, and social media. Today, it is a primary tool for prosecuting a range of internet crimes, including phishing, business email compromise, and online romance scams, all without requiring a single amendment to name the new channels.10 It endures because it governs a timeless human behavior, not a transient technology.

Perhaps the most powerful precedents for AI governance come from the foundational laws of the internet era. In the United States and the EU, policymakers grappling with the rise of the commercial internet independently arrived at the same insight: the only durable way to regulate the new space was to focus on the specific, observable behaviors of the actors within it.

In the United States, the insight was codified in Section 230 of the Communications Decency Act.11 Critically, Section 230 does not attempt to regulate “the internet.” Instead, it provides a conditional liability shield to a specific type of actor—a “provider or user of an interactive computer service”—for a specific category of content—”information provided by another information content provider.”12 The law’s durability comes from its precise, behavioral focus.13 It distinguishes between the platform’s role as a conduit for third-party speech and its role as a “publisher or speaker” of its own content. The distinction has allowed the law to adapt from the era of dial-up bulletin boards and AOL chat rooms to a landscape of blogs, social media giants, and generative AI.

The EU’s Electronic Commerce Directive of 2000 followed a similar logic.14 Its “safe harbor” provisions do not grant blanket immunity to “internet companies.” They create liability exemptions for specific, defined activities: “mere conduit” (transmitting information), “caching” (temporarily storing information for efficiency), and “hosting” (storing user-provided information).15 Liability under the directive hinges on a behavioral test: is the platform’s role “passive” and “merely technical,” or is it “active” in a way that gives it “knowledge of, or control over” the data?16 As a result, it has been described as “one of the most successful pieces of European regulation,” because its principles have adapted to two decades of constant technological change.17

The convergence of thinking exhibited in these two foundational legal frameworks is profound. Despite stemming from different legal traditions—one rooted in the U.S. First Amendment’s protection of free speech, the other in the EU’s internal market principles—both systems concluded that the key to durable governance was to regulate actions, not artifacts. This provides a powerful, bipartisan, and transatlantic precedent for the governance of AI. It suggests that the path to international consensus lies not in a futile attempt to agree on a universal definition of “AI,” but in a pragmatic effort to identify the set of high-risk behaviors, applications, and commercial activities that require oversight, no matter what technology enables them.

Three Imperatives for Immediate Action

#1. Reverse-Engineer Policy Language

Modern technology policy often fails because its architects are working from flawed blueprints. It relies on metaphorical shortcuts and linguistic imprecision that create systematic and costly implementation problems. An analysis conducted in 2024 documented fifty-five different analogies used for AI, each carrying distinct policy implications that “strongly affect many key stages of the world’s response to a new technology.”18 A Cambridge meta-analysis of nearly 35,000 participants found that, more generally, metaphorical frames are significantly more persuasive than literal ones, with some conceptual metaphors having five times the impact.19

The real-world consequences of this linguistic imprecision are measurable, leading to costly court cases and missed opportunities. The Center for Trustworthy Technology has shown how the “AI arms race” metaphor drives zero-sum thinking that stifles cooperation, while the “black box” frame obscures real opportunities for transparency.20 The future viability of AI chatbots under Section 230 may hinge entirely on whether they are best assimilated to “search engines” or “information content providers.”21 Copyright litigation over image generators hinges on a similar choice of metaphor, with courts compelled to decide whether these systems serve as modern-day collage tools before they can make consequential fair-use determinations.22

The chasm between the language of a policy and the reality of the technology creates what computer scientists call “semantic gaps,” arising from differences in meaning between constructs formed within different representation systems.23 It is not just a tech problem, it is a universal failure of governance. Harvard research has identified overoptimism as a systemic issue in major government projects, often born from unclear goals and imprecise language.24 The UK National Audit Office finds that vague language “frequently results in the underestimation of the time, costs and risks to delivery.”25 It is part of the reason why only 16% of the UN’s Sustainable Development Goals are on track globally.26

The solution requires reverse-engineering public discourse language. There must be a move from intuitive, seductive analogies toward technically grounded, functional frameworks by unpacking the metaphors.27 That requires asking what a system actually does. Clarity of language not only sharpens debates but also sets the stage for enforceable and coherent policy. Without it, laws risk codifying misunderstandings and chasing myths that shift faster than any rules can be amended.

#2. Transcend the Analog–Digital Divide

The traditional distinctions our laws make between analog and digital are not merely outdated; they are now actively harmful to effective regulation. In 2019, the U.S. Congressional Research Service identified that “boundaries that once separated single-function technologies blend together,” making regulatory jurisdiction unclear and creating situations where converged technologies fall “unregulated, partially regulated, or regulated under a newly developed framework.”28

The scale of obsolescence is not theoretical. Between 2021 and 2024, the U.S. Federal Communications Commission began a kind of bureaucratic exorcism, launching formal proceedings to “remove obsolete analog TV rules” from its books. It was a quiet admission that the legal architecture was no longer fit for purpose.29

Legal frameworks designed for specific technologies fail catastrophically when addressing convergent systems, and lawmakers must stop anchoring rights and responsibilities to obsolete formats. Studies show a chronic gap between the emergence of a new technology and any effective government response.30 It is the predictable outcome of what researchers call regulatory lag, a systemic delay that creates “a vicious circle of inefficiency, disinvestment, and reduced performance.”31 Policy, it seems, is always late to the party, arriving long after the rules of the game have already been set by the technology itself. This is why technology neutrality is key. If a rule prohibits harassment, fraud, or surveillance, it should apply regardless of whether the act is committed with a megaphone, a smartphone, or a synthetic chatbot. The principle of functional equivalence, which involves treating digitally and physically mediated behaviors under the same legal standards, is essential to future-proofing regulation.

#3. Regulate What AI Does, Not What It Is

The four myths that dominate the AI discourse trap us in a philosophical rabbit hole. We are endlessly debating ontology—what AI is. Is it a mind? A demon? A savior? A tool? These questions, while intriguing, are a disastrous foundation for public policy. They lead to the flawed governance we have documented: regulating fantasies of machine consciousness while real algorithmic harms do not get the attention they deserve, or scapegoating bots for problems rooted in human-driven institutions.

The antidote to mythological thinking is a decisive shift in regulatory focus, a turn from ontology to function. The critical question for governance is not what AI is, but what AI does, and what duties its creators and deployers owe to the society in which their systems operate. This pragmatic turn allows us to begin building governance frameworks grounded in tangible impacts and shared responsibilities.

As the durable frameworks of the internet age have already proven, technology-neutral laws that focus on conduct consistently outperform their technology-specific cousins. History provides stark warnings against the alternative. The UK’s infamous Red Flag Acts of the nineteenth century, which required a person to walk in front of early automobiles with a red flag, delayed the country’s automotive development by decades.32 It stands as a cautionary tale about the folly of writing rules for the artifact instead of the action.

Functional regulation succeeds because it regulates outcomes, not inputs. Technology neutrality principles emphasize outcome-based standards, non-discrimination regardless of technology, and innovation neutrality that avoids pushing markets toward particular technological structures.33 It is the only approach that allows the law to keep pace with technology, creating a stable and predictable environment where innovation can flourish responsibly.
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CHAPTER 9

PRINCIPLES FOR MATURE AI GOVERNANCE

DESIGNING RULES FOR REALITY, NOT MYTH

Having identified the four myths and their costly misconceptions, we can now develop the antidote. The solution is not a single law but a new governing philosophy, built on three core principles: Accountability, Proportionality, and Durability. This chapter outlines each principle, synthesizing the antidotes to our myths into a practical blueprint for mature governance.

Principle #1: Accountability as Antidote to Magic and Sin

The first principle, accountability, is the direct antidote to the myths of Magic and Sin. The Magic myth creates an accountability vacuum by framing AI as an unknowable “black box,” while the Sin myth uses the algorithm as a “digital scapegoat” to absorb blame for human failings. Accountability rejects both fictions. It embraces a democratic realism that holds individuals and institutions accountable for the tools they create and deploy.

The Mental Shift: AI Tools, Not Gods

The ritual of the scapegoat is, above all, a ritual of relief. By casting our sins onto the algorithm, we absolve ourselves of the messy business of accountability. But this relief is a dangerous fiction.1 The alternative is to reject the technological determinism that fuels the myths and insist on a simple truth: AI is a collection of tools built by organizations that reflect the values, priorities, and power structures embedded in their design.2

Framing AI as a tool, not a being, provides a productive foundation for policy. It shifts the focus from fantasy to functionality.3 It allows us to sidestep abstract philosophical puzzles and ask straightforward, practical questions: What does this tool do? What are its limitations and failure modes? Who controls it, and who benefits from its use? What safeguards exist to prevent misuse?

This “tool metaphor” is the necessary first step. It immediately clarifies where responsibility lies, namely not with the tool, but with its creators and deployers. This mental shift requires abandoning the fairy tale of enchanted algorithms. As author Ted Chiang observed, interacting with current AI systems resembles Tom Hanks’s relationship with Wilson the Volleyball in Cast Away: the interaction provides psychological comfort through projection, but “there’s no one else in there.”4

The tools metaphor also puts the AGI discussions in perspective, as it is crucial that the philosophical puzzle about whether AI might eventually achieve genuine consciousness5 does not paralyze present-day policy development.6 The problem lies not in acknowledging uncertainty about the future, but in projecting sentience onto current systems that clearly lack it, thereby obscuring the human choices that determine their impact.

The Legal Framework: AI as a Product

Once we see AI as a tool, the legal path becomes clear. The most powerful principle for mature governance is to treat AI systems as products. By viewing AI not as a nascent consciousness but as a complex artifact sold in a marketplace, we can apply the robust, centuries-old body of product liability law.7 This move has a powerful historical precedent in the automobile. In the early twentieth century, car accidents could have been framed as unavoidable consequences of a mysterious new technology. Instead, the common law, through landmark cases such as MacPherson v. Buick Motor Co.,8 evolved to hold manufacturers accountable for the foreseeable harm caused by their defective products.9 This principle did not stifle innovation; it channeled it, creating market incentives for seatbelts, airbags, and anti-lock brakes, which saved countless lives.

Product liability principles that apply to other industries should extend to systems that affect employment, healthcare, criminal justice, and other consequential domains.10 Applying a similar framework to AI demystifies the technology and clarifies responsibility. It allows us to ask a series of practical, legally established questions:

1. Was there a design defect? Was the system, even if built to specification, designed with foreseeable risks that a reasonable alternative could have avoided? This could be a crucial question for systems trained on biased data or given optimization goals that predictably lead to discriminatory or harmful outcomes.

2. Was there a manufacturing defect? Did a system deviate from its intended design in a way that made it unreasonably dangerous? This could, for instance, apply to a system corrupted during data processing or deployment, leading to harmful outputs.11

3. Was there a failure to warn? Did the manufacturer fail to provide adequate instructions about the product’s limitations and foreseeable risks? For a powerful, general-purpose AI, this duty is immense. It requires transparency about the system’s capabilities, error rates, and the contexts in which it is unsafe to use.

This framework is already being operationalized. The EU’s AI Act, at its core, is a product safety regulation. It identifies “high-risk AI systems,” many of which are embedded in other products such as medical devices or cars, and subjects them to the same rigorous conformity assessments and post-market monitoring that the public expects for any other potentially dangerous product.12 This approach grounds the abstract anxieties of the AI discourse in the concrete world of consumer protection and corporate responsibility.

The Policy Toolkit

To move beyond reactive or oversimplified approaches to AI regulation, we need a policy toolkit grounded in democratic values and capable of handling complexity. That means rejecting overreach, paralysis, and false certainty in favor of adaptive governance and democratic stewardship. It means accepting there is a need to force fundamental changes in how companies design, deploy, and profit from their systems.13

1. Targeted Regulation, Not Blanket Bans

Democratic governance must focus on addressing specific, demonstrable harms—not banning the underlying tools. Technologies are tools, and any questions regarding their morality lie in their application and governance frameworks.14 This means prohibiting harmful uses, not entire technologies. For instance, laws can be passed to ban the creation and distribution of non-consensual deepfakes, without affecting the underlying technology used in film, art, and education. Biometric surveillance can be restricted in public spaces to protect civil liberties, while facial recognition for phone unlocking is allowed.15 An algorithmic hiring tool may be a functional tool for identifying certain skills, but it can be disastrously biased for others.16 Effective governance is about making these context-aware distinctions.

Regulatory frameworks can establish conditional permissions that enable beneficial technological applications while preventing harmful ones. Public procurement offers a powerful tool for this kind of targeted intervention. By establishing high standards for government technology purchases, including requirements for auditing and fairness in AI systems, public agencies create strong market incentives for companies to develop more responsible products for everyone.17

2. Building Ethics into the Innovation Pipeline

Accountability cannot be an afterthought; it must be an architectural feature.18 It starts with mandatory risk assessments that require companies and government agencies to evaluate the potential social impacts of an AI system before deployment.19 Assessments should cover the effects across different communities, consider alternative approaches, and include plans for ongoing monitoring and adjustment based on empirical evidence rather than theoretical projections.20

It continues with transparency-by-design. When companies must document their design choices, training data sources, and intended applications, they create records that enable democratic evaluation while potentially influencing development decisions toward more responsible approaches.21 Transparency must be meaningful rather than just technical, providing information in accessible formats that enable third party understanding and democratic evaluation.22

In the public space, it must also include participatory mechanisms, ensuring that communities affected by a technology have a voice in shaping how it works and what values it embodies, rather than having companies or government agencies design systems based on their own assumptions about user needs and preferences.23

Once a system is in the world, the guardrails must include ongoing oversight through independent auditing to monitor for discrimination, inaccuracy, and unintended consequences while enabling adjustments that improve performance over time.24

Finally, we need strong professional ethics for technologists, creating individual accountability that complements institutional rules and fosters a culture of social responsibility. Just as medical professionals follow ethical guidelines that prioritize patient welfare over commercial interests, technology workers could be held to standards that emphasize social responsibility and democratic values.25

3. Enforcing Corporate Responsibility

Accountability must have teeth. This means moving beyond voluntary commitments to concrete mechanisms, looking past the code and examining the business models that create incentives for harmful applications in the first place. When a platform’s profits depend on maximizing engagement, it will inevitably develop systems that promote viral content even when it includes misinformation or hate speech. When surveillance technology companies profit from data collection, they have incentives to expand their monitoring capabilities, regardless of the privacy implications.26

Antitrust enforcement provides crucial tools for corporate accountability by preventing technology companies from accumulating market power that enables them to avoid responsibility for their social impact.27 Internal checks on corporate power must be strengthened by protecting workers’ rights. Whistleblowers and organized employees who can raise ethical concerns without fear of retaliation are one of the most effective lines of defense against irresponsible development and can help align corporate practices with public interests rather than just shareholder returns.28

Finally, accountability must be global. In our interconnected world, companies cannot be allowed to evade responsibility through regulatory arbitrage. When companies can move operations to countries with weaker oversight, they can escape accountability while continuing to operate in jurisdictions that demand higher standards. Coordinated international frameworks can establish minimum standards for corporate responsibility while allowing democratic variation in implementation approaches.29

4. Recognizing the Limits of the AI as a Tool Analogy

However, the tool metaphor does have limitations that must be acknowledged. Modern AI systems, particularly LLMs and multimodal systems, exhibit emergent behaviors that their creators didn’t explicitly program and sometimes don’t fully understand. These systems can generate novel outputs, combine concepts in unexpected ways, and exhibit capabilities that exceed their training objectives. While such emergent properties don’t constitute consciousness or agency, they do represent a form of complexity that challenges simple tool metaphors.

Furthermore, AI systems increasingly operate in contexts where they shape human behavior and social dynamics in ways that traditional tools do not. Recommendation algorithms shape the content billions of people consume, potentially influencing political opinions, consumer choices, and social relationships. Chatbots increasingly shape how people access information and understand the world. The systems function more like social infrastructure than individual tools, requiring governance approaches that account for their systemic effects.

Principle #2: Proportionality as Antidote to Madness

The second principle for mature governance is proportionality, which reframes policy intervention from a crisis response to tackling a public health challenge. This approach is the direct antidote to the emotional extremes of the Madness myth, which pushes policy between the fever of hype cycles and the chill of moral panics. A public-health approach, by contrast, is rooted in the sober, steady work of evidence-based risk assessment, targeted interventions, and a long-term focus on building societal resilience. Instead of the all-or-nothing logic of madness, it embraces proportionality, recognizing that not all AI systems pose the same level of risk, and that regulatory attention should be focused where the potential for harm is most significant.

The Mental Shift: Evidence Over Emotion

Moving beyond techno-solutionism means insisting on rigorous evidence before, during, and after deploying AI. It means treating technological solutions with the same skepticism applied to other high-stake policy interventions. If we are serious about abandoning mythological thinking, we need better tools when asking questions such as “Does this work?” “For whom?” “And at what cost?” Such an evidence-based approach helps us distinguish genuine breakthroughs from overhyped solutions.

The medical field provides a useful model. We do not deploy a new drug to millions based on a marketing pitch. New medical technologies must demonstrate safety and efficacy through controlled trials before receiving regulatory approval.30 In the U.S., medical AI systems that receive approval from the Food and Drug Administration (FDA) must demonstrate effectiveness through controlled trials, leading to genuinely useful applications such as diabetic retinopathy screening and certain forms of medical imaging analysis.31 However, many healthcare AI applications are deployed without rigorous evaluation, particularly in areas like clinical decision support and administrative automation.32 Patients deserve better. For example, a Google AI system for retinal disease detection performed accurately during development but exhibited poor performance after deployment in Thai hospitals due to differences in image quality between the training and practice data.33 Similar standards must apply to AI systems deployed in other critical domains.

IBM Watson Health’s ultimate dissolution after billions in investment demonstrates how promises of salvation can consume enormous resources while delivering minimal clinical benefit.34 The project failed not due to a lack of technology, but rather from unrealistic promises that overlooked the complexities of medical decision-making. In contrast, DeepMind’s AlphaFold was a genuine breakthrough that solved a 50-year-old challenge in protein folding, opening new frontiers in medicine.35 It was technically sophisticated and practically valuable. This is a world away from most viral chatbots, whose technical sophistication is impressive but whose social value is often unclear. In fact, most AI chatbots solve problems that are already adequately addressed by existing technologies, such as search engines, customer service systems, and educational resources; however, they also create problems related to misinformation, privacy, and dependency.

Sometimes, the result can be mixed. When the COVID-19 pandemic upended livelihoods in Togo, the government launched the Novissi program. It set a specific goal to use satellite data and machine learning to improve the targeting of emergency cash assistance.36 The system achieved a meaningful 17-point increase in accuracy, while also being honest about its limitations, including a 30% error rate in excluding truly poor individuals who did not match the algorithmic profile.37 This transparency enabled productive discussions about how AI targeting could supplement, rather than replace, traditional poverty assessment methods.

As a rule of thumb, the goal of smart policy should not be to eliminate enthusiasm for technological innovation, but to channel it toward applications that demonstrably improve human welfare. It means fostering an environment where the next AlphaFold is celebrated as a greater achievement than the next viral chatbot.

The Legal Framework: Adaptive and Risk-Proportional Governance

If moral panic is a disease of governance, then a sense of proportion and timing is the cure. For any government faced with a new technology, the hardest question is “when to act?” Acting too soon on panic risks stifling innovation; acting too late risks allowing harm to take root.

The legislative rush to address deepfakes is a perfect lesson. Initial panic-driven laws in the U.S. focused on the hypothetical threat of video fakes in elections. When the real threat emerged years later as targeted audio manipulations, those early regulations were a poor fit.

The solution is not inaction, but “adaptive vigilance”: designing laws that can evolve as our understanding of a technology grows. This requires iterative processes, for which we have decades of blueprints. We only need to be wise enough to borrow them. The introduction of automobiles, aviation,38 pharmaceuticals,39 and telecommunications40 all involved periods of uncertainty and regulatory experimentation before the right balance was found. Each transition offers valuable lessons about striking a balance between innovation and public safety, mitigating unintended consequences, and adapting governance to technological advancements.

For example, the pharmaceutical industry’s phased approach to drug development is a proven model, born from past tragedies and designed to prevent future ones. Phase I trials test basic safety, Phase II evaluates efficacy, and Phase III conducts large-scale comparisons, all before a drug is approved for public use.41 In some instances, AI deployment could easily follow similar stages: limited testing in controlled environments, evaluation of harms and benefits, and systematic comparison against existing methods before any wide release.

Automotive safety testing offers another relevant framework. Regulators do not just hope that cars are safe but require manufacturers to prove it through standardized tests. In the United States, the National Highway Traffic Safety Administration’s Federal Motor Vehicle Safety Standards42 require manufacturers to demonstrate compliance through standardized tests before vehicles can be sold. The standards are not static but evolve over time, based on real-world accident data and new technological capabilities, providing a model for creating adaptive safety requirements for AI.

Canada’s Algorithmic Impact Assessment43 requirement offers another model for regulatory approaches that resist hype.44 It forces government agencies to evaluate a system’s potential effects on accuracy, autonomy, procedural fairness, and human dignity before they launch, rather than simply measuring efficiency gains or cost savings.45

Regulatory sandboxes offer an alternative avenue for resisting salvation logic by enabling controlled experimentation under democratic oversight. The UK Financial Conduct Authority’s sandbox allows fintech companies to test new products with real customers while maintaining consumer protections and, crucially, generating systematic evidence about their benefits and risks.46 This model has been formally adopted by the EU AI Act,47 whose Article 57 mandates the creation of AI regulatory sandboxes in member states. These are defined as controlled environments where innovative AI systems can be developed, tested, and validated—sometimes in real-world conditions—for a limited time under regulatory supervision before being placed on the market. Educational AI systems could be piloted in selected schools with a comprehensive assessment of effects on student learning across different populations. Healthcare AI could be tested in controlled clinical settings with rigorous evaluation of diagnostic accuracy and patient outcomes. The key is to ensure the sandboxes serve democratic learning, not just corporate development, with public reporting of findings and a commitment to adjusting the rules based on evidence, not overoptimistic promises by vested interests.

What all these models share is a commitment to iteration and evidence. They feature reviews, pilot studies, and a willingness to adapt—a far cry from the reactive, all-or-nothing prohibitions born of panic.

A focus on impact also requires a critical shift in what we choose to measure. Much of the current regulatory discussion, particularly in high-level international forums, has been captivated by the idea of using computational power, or “compute,” as a primary proxy for risk. The logic is simple: the more computing power a model requires, the more capable—and therefore potentially more dangerous—it must be. This is the approach taken by the Responsible AI Safety and Education Act (RAISE) in New York,48 Senate Bill 53 in California,49 and the EU’s AI Act.

However, this is another seductive but flawed simplification. Risk is a product of context, not just capability. A small, computationally inexpensive model used to screen asylum applications or recommend medical treatments can cause immense harm, while a massive, high-compute model used to generate poetry is relatively benign. Focusing on compute as the key regulatory threshold is like judging a vehicle’s danger solely on its horsepower, ignoring whether it’s being driven at 10 mph in a school zone or 90 mph on a wet road by an inexperienced teenager.50 Effective regulation understands that the context of deployment—the who, what, and where of its use—is a far more reliable indicator of risk than any technical specification. This approach is also more durable, as it is not rendered obsolete by inevitable advances in algorithmic efficiency that allow for more capable models to be run with less and less computational power.

The Policy Toolkit

Finally, the principle of proportionality is not just about reacting correctly; it is about building a society that is proactively resilient to the storms of hype and panic. In this context, resilience is the direct antidote to the “Madness” myth. It is a society’s structural capacity to absorb the shock of technological change without breaking—that is, without succumbing to “governance whiplash” or “policy FOMO”. A brittle system reacts with knee-jerk bans or reckless deregulation; a resilient system responds with a steady, evidence-based process.

This is achieved by intentionally creating “buffers,” or institutional shock absorbers, at every level. We must build resilience into our governing bodies, markets, international relations, and public sphere.

1. Institutional Resilience

Resilience requires independent, non-partisan bodies to provide clear-eyed analysis.

The United States had a model for this in its Congressional Office of Technology Assessment (OTA). From 1972 to 1995, it provided balanced analysis that resisted both industry hype and activist alarmism.51 The OTA covered a variety of emerging technologies, from genetic engineering to computer security, helping legislators understand complex issues without relying solely on the input of interested parties.52 While the office was ultimately defunded due to political pressures, its work demonstrated how independent technical expertise can support democratic decision-making about complex technologies.

The U.S. Congressional Budget Office (CBO) offers another model for independent analysis that provides factual foundations for policy debates.53 CBO’s economic projections and policy analysis, while not always accurate, create common ground for legislative discussions by establishing shared factual baselines. A modern equivalent, staffed with independent experts, could provide a trusted diagnosis of AI risks, free from the distortions of hype.

2. Market Resilience

Resilience implies aligning market incentives with public values. This means designing systems that reward companies for responsible behavior.

The FDA’s “breakthrough device” designation provides a model for incentivizing transparency and responsible innovation.54 Companies that demonstrate their devices address unmet medical needs and provide evidence of potential benefits receive expedited review and ongoing communication with FDA staff.

Environmental disclosure requirements offer another precedent for transparency incentives. The United States Environmental Protection Agency’s Toxic Release Inventory requires companies to publicly report releases of toxic chemicals, creating market pressures for pollution reduction without mandating specific technologies.55

Financial services also demonstrate how transparency requirements can drive industry-wide improvements. The Basel III capital requirements require banks to publicly disclose their risk management practices, creating market incentives for better governance while enabling regulatory oversight.56

Similarly, for AI, transparency should be a competitive advantage, not a regulatory burden. Regulators can offer faster approvals for firms that open their models to rigorous testing and monitoring, while subjecting opaque players to heightened scrutiny. AI disclosure requirements could create competitive advantages for companies with better algorithmic governance practices while exposing those with inadequate practices.

3. Global Resilience

We must move beyond the “arms race” mentality (a key part of the Madness myth) and embrace international cooperation. Challenges such as AI safety, ethics, and economic disruption require coordinated responses. The Montreal Protocol is an inspiring example of successful international technology cooperation.57 When scientists identified the threat of ozone depletion from chlorofluorocarbons (CFCs), countries didn’t compete to develop the most effective anti-ozone-destroying chemicals. Instead, they worked together to phase out CFCs and develop alternatives. The result was a combination of environmental protection and technological innovation that benefited all participants.

International cooperation is also essential in AI governance, especially in safety research, technical standards, and the management of economic disruption. The Global Partnership on AI represents early efforts to facilitate collaboration, though more structured approaches may be needed as AI technologies become increasingly pervasive.58 Learning from successful international frameworks, such as aviation safety coordination and pharmaceutical regulatory harmonization, could inform more effective global approaches to AI governance and promote shared standards.

Yet even as the benefits of international cooperation become apparent, a counter-narrative has emerged that threatens to undermine collaborative approaches: the rhetoric of digital sovereignty. The EU has been particularly vocal in promoting this concept, framing technological independence as essential for political autonomy and economic security.59 The move is a response to a legitimate fear of becoming a digital colony, dependent on U.S. and Chinese platforms for critical infrastructure and data processing.60

The digital sovereignty agenda reflects legitimate concerns about technological dependence, but the rhetoric often slips into zero-sum thinking that mirrors the arms-race mentality it claims to reject.61 When Ursula von der Leyen, President of the European Commission, pledged in 2014 that Europe must achieve “technological sovereignty” in critical areas such as AI,62 she framed international cooperation as a luxury that Europe can ill afford rather than a necessity for addressing global challenges.

Such rhetoric creates its own competitive dynamics. If Europe seeks technological autonomy, other regions inevitably respond with their own sovereignty initiatives, fragmenting global technology ecosystems in ways that benefit no one. The result risks delivering not genuine independence but an expensive duplication of effort and a reduced collective capacity to address global challenges.

4. Public Resilience

Public resilience requires a commitment to critical thinking education, empowering citizens to evaluate information independently, understand how technological systems function, and participate in democratic processes that shape the governance of technology.63

The most effective long-term strategy implies a sustained, society-wide investment in robust digital and AI literacy, enabling society to navigate a complex world with wisdom and agency.64 It means investing in institutional strength, ensuring schools, healthcare systems, and community groups are well-funded and accountable, so they can adapt to technological developments while maintaining their core purposes.65

It also depends on fostering diverse media ecosystems by supporting public media and local journalism. Such diversity contributes to resilience by ensuring that communities have access to multiple information sources rather than relying on a single platform or algorithm for news and communication.66 More importantly, it provides an alternative to algorithmically optimized outrage and empowers citizens to distinguish between legitimate excitement and manipulative hype, building a collective immunity to madness.

Finally, resilience is sustained by developing the social capital and democratic participation infrastructure that allows communities to organize effectively around shared interests rather than remaining isolated and vulnerable to technological manipulation. It, in turn, enables communities to participate in finding adequate solutions to their problems, rather than waiting for a technological savior or fearing a digital demon.67

Table 1—The Guardrails Framework



	1.


	CORE PRINCIPLE

Categorize Systems by Demonstrated Impact, Not Hypothetical Fantasy

RATIONALE & CORRECTIVE FUNCTION

Illustration: EU AI Act model that differentiates the obligations of, for example, high-risk medical devices vs. low-risk entertainment recommendations.68

Advantage: Forces policymakers to address verifiable, real-world harms, not sci-fi scenarios. Focuses oversight where it is most needed.




	2.

	CORE PRINCIPLE

Require Progressively Rigorous Testing Based on Potential Harm

RATIONALE & CORRECTIVE FUNCTION

Illustration: The FDA’s approval process for medical devices, which requires progressively rigorous testing based on the severity of potential patient harm.69

Advantage: Acts as a crucial brake on reckless hype cycles, providing a rational alternative to moral panics.




	3.

	CORE PRINCIPLE

Mandate Systematic Hazard Identification & Human Accountability

RATIONALE & CORRECTIVE FUNCTION

Illustration: The FAA’s Safety Management System in the aviation sector, which requires airlines to systematically identify hazards, assess risks, and implement controls proportional to an accident’s potential severity and likelihood.70

Advantage: Restores clear lines of responsibility, making it impossible to blame the algorithm for failures.




	4.

	CORE PRINCIPLE

Incentivize Safety by Making Risk a Material Cost

RATIONALE & CORRECTIVE FUNCTION

Illustration: Financial regulation models, such as the Basel framework, require banks to hold capital proportional to their assessed risks.

Advantage: Replaces the need for blind faith in corporate benevolence with verifiable, economic incentives, forcing companies to internalize the costs of the risks their systems create.





Principle#3: Durability as Antidote to Heaven

The final principle for mature governance is durability. This approach conceives of AI regulation not as a series of reactive, technology-specific laws, but as a set of foundational principles. It is the direct antidote to the opposing temptations of the Heaven myth, which urges a dangerous deference to tech prophets, and the Sin myth, which demands reactionary prohibitions.

The Mental Shift: From Reactive Laws to Durable Principles

Instead of writing piecemeal legislation for each new technological marvel or abdicating governance entirely, this framework establishes a stable and future-proof set of high-level principles to guide all algorithmic systems.

Durability requires a shift in our long-term thinking. While the tool metaphor is useful for accountability, the infrastructure analogy is better for understanding AI’s systemic influence. Like electricity or transportation networks, AI is becoming a foundational layer of society that requires robust governance frameworks, clear technical standards, equitable access provisions, and comprehensive safeguards against abuse.71 This framing forces us to consider public-interest principles such as universal access, reliability, and interoperability.

Additionally, the infrastructure approach alters our perspective on the concentration of the AI market. Rather than treating AI capabilities as commercial products subject only to market forces, infrastructure thinking acknowledges that access to AI tools is increasingly influencing opportunities for education, employment, and civic participation. Just as telecommunications and transportation infrastructure are subject to common carrier regulations and antitrust oversight, AI infrastructure might require similar governance mechanisms to prevent monopolization and ensure competitive markets.

Resilience and reliability become increasingly crucial as AI systems become more deeply integrated into critical social systems. Infrastructure frameworks emphasize the need for redundancy, fail-safe mechanisms, and disaster recovery planning. Such concepts translate naturally to AI governance through requirements for algorithmic auditing, backup systems, and transparency mechanisms that enable oversight and accountability.

Finally, a durable framework recognizes that technical fixes alone are insufficient. Many issues framed as “AI problems” are actually systemic, human problems amplified by new tools. A holistic approach requires embracing “complexity thinking”: seeing social challenges not as bugs to be fixed but as outcomes of tangled systems, histories, and power dynamics.72 Poverty, for instance, is not a data distribution issue; it is a convergence of policy, labor, education, and structural injustice. Climate change is not just a technological problem; it requires coordinated changes in energy systems, transportation, and international cooperation. Technology can play a supporting role, but it cannot substitute for political will or public buy-in.

Complexity thinking looks beyond the algorithm to the broader social, economic, and political systems. Achieving this requires cross-sector collaboration, bringing together technologists, social scientists, educators, and community organizations to develop comprehensive strategies.73

• When we blame automation for unemployment, we must also look at economic policy, job training, and stronger safety nets.74

• When we blame platforms for loneliness, we must also support community development, public spaces, civic organizations, and programs that foster the face-to-face connections that no technology can replace.

• When we blame policy failures on inscrutable algorithms, we must invest in the cross-disciplinary research needed to build a comprehensive picture of their impacts, moving beyond the isolated perspectives of computer science or social science.

The Legal Framework: Principles-Based Regulation

The model for durability draws inspiration from the success of Principles-Based Regulation (PBR) in other complex, fast-moving domains. In fields such as finance and environmental protection, experience reveals that attempting to write thousands of prescriptive rules is not a good idea, as they are likely to become obsolete quickly.75 PBR, by contrast, sets broad, outcome-focused standards. For example, the UK FCA imposes a duty on firms to “act to deliver good outcomes for retail customers.”76 This approach endures in the face of innovation, forcing firms to engage with the spirit of the law and reducing the potential for creative compliance.

The Uniform Commercial Code (UCC) in the United States stands as a testament to this thinking. For over seventy years, the UCC has provided a stable and uniform legal foundation for commercial transactions, successfully adapting to the shift from an industrial economy to the era of e-commerce.77 It achieves this durability not through detailed technological specifications but through clear, high-level principles governing contracts, sales, and secured transactions, successfully adapting from an industrial economy to the age of cryptocurrency.

An AI PBR would similarly establish a set of foundational, technology-neutral tenets:

• Human agency and oversight: A default requirement for meaningful human control over consequential decisions.

• Accountability and responsibility: A clear allocation of liability to the human actors who design, deploy, and profit from AI systems.

• Transparency and explainability: A right for individuals to understand the basis of algorithmic decisions that affect them.

• Fairness and non-discrimination: A prohibition on algorithmic systems that produce or perpetuate unlawful discrimination.

• Safety and reliability: A duty to ensure that AI systems operate safely and reliably in their intended contexts.

The Policy Toolkit: Reclaiming Democratic Control

After detailing the pervasive capture of our democratic institutions, is it not naive to propose democratic realism as the solution? This is not a contradiction; it is the core of the challenge. The fact that our institutions are under strain is not a reason to abandon them for technocratic prophets. On the contrary, it is the reason we must work to reclaim and strengthen them.

1. Tools for Democratic Participation

We already have powerful models for structured public engagement. As noted in Chapter 4, Ireland’s Citizens’ Assembly demonstrates that a representative group of everyday people, given time and access to independent expertise, can produce nuanced policy recommendations on deeply divisive issues such as abortion and climate change.78 This same approach can be applied to AI governance, replacing the polarized debate of salvation versus damnation with evidence-based discussion. Imagine citizen assemblies systematically tackling the questions that the salvation narrative ignores. Should public schools use AI tutoring systems, and under what conditions? How should healthcare AI be designed to preserve patient privacy? What role should algorithms play in the justice system, and what human oversight is essential? These are precisely the kinds of messy, value-laden debates that the salvation narrative seeks to override but that democracy is designed to navigate.

The Danish Board of Technology’s consensus conferences have equally provided a model for public engagement on technological issues.79 These conferences bring together diverse citizens to examine emerging technologies, hear from independent experts, and develop recommendations that have successfully influenced democratic policy.80

We even have examples of how digital tools can support this process, such as the vTaiwan platform mentioned in Chapter 3, which has enabled large-scale public consultation on complex issues such as ride-sharing and cryptocurrency regulation, using technology to enhance, not replace, democratic deliberation.81

2. Tools for Transparency and Agency

For democratic participation to be meaningful, it must be informed. It requires tools that empower citizens and embed human agency into the design of technology itself.

First, transparency must be designed for public understanding, not just for bureaucratic box-checking. Public registries of automated decision-making systems, such as those in Amsterdam82 and Helsinki, are a crucial step.83 They require government agencies to disclose how and when they use algorithmic systems in clear, accessible language, not technical jargon. The Amsterdam registry details each system’s purpose, decision-making logic, data sources, accuracy metrics, and human oversight procedures, allowing citizens to understand and evaluate the automated decisions that affect their lives and communities. The Helsinki registry goes a step further by requiring public consultation before deploying AI systems that could significantly affect citizen rights.84 This consultation process creates opportunities for community input from the outset on whether algorithmic applications serve public purposes, while also enabling ongoing oversight of system performance and social impacts.

Second, transparency frameworks must also create a legal right to an explanation for citizens affected by automated decisions. France’s algorithmic transparency law, for instance, allows citizens affected by automated government decisions about benefits, taxes, or other government services to demand an accessible explanation of how those decisions were reached, establishing a framework for accountability that goes beyond mere technical disclosure.85 Corporate transparency requirements could follow similar principles by requiring companies to disclose the impacts of AI systems on workers, consumers, and communities in a meaningful manner. The EU’s AI Act includes transparency requirements for certain AI applications, but these could be expanded to cover broader social and economic impacts that affect public welfare.86

Third, beyond transparency, we need community-controlled technology. Barcelona’s Decidim offers an example of participatory democracy software designed by and for civic organizations, rather than by a tech company optimizing for engagement.87 The platform enables neighborhood assemblies, municipal councils, and civic organizations to organize democratic deliberation. Its governance is democratic, and its success in supporting participatory budgeting and neighborhood planning demonstrates how technology can serve public purposes. Cooperative ownership models, such as platform cooperatives, offer a similar path, enabling communities to collectively own and govern the systems that impact their lives. Platform cooperatives such as Stocksy United and Resonate demonstrate how worker and user ownership can align technological development with community interests, moving beyond a singular focus on profit maximization.88 Public banking provides a related model for funding such initiatives, allowing community-controlled financial institutions to support local, democratic technology development, free from the commercial pressures that fuel the salvation myth.89

Fourth, we must build widespread technological literacy. This means rejecting the narrative of helplessness. Reclaiming agency begins with education that frames AI as a human creation that can be shaped through democratic engagement. Finland, for example, launched a program in 2020 to teach at least 1% of its citizens—and, by extension, civil servants—the basics of AI.90 The campaign quickly exceeded its targets and offered a model for broader digital education.91 The idea is simple: if lawmakers, judges, city council members, and voters understand what AI can and cannot do, they are better equipped to ask tough questions.92 Similarly, when workers can see the logic behind algorithmic management, they are better equipped to organize for fair treatment and oversight.93 This literacy must extend to computer science education, which should include the analysis of algorithmic bias and ethical design, not just technical implementation.94

Finally, we must design systems that preserve human agency. This requires creating interfaces that allow users to understand and modify algorithmic decisions, providing options for human oversight, and maintaining human-centered workflows that utilize technology to augment, rather than replace, human judgment.95

3. Tools for Power-Balancing

More generally, a durable democracy must build structural resistance to myth-based capture. This means rebalancing power.

Media: Restructure the Pulpit

Technology journalism plays a crucial role in shaping public and policy understanding of AI, through editorial choices about coverage, sourcing, and framing that influence whether industry narratives are accepted uncritically or subjected to rigorous evaluation. It often amplifies industry perspectives rather than providing independent analysis. As the book AI Snake Oil notes, “If researchers and companies kindle the sparks of hype, the media fans the flames.”96

This amplification isn’t limited to industry hype; it extends to bizarre political theater. In October 2025, when Albania’s Prime Minister announced his AI “minister” was “pregnant” with 83 digital assistants,97 he was framing a simple software rollout as a magical birth. Instead of ignoring this bizarre take, the media picked it up as a journalist at a European Commission briefing asked for a reaction to the happy news,” and the Commission’s spokesperson, rather than correcting the absurd anthropomorphism, played along, offering official “congratulations.”98 This is a perfect example of the media and policy institutions choosing to amplify a narrative rather than ignoring it or providing the critical analysis needed to hold power to account. Fostering a media ecosystem capable of more independent, critical analysis is therefore essential. Equally important in today’s diverse media environment is investing in public media literacy, enabling citizens to critically assess the technological narratives presented to them. Fostering a resilient media ecosystem, such as by supporting public media or initiatives like the BBC’s Verify service,99 is crucial for countering misinformation and myths.

Research: Open the Black Box

AI research and development are often conducted in the laboratories of a few corporate giants, shielded from democratic oversight despite being fueled by public investment in the form of tax incentives, research grants, and infrastructure support. If democracy is to have any say in our technological future, it must have a seat at the table where that future is being designed.

Further, public investment must be used to create alternatives to corporate-controlled technology. When governments fund AI research, they can attach strings that require public benefit, open development, and democratic accountability, creating a technology ecosystem that serves more than commercial advantage.100

Finally, academic institutions require structural reforms that reduce dependence on industry funding. They must be bastions of independent thought, not extensions of corporate R&D. Even though it is currently under pressure due to massive budget cuts from the Trump administration,101 the National Science Foundation’s historic support for fundamental research provides a model for public investment that generates knowledge serving broad social interests rather than narrow commercial applications.102 The goal is not to eliminate industry collaboration but to ensure that academic research maintains the independence necessary for genuine evaluation of technological benefits and risks.

International cooperation, guided by frameworks such as the Montreal Declaration for Responsible AI,103 can further align research priorities with shared democratic values, resisting the pull of a competitive race to the bottom in favor of a collaborative pursuit of the public good. Democratic countries could collaborate on research priorities that advance shared values of human rights, democratic governance, and social justice, instead of leaving AI governance to competition between national technology champions.

Market: Address Concentration

The extreme concentration of wealth and market power in the hands of a few tech companies warrants scrutiny. Robust antitrust enforcement is crucial, as it addresses the market concentration that enables these companies to shape public discourse and eliminate competitive alternatives. When a few companies control the core infrastructure of AI development, their leaders naturally become like prophets, regardless of the merit of their visions. Addressing the potential negative impact of such concentration is a prerequisite for breaking the spell of the Heaven myth.

A Coherent System for Governance

The three frameworks of Accountability, Proportionality, and Durability are complementary layers of a coherent system for mature governance. The AI as Product framework provides the necessary sword, establishing clear liability for the platform’s own actions and designs. The Public Health model creates the expert agencies needed to assess risk and inform both regulators and the public. Finally, the Principle-Based Regulation approach provides the overarching values that guide the system. It is a system of checks and balances for the algorithmic age, one that can simultaneously protect expression and hold powerful actors accountable for the harms their systems directly cause.

Ultimately, while the catalyst for this analysis has been the rise of AI, the principles of accountability, proportionality, and durability outlined are not unique to AI. They are the essential components of wise governance. The next transformative force may emerge from biotechnology, quantum computing, or a field yet to be imagined. If we learn the lessons of the AI era, we can build a resilient democratic framework ready for that future: one that governs based on evidence and shared values, not on myth and fear.

Table 2—Flawed Mythologies vs. the Mature Governance Frameworks



	MAGIC

(Mystification)

	
	MADNESS

(Hype/Panic)




	RESULTING POLICY FAILURE

Policy Distraction & Techno-Solutionism

	
	RESULTING POLICY FAILURE

Emergency Governance & Policy Whiplash




	MATURE GOVERNANCE PRINCIPLE

Accountability

	
	MATURE GOVERNANCE PRINCIPLE

Proportionality




	CORRESPONDING FRAMEWORK

AI as a Product: Demystifies AI by applying product liability law, focusing on concrete harms and manufacturer responsibility.

	
	CORRESPONDING FRAMEWORK

AI Governance as Public Health: Replaces emotional extremes with evidence-based risk assessment and targeted interventions.




	
	
	



	Heaven

(Salvation)

	
	SIN

(Scapegoating)




	RESULTING POLICY FAILURE

Prophetic Deference & Democratic Abdication

	
	RESULTING POLICY FAILURE

Blame Deflection & Flawed Regulation




	MATURE GOVERNANCE PRINCIPLE

Durability

	
	MATURE GOVERNANCE PRINCIPLE

Shared Responsibility




	CORRESPONDING FRAMEWORK

AI Regulation as PBR: Establishes stable, high-level principles to prevent capture by utopian promises.

	
	CORRESPONDING FRAMEWORK

Integrated System: Holds human actors accountable (via liability) instead of blaming bots, while protecting platforms as forums.
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EPILOGUE

A CALL TO ACTION FOR THE AGE OF UNENCHANTMENT

The show is over. The spell is broken. We have seen how the myths of Magic, Madness, Heaven, and Sin create “policy hallucinations” that cost us billions, distract us from real problems, and lead to an abdication of our democratic responsibilities.

The central illusion uniting all four myths is technological determinism: the fatalistic belief that technology is an autonomous force and that we are powerless to do anything but react to its inevitable trajectory.

This premise is a lie.

Technology is not destiny; it is a mirror. It reflects our choices, our values, and our structures of power. The future of AI will not be discovered in the code; it will be built by our laws, our institutions, and our collective will.

Rejecting the myths means accepting a profound responsibility. This book is not just an analysis; it is a call to action. The principles of Accountability, Proportionality, and Durability are not abstract theories; they are a blueprint for the patient, necessary, and essential work of democratic governance.

This work belongs to all of us.

To the Policymaker

Your desk is littered with proposals that either ban AI in a panic or deregulate it in a fever. You are being pushed and pulled by the myths of Madness and Sin.

Resist them. Your task is not to regulate “AI” as a magical, monolithic entity. Your task is to govern specific, high-risk activities enabled by these tools. Embrace technology-neutrality. Instead of writing a law for “ChatGPT,” strengthen the laws against fraud, discrimination, and non-consensual image abuse, no matter what tool is used.

Stop legislating for Merlin. Adopt the “AI as Product” framework. Hold companies liable for their defective designs, just as you would an automaker. Adopt the “Public Health” model. Focus regulatory energy proportionally on high-risk applications, such as algorithms used in medicine and law, rather than on low-risk tools, like spam detection.

Do not abdicate your duty to the prophets. The future is not their vision to bestow; it is your responsibility to build.

To the Journalist

You are the first line of defense against the myths. Yet, the “Policy Machine” depends on media to amplify hype and panic.

Reject the script. When a tech CEO makes a grand promise (the Heaven myth) or a dire warning (the Sin myth), do not report it as a weather forecast. Treat it as what it is: a sophisticated press release.

Ask the hard questions. Move past the “magic” of the demo and ask about the mechanics. Ask about the training data, the labor conditions of the annotators, and the documented error rates. Ask for evidence, not just evangelism. When you hear the words “inevitable,” “sentient,” or “superintelligence,” your skepticism should be at its peak.

Your job is not to transcribe the prophecies; it is to investigate the prophets.

To the Citizen, the Educator, and the Leader

You are told that this technology is too complex, too fast, and too powerful for you to understand. This is the Magic myth at its most disempowering.

Reclaim your agency. You do not need to be a data scientist to have a legitimate voice in this debate. You are an expert in what it means to be human, and that is the only expertise that matters in a democracy.

Demand a seat at the table. Organize. Join citizens’ assemblies. Ask your local school board, your city council, and your employer how they are using automated systems. Demand transparency, not in code, but in plain language. Ask: “What is this tool for?” “How does it make decisions?” “Who is responsible when it is wrong?”

The challenge of AI is not a technical problem for engineers to solve. It is a political and social challenge that calls for the best of our democratic traditions. This epilogue is a call to end the age of enchantment and embrace the necessary work of building the future we want, not the one we’ve been sold.

The burden is heavy, but the promise is a future that serves human flourishing, not the other way around. That is the burden. That is the promise. Now, let’s get to work.
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